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INTRODUCTION

Original scientific paper

This paper proposes a novel hybrid control of induction motor, based on the combination of the direct torque
control DTC and the backstepping one, optimized by Genetic Algorithm (GA). First the basic evolution of DTC
is explained, where the torque and stator flux are controlled by non linear hysteresis controllers which cause large
ripple in motor torque at steady state operation. A Backstepping control is applied to overcome these problems,
however the used parameters are often chosen arbitrarily, which may affect the controller quality. To find the
best parameters, an optimization technique based on genetic algorithm is used. Also, in order to obtain accurate
information about stator flux, torque and load torque, open loops estimators are used for this Backstepping control.
At last, experimental results are presented in order to prove the efficiency of the above mentioned control technique.

Key words: induction motor, backstepping control, DTC, genetic algorithms

Optimizirano povratnokoracno upravljanje momentom indukcijskog motora KoriStenjem genetickog al-
goritma. U ovom radu predstavljena je nova metoda hibridnog upravljanja indukcijskim motorom, bazirana na
kombinaciji direktnog upravljanja momentom (DCT) i povratnokora¢nog upravljanja, te optimizirana koriStenjem
genetickog algoritma (GA). Prvo je objasnjena osnova razvoja DCT-a, gdje se momentom i tokom statora upravlja
nelinearnim histereznim regulatorima $to uzrokuje velike propade u momentu motora tijekom ravnoteznog rada.
Povratnokoracno upravljanje se primjenjuje kako bi se uklonio ovaj problem, medutim koriSteni parametri su na-
j¢esce proizvoljno odabrani §to moZe utjecati na kvalitetu upravljanja. Kako bi se nasli najbolji parametri koristi
se tehnika optimizacije zasnovana na genetickom algoritmu. Takoder kako bi se dobili to¢ni podaci o toku statora,
momentu i momentu opterecenja potrebni za povratnokora¢no upravljanje koriste se estimatori u otvorenoj petlji.
Na kraju su prikazani eksperimentalni rezultati kako bi se dokazala efikasnost navedene metode upravljanja.

Kljucne rijeci: indukcijski motor, povratnokoracno upravljanje, DTC, geneticki algoritmi

The torque control of induction motors was developed
and presented by Takahashi as direct torque control (DTC)
[1]. As demonstrated, both torque and flux of direct torque
control based drive, are controlled in the manner of closed-
loop system. More recently, several variations and im-
provements have been made for this control [2-6], which
is based on non-linear hysteresis controller used in both
torque and flux control loops. Since the beginning, this
technique was characterized by simplicity, good perfor-
mance and robustness. Also, it is possible to obtain a
good dynamic control of the torque without any mechan-
ical transducers on the machine shaft. On the other hand,
it is well known that DTC presents some disadvantages;
including difficulty to control torque and flux at very low
speed, high current and torque ripple and high noise level
at low speed. To overcome this problem, we propose a
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backstepping approach instead of the non-linear hystere-
sis controller. This technique presents very good position
tracking response as well as rejection to load disturbance
and is capable of keeping almost all the robustness proper-
ties [7-10]. It is important in such controller design, to have
a good valuation of the used parameters that have to be op-
timized through an efficient method. In this case, genetic
algorithms seem to be suitable as optimizing technique in
order to generate the appropriate parameters. Fogel in [11]
proposed an introduction to simulated evolutionary opti-
mization. He stated that simulating the process of natu-
ral evolution on a computer results in stochastic optimiza-
tion techniques that can often outperform classical meth-
ods of optimization when applied to difficult real-world
problems. Some works have already showed the efficiency
of such techniques to give best results for the optimum pa-
rameters [12-18].
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This paper presents a design of a novel approach that
combines direct torque control principle and backstepping
design, as a contribution for induction motor control. So,
this work will be divided into four parts. After given the
principle of direct torque control in the first part, we will
present in the second one the induction machine model and
the Backstepping control. The optimization of the back-
stepping control parameters by GA is presented in the third
part. The next part deals with the derivation of the stator
flux, the torque and the load torque estimators. Finally, ex-
perimental tests are given to show the effectiveness of the
proposed method.

2 DIRECT TORQUE CONTROL

Figure 1. shows the block diagram of the classical DTC
of the induction motor drives. The control system consists
of two parallel loops for direct torque and stator flux con-
trol and an outer loop for the linear control of the rotor an-
gular velocity. Both torque and stator flux, are controlled
by hysteresis controllers, which have the function to com-
pare the torque reference with actual torque and the flux
reference with actual one.

Qg Switching
—
Q- table & | ] PWM
Voltage Inverter
Calculating [
Flux and é :‘___:* ___:
Torque Y B
Estimation b y |
[ SR
Figure 1. Direct torque control of induction motor.

Fig. 1. Direct torque control of induction motor.

It is well known that the three phase inverter can pro-
duce eight output states, which represent eight space vec-
tors. Six are of equal magnitude and arranged 60° apart in
space diagram, and two vectors are null as shown in Figure
2.

The selection of the appropriate voltage vector is based
on a functional block labelled switching table given by ta-
ble 1, that generates binary signals applied to the inverter
branches. The input quantities are the stator flux sector
and the outputs of the two hysteresis comparators, when
the outputs are the voltage vectors.

In the direct torque control, the motor torque has large
ripple due to the existing torque and stator flux hysteresis
[4]. To reduce the effect of hysteresis, we have omitted the
comparator from the DTC, and then we have replaced it by
using the Backstepping approach.

AUTOMATIKA 57(2016) 2, 379-386

V3(010) ------------- /> (110)

V4(011)f ;
TV, (000), V,(111)

e W, (101)

Fig. 2. Voltage vectors used in DTC.

Table 1. Control strategy with hysteresis comparators

Sector N=1 | N=2 | N=3 | N=4 | N=5 | N=6

Cr=1 Vs [V | Vs | V6 | VI | Vo
Co,=0|Cr=0 Va |l Vs | Vs | Vi | Vo | V3
Cr=—1|Vs | Vs | Vi | Vo | Va3 |V
Cr=1 Vo | Va |V | Vs | Vs | V1
Co=1[Cr=0 |V, [ Vo [Vs |[Va Vs | Ve
Cr=—1|Vs | Vi | Vo [ V5 | V4 | Vs

3 BACKSTEPPING CONTROL DESIGN
3.1 Induction Motor Model

The induction motor model expressed in o~ stationary
reference frame is given by:

Q = %(@saisﬁ - (psﬁisa) - Lf
ﬁza = _Rsisa + V:ga
_dizﬁ = 7Rsisﬁ + ‘/sﬁ
Ziljfa = Apsa + pQ’YSOsB + 0ige — ins[ﬁ +YVia
letﬂ = )\@sﬁ — Py Psa + 6i55 + pQige + 'YV;B
(1)
Where
1 1.1 1 1 M2
A= b=——(+7=)7=5—,0=1-
TiLso’ ST T T L T LL

Vs = (Vsa, Vsg) and i5 = (isq, isp) indicate the stator
voltage and stator current, expressed respectively by their
(o, B) orthogonal components. p is the pole pair num-
ber, o is the total leakage factor; Rsand R, are the stator
and rotor resistances, Ls, L, and M denote respectively
stator, rotor and mutual inductances. T and 7T are stator
and rotor time constants. Whereas, ) is the mechanical
frequency of the electrical rotor speed and T, is the load
torque.

To have a control similar to the DTC, the novel ap-
proach of Backstepping design is presented to control the
rotor speed €2, the torque T and the stator flux ¢,. We con-
sider the proposed new state variables as follows:
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T, = Q)
T2 = p(‘ﬂsaisﬁ - @sﬂisa) 2
x3 =2 =2, + ‘:OEB
Their derivatives are:

3 1 Ty
Xr1 = 52 — —F

J J
L disg | ; dpsa dis . dpsp
Ty = p(Psa di T lsBTgr — Pspgr — lsa—g; )

. dosa des
T3 = 2(@3&% + @sﬂ%)

(3)
From (1), the derivative of the model (3) is obtained as
following.

i‘l = %1’2 — Lf
To = pUr + Q1 4

i3 = 2U, — 2R, Qo

Where Q1 and @) are non linear functions given by:
{ Q1 = 0z — pPyr1a3 + pr1Q2 )
QQ = Sosozisa + @sﬁisﬁ

The torque variable x5 is controlled by the torque control
Ur and the square of the flux x3 is controlled by the flux
control Uy, given by:

{ Ur ] _ { (isp = 1psp)

Ugo Psa PspB

_(isu - ’YSOSQ) :| |: ‘{sa :|
VG,B
(6)
Our object is to find the expression of the control
[Ur U¢]t that stabilizes the state variables of the motor ac-
cording to the desired references.

3.2 Backstepping Control

The Backstepping design procedure consists of two
steps. The first one is to identify the error e; which repre-
sents the difference between the actual speed (z1) and its
reference (1,.s) in order to generate the reference torque,
while changing the PI speed controller in a conventional
DTC by a reference calculator, based on the Lyapunov the-
ory.

€1 = Tiref — T1 @)

From (4), the error dynamic is given by

) . 1 T
é1 = direy — 2+ 7L (8)

The first Lyapunov function V; is introduced by:

1
V1= 56? )
Differentiating (9), we obtain:
. . . 1 T
Vi =eié1 = e1(&1ref — 12 + 7L) (10)
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To have a convergence of the error e; towards zero, it
is necessary that the Lyapunov function derivative V; is
negative, which will allow the following choice.

. . 1 T
e1 = —kqer = Tipep — 772 + 7L (11

Where kg, is positive constant that determine the closed
loop dynamic. Therefore, taking the derivative of V; we

obtain: .
Vi = —kqe} < 0 (12)

Thus, the tracking objectives will be satisfied if we
choose the torque x5 as a virtual control noted by xa,. .

Toref = Jk961+TL+Ji71Tef (13)

The second step is done to generate control torque and
control flux (Ur, U,) by using Lyapunov function to re-
place the hysteresis controllers. It is to identify the errors
e, and e3 which represent respectively the errors between
the torque and his virtual control (za;. f) and the stator flux
and his reference (3¢ is constant).

€2 = T2oref — T2 (14)
€3 = T3ref — I3

Whereas in the first equation of (14), (11) can be ex-
pressed as:

1
é1 = —kqey + j€2 (15)

From equations (4) and (14), the errors dynamics are
given by:

e | Tores — Q1 4| P 0 Ur
és | = | dares + 2R Qo 0 -2 U,
(16)

In the errors dynamics expressions (16), the actual con-
trol inputs (Ur, U,,) have appeared and will be calculated.
Stability analysis is done by the following Lyapunov func-
tion candidate:

1 1 1
Vy = 56% + 563 + 56% (17)

By using (15), the derivative of the Lyapunov function
is given by:

. 1
Vo = —kqe? + 62(761 + é2) + ezés (18)

To have a negative derivative of the Lyapunov function,
we choose:

19)
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With k7 > O and k, > 0

To ensure that Vg < 0y, we must choose Ur and U,

as follows:
[ UT :| _ |: %(S&Qref + 671 + kT62 — Ql) (20)
Up 3(kpes + d3rep) + RsQa)

This reflects the overall stability of the system and a
good convergence of the speed, torque and stator flux to-
wards their desired values. From the control torque Ur
and control stator flux U, which are expressed by (20), and
according to (6), we can have the stator voltages V. and
Vi as following:

l: V:ea :| — 1 l: QOS[S (Z"soz - 799504) :| |: UT
Vss Q2 =792 | —¥sa (isp = 1%sp) U,
(21)

Then, the derivative of the second Lyapunov function will
be negative.

Vo = —(kqe? + kred + kyel) < —(kqe?) (22)

This equation guarantees the asymptotically convergence
of speed, torque and flux errors, given by:

lim e; =0, lim es =0and lim e3=0
t—o0 t—o00 t—o00

4 OPTIMIZED BACKSTEPPING CONTROL BY
GENETIC ALGORITHMS

The major problem of the Backstepping control is the
choice of the gains [ ko kr k, |. To resolve this
problem, it seems necessary to appeal to stochastic tech-
niques of optimization. So, we proposed here a genetic
algorithm applied to the discrete model of the dynamical
errors equations of the system. To show eigenvalues of all
states, we can rearrange the dynamical equations from (15)
and (19) as:

. 1

€1 e1 —ka 5 0 e1
é2 =A €9 = — % 7]43’1" 0 X €9
é3 €3 0 0 —kw €3

Where A can be shown to be Hurwitz and which proves
the eigenvalues of all the states.

The discrete model of the dynamical errors is given by:
e(k+1)=(14+T. A+ %TfAQ) e(k)

AQ BQT 0 61(](1)
24
= 7BQT AT 0 62(]{1) ( )

0 0 Ay es(k)

with T, is the sampling time.
Ai=1-Th+%H2—-L), i=QorT
2

Ay =1—Toky + k2 (25)

T. _ T2 ko+k
Bor =% — G ()
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A Genetic algorithm (GA) was proposed at first by Hol-
land [12], in which he described it as a control structure
with which representations, and operations on these repre-
sentations could be managed in order to evolve represen-
tations that were well adapted to the concerned problem.
Given certain conditions, the mentioned method would
tend to converge on solutions that were globally optimal
or nearly so, even applied to difficult problems optimized
in large and complicated search spaces. The GA starts with
an initial population of individuals, which is a set of ran-
domly generated solutions also called chromosomes. Ge-
netic operators (crossover and mutation) are then applied
to this population in an attempt to improve the quality
of the solutions by the evaluation of the search progress
based on the fitness function alone. After the reproduction
operations, the new generation is constituted through the
replacement procedure. The usual replacement methods
consist in maintaining a given percentage of the best indi-
viduals, of the current population in the following one. Al-
though genetic algorithms were primarily used for adaptive
search and adaptive system design, they became in recent
years an important tool to resolve optimization problems.

However, due to the computational cost of the standard
GAs based on binary representation, the real representation
approach has taken a significant place in the real optimiza-
tion problems. In this kind of representation the genotype
space is identified to the phenotype space, and so the oper-
ators applied to such problems are all continuous. So the
real-coded GAs were suggested and have proved that the
algorithm gains better performance with such representa-
tion [12].

The crossover is the key of the GA’s power by exchang-
ing genetic material from two parent chromosomes allow-
ing beneficial genes on different parents to be combined in
their offspring [15]. The discrete crossover was used for
the parameters [ ko kr k, ] and is given by:

Vie{l,...,n}, x; = :L',ES) or x,ET)

(26)

Where 7 is the size of the real vector and S and T are
two individuals selected from the parent population.

In order to ensure that every part of the search space
may be reached, the mutation acts as a weak perturbation
in the chromosomes which should make small changes to
our design and not leaping to a radically difference [16].
The most important kind of mutation proposed for the GA
is the Gaussian mutation, performed by adding a normally
distributed random value with zero mean and standard de-
viation o as:

Vie{l,...,n}, x, =+ N(0,0) 27)

The parameters | ko kr k, | are generated by a
GA that uses a tournament, which is based on the choice by
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chance of a group of (g) individuals in the population and
to select the best one in this group as a parent to be crossed
selection. Here a Gaussian mutation is used according to a
fitness function defined by:

500
1
. B 28
1tnesse ;; el(k)2 + 262(k)2 + 363(k’)2 (28)

Where: e; (k), es (k) and es (k) are respectively the
discrete errors corresponding to speed, torque and stator
flux on a period of 0.1s, which represents 500 samples. The
initial population is composed by 100 random chromo-
somes, each expressed as| ko kr Kk, |. To constitute
the first generation, we take a random selection of the three
parameters k by applying linear discrete crossover, where
two parents produce two children using discrete crossover
and a deterministic elitist replacement. The obtained gains
are [ 1000 980 89 ]

5 STATOR FLUX, TORQUE AND LOAD TORQUE
ESTIMATIONS

By using only current and voltage measurements, it
is possible to estimate the instantaneous stator flux and
torque. The stator flux vector ¢, can be estimated as fol-

lows: f( )
@sa - ‘/soz - Rsisa dt
{ ¢sp = [ (Vo — Ryisp)dt 29)

The electromagnetic torque estimation is calculated by
the following equation:

T = p ((ﬁsa isﬁ - @56 isa) (30)

The Backstepping control depends on load torque,
whose variation may degrade the performance of the con-
trol. A simple approach based on a mechanical model,
combined with the use of a proportional-Integrator con-
troller is used to estimate the load torque.

Fig. 3. Load torque estimation.
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The load torque is calculated from the observed output
of the integrator of this model, the input is the error be-
tween the measured speed and the estimated one (Fig.4).
This method requires the use of a speed sensor [19]. The
regulator’s role is to cancel the speed error, which results in
the convergence of the estimated load torque to the applied
one.

The dynamic model of this structural method is given
by:

€29

R Where: [TL,Q] are the estimated states variables and
[T,£2*] are the control inputs. The estimated load torque is

given by:
) o

(32)

The controller is determined by the pole placement

technique imposing the desired dynamics. Identifying (30)
to a second order system (¢, w,), we obtain:

ki = w%J
{ ]fp = 2§w0J — f (33)

— (kps + k;) (s +

SQ_A'_S(kp;Ff) +

Sl

1
52+5( 7 )+7’

<=

After chosen wy = 0.1 rd/s and £ = 0.7, the coefficients
gains become k; = 4.9 1075 and k, = —0.0023.

—e— Estimated Load Torque
| Reference Load Torque

)

IS
~

N

o

0

Reference and Estimated
Load Torque (NM)

A

0 0.5 1 1.5 3.5 4

2
Time(s)
Fig. 4. Reference and Load torque estimation

Figure 4 presents the evolution of the estimated load
torque and the signal delivered by the output of the load
torque sensor. The error between them is quite zero.

6 EXPERIMENTAL RESULTS

To display the effectiveness of the direct torque and sta-
tor flux Backstepping control of induction motor, the con-
trol scheme, was implemented on a DSPACE card 1104

AUTOMATIKA 57(2016) 2, 379-386
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with Matlab and Real Time Workshop Software. The ex-
perimental setup, shown in Figure 5, was based on a 1.5
kW induction motor, whose parameters are given in Table
2. Furthermore, we used a voltage-source inverter with a
switching frequency equal to 10 kHz.

Fig. 5. Experimental System in the L.T.I laboratory, con-
sisting of a 1.5 Kw induction motor, a voltage-source in-
verter, and a digital signal processor (DSP)

Table 2. 1.5 kW, 4 poles, 220 'V, 50 Hz Motor Parameters

R, | 420 [ L, 0.362H
R.| 290 | L, 0.288H
M | 0.288H | J | 0.0108K¢gm?

The obtained experimental results are represented by
figures 6. 7. and 8.

Figure 6., show the rotor speed evolution of the sys-
tem. The induction motor is accelerated from standstill to
(+100rd/s), afterwards it is decelerated to zero speed (0d/s)
and decelerated again to the inverse rated speed (-100rd/s)
and finally, accelerate to low speed (Ord/s). Additionally,
the rotor speed is compared with the reference one. The
results show a good pursuit of rotor speed to its reference.

Figures 7 and 8 present the Stator flux trajectory that
steadily runs at a variable speed and given flux linkage of
0.8 wb. This latter, can improve obviously the accuracy of
the stator flux well and make wave like a circle.

For the same test, figure 9 and figure 10 show the o-
axis stator voltage and «-axis stator current. Similar results
were found for -axis components.

From these experimental results, it is obvious that the
proposed Backstepping controller is quite successful and
presents an excellent performance.

7 CONCLUSION

In this paper, a new approach for the design of the
torque and stator control of induction motor has been pro-
posed. The structure of the proposed controller is based on
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Fig. 6. Rotor speed Evolution
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Fig. 7. Stator flux response
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Fig. 8. Stator flux Linkage

the backstepping principle, which is able to yield a good
dynamic response of the system. Two new controls of
torque and flux are used to calculate the stator voltages
required to cause the torque and flux to be equal to their
respective references values. So, the Genetic Algorithm
is used to optimize the set of unknown controller parame-
ters. The obtained experimental results verifed very well
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Fig. 9. Stator Voltage response

Fig. 10. Stator Current response

the capability of the proposed control approach. Then, in
comparison with the results in the literature, the use of the
optimized backstepping controller is better than the tradi-
tional DTC control from the standpoint of simplicity and
efficiency. Indeed, the Lyapunov stability conditions has
allows us to avoid the use of the hysteresis controllers and
the switching table.

REFERENCES

(1]

(2]

(3]

(4]

(5]

(6]

385

I. Takahashi and Youichi Ohmori, “High Performance Di-
rect Torque Control of an Induction Motor,” IEEE Trans.
Ind. Applicat, vol. 25, no.2, pp.257-264, Mar/Apr. 1989.

Y.S. Lai and J.C. Lin, “New Hybrid Fuzzy Controller
for Direct Torque Control Induction Motor Drives,” IEEE
Trans. Power. Electronics, vol. 18, no.5, pp.1211-1219, Sep.
2003.

Q. Wu and C. Shao, “Novel Hybrid Sliding-mode Con-
troller for Direct Torque Control Induction Motor Drives,”
in Proceedings of American Control Conference, Min-
neapolis, Minnesota, USA, June 2006.

V. Naik and S.P. Singh, “Improved dynamic performance of
Direct Torque Control at low speed over a scalar control,” in
Proceedings of Annual IEEE India Conference (INDICON),
INDIA, August 2013.

S.-Y. Wang, C.-L. Tseng and C.-C. Yeh, “Adaptive Supervi-
sory Gaussian-Cerebellar Model Articulation Controller for
Direct Torque Control Induction Motor Drive,” IET Electr.
Power Appl., vol. 5, no.5, pp.295-306, March 2011.

S.A. Zaid, O.A. Mahgoub, and K.A. El-Metwally, “Imple-
mentation of a New Fast Direct Torque Control Algorithm
for Induction Motor Drives,” IET Electr. Power Appl., vol.
4, no.5, pp.305-313, 2010.

(7]

(8]

(9]

(10]

(11]

[12]

[13]

[14]

[15]

[16]

(7]

(18]

[19]

S.K. Cheng, and J.S. Lin, “Sensorless Speed Tracking Con-
trol with Backstepping Design Scheme for Permanent Mag-
net Synchronous Motors,” in Proceedings of IEEE Control
Applications Conference, Toronto, CANADA, 2005.

H. Han and H. Lee, “Radar Backstepping of Lake Ice Dur-
ing Freezing and Thawing Stages Estimated by Ground
Based Scatterometer Experiment and Inversion from Ge-
netic Algorithm,” IEEE Transactions on Geosciences and
remote Sensing., vol. 51, pp.308-3096, 2013.

L. Chih-Min and H. Chun-Frei, “Recurrent-Network Based
Adaptive Backstepping Control for Induction Servomo-
tors,” IEEE Transactions on On industrial electronic , vol.
52, pp-1677-1684, 2005.

K.V. Prashanth and H.G. Navada, “Position Control of Inte-
rior Permanent Magnet Synchrounous Motor Using Adap-
tive Backstepping Technique,” in Proceedings of Comput-
ing, Communications and Informatics (ICACCI), 2013.

D.B. Fogel, “An Introduction to Simulated Evolutionary
Optimization,” IEEE Trans. Neural Network, vol. 5, pp.3-
13, 1994.

J.H. Holland, “Adaptation in Natural and Artificial Sys-
tems,” Ann Arbor, The university of Michigan Press. 1975.

W.S. Oh, K.M. Cho, S. Kim and H.J. Kim, , “Optimized
Neural Network Speed Control of Induction Motor using
Genetic Algorithm,” in Proceedings of International Sym-
posium on Power Electronics, Electrical drives, Automation
and Motion (SPEEDAM), 2006.

K.H. Su, and C.C, Kung, “Supervisory Enhanced Genetic
Algorithm Controller Design and its Application to Decou-
pling Induction Motor Drive,” IET Electr. Power Appl., vol.
152, no.4, pp.1012-1026, July 2005.

A. H. Wright, “Genetic Algorithm for Real Parameter Opti-
mization,” in Proceedings of FOGA’91, pp. 205-218. 1991

Y. Oi and L. Shan, “Research on the Application of Genetic
Algorithm for the Panel Cutting Stock,” International Con-
ference of System Science, Engineering Design and Man-
ufacturing informaization (ICSEM). vol. 2, pp. 214-217.
2011.

G. Pengfei, W. Xuezhi and H. Yingshi, “A hybrid Genetic
Algorithm for Structural Optimisation with Discrete Vari-
ables,” International Conference of internet Computing &
Information Services (ICICIS), 2011.

R. Valarmathi, P.R. Theerthagiri and S. Rakeshkumar, “De-
sign and Analysis of Genetic Algorithm Based Controllers
for Non Linear Liquid Tank System,” International Confer-
ence on advances in Engineering, Science and Management

(ICAESM), 2012.

L. Gasc, “Conception d’un actionneur a aimants perma-
nents a faibles ondulations de couple pour assistance de di-
rection automobile,” Doctoral thesis in France, 2004.

AUTOMATIKA 57(2016) 2, 379-386



Optimized Torque Control via Backstepping Using Genetic Algorithm of Induction Motor

S. Chaouch, L. Abdou, L. Chrifi Alaoui, S. Drid

S. Chaouch was born in Batna, Algeria, in 1969.
She received the B.Sc. degree in Electrical En-
gineering, from the University of Batna, Algeria,
in 1993, and the M.Sc . degree in Electrical and
automatic Engineering from the same university
in 1998, She received her Ph.D. degree in 2005.
She has been with the University of Msila, Al-
geria between 2000 and 2011. Now, she is an
Associate Professor in the Electrical Engineering
Department at the University of Batna. She is a
member in the Research Laboratory of Electro-
magnetic Induction and Propulsion Systems of Batna University. Her sci-
entific research include electric machines and drives, automatic controls,
Sensorless Controls and Non linear controls.

L. Abdou was born in Batna, Algeria, in 1972. In
1994 she received the Engineering degree from
the institute of electronic in the University of
Batna, Algeria, and the magister degree at the
same institute in 1999. She received her Ph.D.
degree in 2009. After graduation, she joined the
Electrical Engineering Department at the Univer-

: . sity of Biskra, where she is an Associate Profes-
sor. She is the head of a research team in the Identification, Control, Com-
mand and communication Laboratory LI3cub. Her scientific research is
focusing on distributed detection in CFAR systems and the application of
heuristic methods in optimisation problems. In addition, she also investi-
gates questions related with automatic systems.

S. Drid was born in Batna, Algeria, in 1969. He
4 received B.Sc., M.Sc. and PhD degrees in Elec-
| trical Engineering, from the University of Batna,
Algeria, respectively in 1994, 2000 and 2005.
Currently, he is full Professor at the Electrical
Engineering Institute at University of Batna, Al-
geria. He is the head of the Energy Saving and
Renewable Energy team in the Research Labo-
ratory of Electromagnetic Induction and Propul-
sion Systems of Batna University. He is IEEE senior member of IEEE
Power & Energy Society, IEEE Industry Applications Society, IEEE In-
dustry Electronics Society, IEEE Vehicular Technology Society and IEEE
Power Electronics Society. Currently, he is the vice chair of the PES chap-
ter, IEEE Algeria section. His research interests include electric machines
and drives, renewable energy. He is also a reviewer of some international
journals.

AUTOMATIKA 57(2016) 2, 379-386

L. Chrifi-Alaoui received the Ph.D. in Auto-
matic Control from the Ecole Centrale de Lyon.
Since 1999 he has a teaching position in au-
tomatic control in Aisne University Institute of
Technology, UPJV, Cuffies-Soissons, he is the
Head of the Electrical Engineering and industrial
informatics Department. His research interests
are mainly related to linear and non-linear con-
trol theory including sliding mode control, adap-
tive control and robust control, with applications
to electric drive and mechatronics systems.

AUTHORS’ ADDRESSES

Asso. Prof. Souad Chaouch, Ph.D.

Prof. Said Drid, Ph.D.

Laboratory of Electromagnetic Induction and Propulsion
Systems

University of Batna,

Route de Biskra, Batna, 05000, Algeria.

email: chaouchsouad @yahoo.fr, saiddrid @ieee.org

Asso. Prof. Latifa Abdou, Ph.D.

Laboratory of Identification, Control, Command and
communication LI3cub.

University of Biskra

email: abdou_latifa@yahoo.fr

Asso. Prof. Larbi Chrifi-Alaoui, Ph.D.

GEII Department,

University of Picardie Jules Verne,

13 Francois Mitterand avenue, Cuffies, 02280 France.
email: larbi.alaoui @u-picardie.fr

Received: 2015-05-21
Accepted: 2016-02-27

386



