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AN ADAPTIVE METHOD FOR VIDEO DENOISING
BASED ON THE ICI RULE
Jonatan LERGA – Viktor SUČIĆ – Edi GRBAC
Abstract: This paper presents an adaptive video denoising technique based on the intersection of confidence
intervals (ICI) rule used for adaptive filter support size calculation. The method is applied to three real-life
video signals and its denoising performance is compared to a fixed size filter support based method resulting
in a significant estimation error reduction in terms of the average frame peak signal-to-noise ratio (PSNR)
improvement. The average frame PSNR obtained by using the here presented ICI based video denoising
method is increased by up to 14.64 dB and by up to 23.74 dB when compared to the fixed size filter support
based method. Furthermore, unlike the fixed size filter support based method, the adaptive ICI based method
is shown to be efficient in a moving object edge preserving, while avoiding its blurring. The method performs
well for both video signals obtained by recording stationary scenes, and video signals of moving objects,
which are far more often encountered in practical applications, whereas the fixed size filter support based
method is limited only to video signals of stationary scenes.
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1. INTRODUCTION
Image and video denoising, although one of the
oldest fields of interest in image (video) processing,
still remains a key challenge in spite of numerous
recently proposed methods (a review of which can
be found in [1]). Images taken in poor conditions
often get corrupted by noise. Image noise can also
be caused by electronic hardware (shot noise) and
the channels during the transmission (thermal noise)
[2]. The goal of any denoising technique is to
provide a noise-free image or its best possible
estimate.
The here presented video denoising approach is
based on the intersection of confidence intervals
(ICI) rule used for adaptive filter support size
calculation [3, 4, 5]. It considers a video frame pixel
over time and calculates the filter support size using
the ICI rule for each pixel in each frame
independently, followed by 1D filtering.
According to the ICI rule, average change in the
considered pixel value over time is considered to be

caused by the change in the recorded scene
containing important video information. On the
other hand, a small change in the considered pixel
value is considered to be caused by noise. The ICI
based method is an automatic adaptive tool for
selecting appropriate adaptive filter support size for
each pixel in each frame in order to reduce video
estimation error.
The paper is organized as follows: Section 2
presents the ICI rule; In Section 3 the proposed
video denoising algorithm is described; Section 4
gives the experimental results for three test videos
and also analyzes the performance of the denoising
method. The conclusion is given in Section 5.

2. THE ICI RULE
Let us consider a video pixel x (i, j , k ) , where i and j
stand for the pixel indices, and k for the video frame
index, respectively. The adaptive filter support size
for each video pixel and each frame is calculated
using the ICI rule which introduces a sequence of
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confidence intervals, independently to its left-hand
and right-hand side for the considered frame pixel.
The confidence intervals limits (lower and upper,
respectively) are calculated as [4]:

Ln i, j , k   X n i, j , k   z c



U n i, j , k   X n i, j , k   zc



n
n

(1)
(2)

The parameter zc defines the confidence interval
length, while the parameter  is the standard
deviation of additive noise. The ICI algorithm tracks
the intersection of consecutive confidence intervals
so that [8, 9]:
U n i, j , k   Ln i, j , k  ,

(3)

where U n i, j , k  and Ln i, j , k  are:
U n(i, j , k )  min m 1,..., n (U m (i, j , k )) ,

(4)

L n(i, j , k )  max m1,...,n ( L m (i, j , k )) .

(5)

The term n in the denominator of Eqs. (1) and (2)
causes each of the following confidence interval to
be narrower than the preceding one. Furthermore,
the confidence interval width is also controlled by
the coefficient of confidence zc [4, 8]. Larger values
of zc give wider confidence intervals, resulting in
oversized filter supports, while smaller zc values
result in narrower confidence intervals and
undersized filter supports [4, 8]. The undersized
filter supports decrease estimation bias and increase
the variance, while the oversized filter supports
result in large estimation bias, reducing the variance,
as shown in [8, 10]. Thus, the estimation
performance is significantly enhanced by the proper
zc value (the proper filter support size selection).
The largest n for which Eq. (3) is satisfied is shown
to define the proper filter support size which
minimizes the estimation error [8, 10].

3. THE ALGORITHM
DENOISING

FOR

VIDEO

The algorithm takes a pixel from the first frame of a
noisy video signal and calculates the corresponding
upper and lower confidence intervals limits
U n i, j ,1 and Ln i, j ,1 , where X 1 i, j ,1 for the first
frame is denoted as xi, j ,1 .
Subsequently, the second confidence interval to the
right is calculated, for which X 2 i, j ,1 is

x(i, j,1)  x(i, j,2)  . If there exists the intersection
2

of the first two confidence intervals, (Eq. (3) is
satisfied), the algorithm moves to the next
confidence interval to the right hand side for which
X 3 i, j ,1 is x(i, j ,1)  x(i, j,2)  x(i, j ,3)  . The
3

algorithm then checks the existence of intersection
of all three confidence intervals. If this intersection
is a non-empty set, it continues on to the next
confidence interval calculation. However, if Eq. (3)
is not satisfied for those three confidence intervals,
the algorithm sets nr* i, j ,1 to 2 ( nr* i, j ,1 is defined
as the largest nr i, j,1 for which Eq. (3) is
satisfied).
The same procedure is performed for the left hand
side, resulting in nl* i, j ,1 as the largest nl i, j ,1
for which Eq. (3) is satisfied. The estimated pixel
value xˆ i, j ,1 is calculated as the mean value of all
xi, j ,1 for which its accompanying confidence
intervals intersect:
xˆ i, j ,1 

x (i , j ,1 nl* (i , j ,1))  x (i , j ,1 n r* (i , j ,1))
nl* (i , j ,1)  n r* (i , j ,1) 1

.

(6)

The above procedure is repeated for each frame
pixel and each video frame independently, resulting
in a noise-free video signal estimate xˆ i, j , n  .

4. THE EXPERIMENTAL RESULTS
The
proposed
video
denoising
method's
performance, measured as the average frame peak
signal-to-noise ratio (PSNR), is analyzed on three
test videos signals obtained by recording moving
objects.
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(a)

(b)

Figure 1 Video pixel value over time. (a). Stationary video segment. (b) Video segment showing a moving
object.

(a)

(b)

(c)

(d)

Figure 2 Video pixel value over time from a video segment showing a moving object. (a) Noise-free video.
(b) Noisy video (additive white Gaussian noise with σ  20 ).(c) Denoised video using the fixed size
filter support based method. (d) Denoised video using the ICI rule based method ( z c = 1.7).

(a)

(b)

Figure 3 (a) Average frame PSNR of denoised videos for a range of fixed size filter supports ( σ  20 ). (b)
Average frame PSNR of denoised videos for a range of z c values ( σ  20 ).
Examples of video pixel value over time from both
a stationary video segment and a video segment
showing a moving object are given in Fig. 1. Fig. 2
shows examples of video pixel from a video
segment of a moving object from a noise-free video,
noisy video and a video denoised by using the fixed
size filter support based method and the adaptive
method based on the ICI rule presented in this
paper, respectively.
As in [11], the fixed filter support size was chosen
to be 11 and the ICI based method parameter zc

value was set to z c = 1.7 due to the fact that those
values result in the maximum average frame PSNR
for the considered test videos, as shown in Fig. 3.
The noise-free video frame from the first test video
is given in Fig. 4(a). The noisy video frame shown
in Fig. 4(b) is corrupted by additive white Gaussian
noise of   20 . Figs. 4(c) and 4(d) show the
denoised video frame obtained by using the fixed
size filter support based method and the ICI rule
based method, respectively.
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Fig. 4(d) illustrates the fact that the proposed
method based on the ICI rule has significantly
suppressed the noise present in the video signal,
while the moving object has not been blurred and its

edges have been well preserved. However, that is
not the case for the video signal denoised using the
fixed size filter support based method.

(a)

(b)

(c)

(d)

Figure 4. Video denoising results for the first test video. (a) Noise-free video frame. (b) Noisy video frame
(additive white Gaussian noise with σ  20 ). (c) Frame from video denoised using the method
based on the fixed size filter support. (d) Frame from the video denoised using the ICI based
method ( z c = 1.7).

Table 1. Average frame PSNR for the first test video denoised using the fixed filter support size based method
and the adaptive method based on the ICI rule
Average frame PSNR



Noisy video

Video denoised using
the ICI rule z c = 1.7

Video denoised using the
fixed filter support size
based method

1
2
5
10
15
20
25
30
50
100

48.13
42.08
34.12
28.16
24.60
22.15
20.19
18.57
14.17
8.13

53.95
48.58
41.95
37.35
34.73
32.86
31.38
30.22
26.78
22.56

32.38
32.34
32.14
31.45
30.48
29.45
28.38
27.36
23.89
18.35
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(a)

(b)

(c)

(d)

Figure 5 Video denoising results for the second test video. (a) Noise-free video frame. (b) Noisy video frame
(additive white Gaussian noise with σ  20 ). (c) Frame from video denoised using the method
based on the fixed size filter support. (d) Frame from the video denoised using the ICI based
method ( z c = 1.7).
Table 2 Average frame PSNR for the second test video denoised using the fixed filter support size based
method and the adaptive method based on the ICI rule
Average frame PSNR
Video denoised using the
Video denoised using

fixed filter support size
Noisy video
the ICI rule z c = 1.7
based method
1
2
5
10
15
20
25
30
50
100

48.12
42.13
34.14
28.12
24.59
22.15
20.16
18.57
14.14
8.12

The average frame PSNR for the video denoised
using the ICI method is improved by 10.71 dB (the
noisy video average frame PSNR is 22.15 dB, while
the average frame PSNR of the video denoised
using the ICI rule based method is 32.86 dB). The
obtained improvement in the average frame PSNR

53.53
47.62
41.74
38.13
35.92
34.44
33.12
32.02
27.92
22.76

30.74
30.72
30.58
30.07
29.40
28.55
27.68
26.77
23.63
18.30

using the adaptive ICI based method for the first test
video, when compared to the average frame PSNR
obtained by using the fixed size filter support based
method, is 3.41 dB.
The denoising results for a range of noise levels are
given in Table 1 both for the fixed size filter support
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based method and the adaptive method based on the
ICI rule. The first column of Table 1 gives the

standard deviations of additive white Gaussian
noise.

(a)

(b)

(c)

(d)

Figure 6 Video denoising results for the third test video. (a) Noise-free video frame. (b) Noisy video frame
(additive white Gaussian noise with σ  20 ). (c) Frame from video denoised using the method
based on the fixed size filter support. (d) Frame from the video denoised using the ICI based
method ( z c = 1.7).
Table 3 Average frame PSNR for the third test video denoised using the fixed filter support size based
method and the adaptive method based on the ICI rule
Average frame PSNR



Noisy video

Video denoised using
the ICI rule z c = 1.7

Video denoised using the
fixed filter support size
based method

1
2
5
10
15
20
25
30
50
100

48.13
42.10
34.13
28.14
24.60
22.08
20.19
18.57
14.14
8.19

49.77
45.92
40.62
36.31
33.84
31.51
29.58
27.90
23.48
19.01

26.03
26.02
25.97
25.79
25.53
25.19
24.75
24.26
22.23
17.84
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The second column gives the average frame PSNR
values for the noisy video, while the third and the
fourth column present the average frame PSNRs
obtained for the video denoised by using the ICI
based method with z c  1.7 and the fixed size filter
support based method, respectively.
As it can be seen from Table 1, the adaptive ICI
base method increased the average frame PSNR by
up to 14.64 dB when compared to the noisy video
signal and by up to 22.76 when compared to the
denoised video signal obtained by using the fixed
size filter support based method.
A noise-free video frame from the second test video
is given in Fig. 5(a). The video frame shown in Fig.
5(b) is corrupted by additive white Gaussian noise
with   20 , while Fig. 5(c) and Fig. 5(d) show the
denoised video frame obtained by using the fixed
size filter support based method and the adaptive
method based on the ICI rule ( z c  1.7 ),
respectively.
The adaptive method based on the ICI rule
improved the average frame PSNR value of the
denoised video by 12.29 dB (the noisy video
average frame PSNR is 22.15 dB, while the average
frame PSNR of video denoised using the ICI rule
based method is 34.44 dB). When compared to the
average frame PSNR obtained by using the fixed
size filter support based method, the obtained
improvement for the second test video using the
adaptive ICI based method is 5.89 dB.
In comparison with the first test video, the adaptive
ICI based method has also preserved the moving
object edges without blurring them in the second
test video.
As it can be seen from Table 2, the adaptive ICI
base method increased the average frame PSNR by
up to 22.76 when compared to the denoised video
signal obtained with the fixed size filter support
based method and by up to 14.64 dB when
compared to the noisy video signal.
Fig. 6(a) shows the noise-free video frame from the
third test video signal. Fig. 6(b) shows a frame from
the video signal corrupted by additive white
Gaussian noise. Fig. 6(c) and Fig. 6(d) present the
denoised video frames obtained by using the fixed
filter support size based method and the adaptive
method based on the ICI rule, respectively.
Using the adaptive ICI based method (as it can be
seen in Fig. 6(d)), the video denoising method has
improved the average frame PSNR by 9.43 dB (the
noisy average frame PSNR is 22.08 dB, while the
denoised frame PSNR using the ICI rule based

method is 31.51 dB). The average frame PSNR
obtained by using the fixed size filter support based
method has increased by 6.32 dB in comparison to
the average frame PSNR obtained by the ICI based
method for the third test video.
The adaptive ICI based method has preserved the
moving object edges without blurring them. The
method, as shown in Table 3, has increased the
average frame PSNR by up to 23.74 dB when
compared to video signal denoised using the fixed
size filter support based method and by up to 14.64
dB when compared to the noisy video signal
average frame PSNR.
As it can bee seen from Figs. 4(d), 5(d) and 6(d), the
ICI based method, unlike the fixed size filter
support based method, is suitable for denoising
videos recording both stationary scenes and videos
with changes in the recording scene (recording
moving objects), which are far more often
encountered in practical applications.

5. CONCLUSION
This paper has presented the adaptive video
denoising method based on the ICI rule. The method
has been applied to three real-life video signals and
compared to the fixed size filter support based
method. The method results in the average frame
PSNR improvement of 23.74 dB when compared to
the fixed size filter support based method, and 14.64
dB when compared to the average frame PSNR of
the noisy video signal. Unlike the fixed size filter
support based method, the adaptive method based
on the ICI rule is shown to be efficient in recording
object edge preserving, while at the same time
avoiding its blurring. Thus, the ICI based method,
unlike the fixed size filter support based method, is
not limited only to the video signal obtained by
recording stationary scenes, but it can be also
successfully applied to video signals recording
moving objects, which are to be far more often
encountered in practice.

REFERENCES
[1] A. Buades, B. Coll, J. M. Morel: On Image
Denoising Methods, Technical Report 2004-15,
CMLA, 2004.
[2] H. Rabbani, M. Vafadust: Image/video
denoising based on a mixture of Laplace
distributions with local parameters in
multidimensional complex wavelet domain,

40

J. Lerga, V. Sucic, E. Grbac: An adaptive method for video …

________________________________________________________________________________________________________________________

[3]

[4]

[5]

[6]

Signal Processing, Vol. 88, No. 1, (2008), pp.
413-428.
V. Katkovnik, H. Öktem, K. Egiazarian:
Filtering Heavy Noised Images Using ICI Rule
for Adaptive Varying Bandwidth Selection,
Circuits and Systems (ISCAS '99.), Proc. of the
1999 IEEE International Symposium on,
Orlando, FL, USA, Vol. 4, (1999), pp. 195-198.
K. Egiazarian, V. Katkovnik, J. Astola:
Adaptive window size image denoising based
on ICI rule, Acoustics, Speech, and Signal
Processing (ICASSP '01), Proc. of the 2001
IEEE International Conference on, Salt Lake
City, UT, USA, Vol. 3, (2001), pp. 1869-1872.
H. Oktem, V. Katkovnik, K. Egiazarin, J.
Astola: Local adaptive transform based image
denoising with varying window size, Image
Processing, Proc. of 2001 International
Conference on, Thessaloniki, Greece, Vol. 1,
(2001), pp. 273-276.
M. Tomic, D. Sersic, M. Vrankic: Edgepreserving adaptive wavelet denoising using
ICI rule, Electronics Letters, Vol. 44, No. 11,
(2008), pp. 698-699.

Received: 11. 11. 2011.
Authors’ address
Jonatan Lerga
Viktor Sučić
Edi Grbac
Faculty of Engineering, University of Rijeka
Vukovarska 58, HR-51000 Rijeka, Croatia
jlerga@riteh.hr
vsucic@riteh.hr
egrbac@riteh.hr

[7] V. Katkovnik, A. Foi, K. Egiazarian, J. Astola:
Directional Varying Scale Approximations for
Anisotropic Signal Processing, XII European
Signal Processing Conference (EUSIPCO
2004), Proc. of the Conference on, Vienna,
Austria, Vol. 1, (2004), pp. 101-104.
[8] J. Lerga, M. Vrankić, V. Sučić: A Signal
Denoising Method Based on the Improved ICI
Rule, IEEE Signal Processing Letters, Vol. 15,
(2008), pp. 601-602.
[9] J. Lerga, V. Sučić, M. Vrankić: Separable
Image Denoising Based on the Relative
Intersection of Confidence Intervals Rule,
Informatica, Vol. 22, No. 3, (2010), pp. 383394.
[10] V. Katkovnik: A New Method for Varying
Adaptive
Bandwidth
Selection,
IEEE
Transactions on Signal Processing, Vol. 47,
No. 9, (1999), pp. 2567-2571.
[11] E. Grbac, J. Lerga, V. Sučić: Video Denoising
Using
The
ICI
Method,
Innovative
Technologies (IN-TECH 2011), Proc. of 2011
International Conference on, Bratislava,
Slovakia, (2011), pp. 182-186.
Accepted: 30. 01. 2012.

