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Abstract: There are many non-linear load devices in the micro-grid, resulting in a lot of complex harmonics, which is a key problem that leads to low measurement accuracy 
of electric energy metering devices. The traditional integrated empirical mode decomposition (EEMD) method can effectively deal with the problem of nonlinear and non-
stationary signals, but this method has the problem of being highly dependent on artificial pre-set parameters. Here, the deep belief network (DBN) is introduced in the white 
noise signal generation process of EEMD. The main problems solved are as follows: one is to adaptively match the white noise signal according to the data characteristics 
of the current signal in the micro-grid, the other is to reduce the artificial setting error and make the separation result closer to the theoretical value. Finally, this paper uses 
the operating data in the actual environment to carry out experimental verification, and the results show that the error between the value of harmonic power in the production 
environment and the theoretical value given is reduced by 9.73%. 
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1 INTRODUCTION 
 

In recent years, micro-grid has developed rapidly 
because it can realize self-control, protection and 
management. At the same time, a mass of harmonics is 
generated because there are many nonlinear load devices 
in the micro-grid, such as distributed power sources, 
energy storage devices, energy conversion devices, loads, 
monitoring and protection devices, etc., which lead to non 
standard sinusoidal waveform of voltage,. As a result, it is 
difficult for the electric energy metering device to measure 
accurately in Diahovchenko et al. [1] and Ghanizadeh et al. 
[2]. In order to accurately measure the electrical energy in 
the micro-grid, it is necessary to consider the harmonic 
power, which is caused by harmonic voltage and current of 
the same frequency. Under normal circumstances, the 
working principle and technical specifications of electric 
energy metering devices are designed and operated in 
standard sinusoidal voltage and current signals at a rated 
frequency of 50 Hz. However, that does not consider the 
harmonic interference factors in the grid-connected power 
generation environment such as the renewable energy in 
Gorbatenko et al. [3]. Actually, harmonics are widespread 
in the power systems. Standards IEEE-519 and IEC 61000-
3-2 all require harmonic to inject into current (into the 
public grid) to be limited to a specified range [4, 5]. That 
does reduce the impact of harmonics on the accuracy of 
measuring electric energy for a certain extent, but it cannot 
eliminate harmonics fundamentally. Considering that, 
many scholars have carried out lots of researches and put 
forward many advanced theories and solutions. 

There are many popular harmonic power detection 
methods: FFT method [6], aiming at the problem of 
spectrum interference between harmonics and 
interharmonics generated by nonlinear equipment in power 
systems, proposed an interharmonics detection method 
combined with time domain (TD) quasisynchroni-zation. 
Synchronous sampling method in Zhu et al. [7] and Geng 
et al. [8] focused on the problems of non-linearity, 
randomness, distribution, and non-stationarity of 
harmonics, which are difficult to accurately measure. And 
then a dynamic harmonic solution method based on quasi-
synchronous sampling algorithm is proposed. The wavelet 
transform method in Jiang et al. [9] proposed a multi-
channel fast Fourier wavelet transform method for the low-

frequency oscillation analysis from power systems, which 
absolutely relies on the built model and parameter 
accuracy. Harirchi and Simoes [10] proposed a 
decomposite algorithm based on instantaneous reactive 
power theory, which is helpful for optimizing control 
strategies of power electronic interfaces and power quality 
compensators. Balouji et al. [11] proposed a deep learning 
algorithm to compensate both the response and reaction 
times of active power filters for highly time-varying 
harmonics and inter-harmonics. This method can predict or 
predetect the future samples, the features of harmonics, the 
interharmonics in the TD, and the frequency domain. 
Moreover, it can eliminate the response and reaction times 
caused by filter and hardware. Moeini et al. [12] used an 
artificial neural network (ANN) for low-frequency 
modulation techniques, different phases and magnitudes of 
the fundamentaland harmonics for the voltage of the 
converter can be obtained in real time. Baghaee et al. [13] 
used radial basis functions to solve harmonic power flow 
to obtain voltage harmonics, active and reactive power. 
Jain and Singh [14] proposed a fast and accurate real-time 
estimation method for time-varying voltage/current 
harmonic signals to calculate signal parameters. Wu et al. 
[15] proposed a method based on harmonic amplitude 
kurtosis detection, which uses kurtosis detection and 
interval estimation methods to extract sub-sequences of 
effective fluctuating harmonic amplitude data. Adineh et al. 
[16] trained the ANN offline and estimated the voltage 
value, then calculated harmonic components and THD 
online at the desired bus. However, all the above methods 
have the problems of unreasonable parameter setting of 
white noise signal and low harmonic detection accuracy in 
analyzing nonlinear and non-stationary signals. 

Based on the above outstanding problems, this paper 
proposed an adaptive detection algorithm for micro-grid 
harmonic power based on DBN in Abdellaoui  and Douik 
[17]. Specifically, DBN was introduced in the white noise 
signal processing process of EEMD in Cheng and Zhao 
[18]. The first object of the present study is to achieve 
adaptive matching with white noise signals according to 
the current signal data characteristics in Sbargoud et al. 
[19], and the second one is to reduce the artificial setting 
error, so that the separation result can be closer to the 
theoretical value. 
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2 PRINCIPLE OF ADAPTIVE DETECTION ALGORITHM 
 
In this paper, DBN was adopted to built micro-grid 

harmonic power adaptive detection algorithm proposed. 
The overall structure is composed of EEMD 
decomposition, white noise data set generation and DBN-
EEMD model training in Lim et al. [20].  

 

The specific workflow is shown in Fig. 1. When 
performing harmonic detection, the original sampled data 
can be directly fed into the trained DBN model. The DBN 
model will adaptively match the white noise signal 
according to the signal data characteristics, thereby 
reducing artificial setting errors and making the separation 
result closer to the theoretical value. 

 
Figure 1 Architecture of an adaptive detection algorithm for micro-grid harmonics based on DBN 

 
2.1 EEMD Decomposition Principle 

 
Considering the problems such as modal aliasing and 

frequency fluctuations during EMD signal decomposition, 
Norden and Huang et al. proposed the EEMD method in 
Amarouayache et al. [21] by using the uniform distribution 
and zero-mean characteristics of the white noise spectrum. 
Due to the injection of white noise signals, the output 
voltage and current signals of the micro-grid at different 
time scales will be automatically distributed to the 
appropriate reference scale in Zhang et al. [22]. After 
multiple decomposition, the injected white noise signals 
will cancel each other out. Finally, the average value of 
multiple decomposition of EEMD is used as the result in 
Shokrolahi and Kazempour [23]. The specific process is as 
follows: 

(1)  A composite signal Xi(t) is obtained through 
injecting white noise into the voltage and current signals 
x(t) generated by the nonlinear load under different 
working conditions. As in the above step, the white noise 
added each time is uncorrelated, there  will be no white 
noise signal in Xi(t) after multiple decomposition. The 
formula is shown as follows in Lobato et al. [24]: 
 

( ) ( ) ( );  1,2,  ...,  i iX t x t t i m                                          (1) 

 
(2)  Performing EMD decomposition of the composite 

signal Xi(t) to get the component ci,j(t) and remainder ri(t) 
of n Intrinsic Mode Functions ( IMF): 
 

,( ) ( ) ( );  1, 2,  ...,  i i j iX t c t r t j n                                       (2) 

 
(3)  Inject different Gaussian white noise signals into 

the original signal, repeat (1) and (2) to reach the 
predetermined decomposition times, and then average the 
decomposed IMF components: 
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(4)  Using the zero-average principle of white noise 

signal to eliminate the influence of Gaussian white noise, 
thereby obtaining the original current signal: 
 

     x t c t r t                                                                      (5) 

 
(5)  Hilbert transform is applied to the final result IMF 

component decomposed from the original signal, then the 
analytical signal can be obtained in Huang et al. [25]: 
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(6)  Instantaneous angular frequency function ω(t) and 

instantaneous frequency function f(t) are obtained through 
the phase function: 
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(7)  After transforming the analytical signal z(t), the 
Hilbert amplitude spectrum can be obtained: 
 

     de
j t t

H ,t Re a t
                                                 (9) 

 
According to the above derivation, the Hilbert 

marginal energy spectrum of the original current signal in 
the micro-grid is obtained, which is used to reflect the total 
amplitude of a certain frequency inside the current signal 
and the energy distribution in the entire time span, as 
shown in the following formula: 
 

   2 dE H ,t t 



                                                       (10) 

 
2.2 High-Score White Noise Data Set Generation 

 
When performing EEMD decomposition, the white 

noise coefficient should be set reasonably with adding 
white noise. If the setting is too large or too small, the 
decomposition error will increase and the decomposition 
result will be meaningless. According to the signal 
characteristics in the micro-grid, the evaluation function 
method can be used to select the optimal white noise signal 
to reduce the impact of the unreasonable white noise 
coefficient setting on the decomposition result in Gao et al. 
[26]. According to Eq. (8), the experimental standard 
deviation sj of the instantaneous frequency of the j-th IMF 
when adding different sub-Gaussian white noise signals is 
calculated, and Eqs. (11) and (12) can be obtained: 
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Among them: ( )jf t , ( )jf t is the average instantaneous 

frequency and instantaneous frequency of the j-th IMF. 
According to adding different sub-Gaussian white noise 
signals, the smaller the sj, the higher the evaluation. 
 
2.3 DBN-EEMD Model 
 

DBN is a sub discipline of deep learning, which was 
first proposed by Jeffrey Hinton in 2006 to solve the 
problem of nonlinear separation in Hinton [27]. DBN is 
constructed by stacking multiple RBMs, and uses an 
unsupervised mode to train each layer of RBM from low-
level to high-level. This paper uses the Back propagation 
(BP) algorithm to fine-tune the training error of the entire 
DBN network. The network training model is constructed 
as shown in Fig. 2. 

RBM is composed of visible layer v and hidden layer 
h in Dai et al. [28], and its joint configuration energy is 
defined as Eq. (13). 
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where: vi is the visible element state of the RBM visible 
layer, hj is the hidden element state of the RBM hidden 
layer, ai and bj are the biases of the RBM explicit element 
i and hidden element j, wj,i is the connection weight 
between RBM explicit element i and hidden element j, and 
θ = {wj,i, ai, bj} is the model parameter, respectively. 
 

 
Figure 2 DBN-BP network training model 

 
Based on the energy function, the state joint 

probability distribution is: 
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   is the normalization factor. 

Because the states and activation conditions of the 
explicit and hidden elements are independent, the 
activation probability of the j-th hidden element and the i-
th explicit element are: 
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σ(•) is the activation function, using sigmoid and tanh 

functions, as shown in Eqs. (17) and (18) respectively: 
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Here we use the evaluation function in Eq. (12) to 

obtain the optimal white noise as the label, and then use the 
RBM output feature vector as the BP input feature vector 
in Salakhutdinov and Hinton et al. [29]. The purpose is to 
conduct supervised training through the BP network, and 
continuously adjust the parameters in reverse to reduce the 
training error. Finally, the DBN-EEMD model is used to 
obtain the matched optimal white noise, which can reduce 
the artificial setting error and make the separation result 
closer to the theoretical value. 
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3 EXPERIMENT 
3.1 Data collection 
 

The real micro-grid is composed of photovoltaic 
power with rated power 150 kW, wind power with rated 
power 15 kW, hybrid energy storage system with rated 
power 80 kW, and energy management system, which is 
connected to power grid by 400 V AC bus, as shown in Fig. 
3. 

 

 
Figure 3 The diagram micro-grid structure  

 
The data collection equipment with type DEWE 5000 

is produced by DEWETRON company in Austria, which 
has 16 isolated inputs module and 1 MS/s signal output 
rate, to achieve field data collection for voltage and current 
signals. The original data collected this time is the current 
signal, and the total sample points obtained are 3×106. The 
sampling setting parameter is that the fundamental 
frequency is 50 Hz, 200 points are sampled in one cycle, 
and 60,000 cycles are sampled within 5 min. The sampling 
point is set at the grid connection point of the micro-grid 
laboratory, and the working conditions are switched 
through the switch. The collection scope includes real-time 
current data under working conditions such as photovoltaic 
power generation, wind power generation, and energy 
storage and discharge. The deployment diagram of the 
collection location is shown in Fig. 4. 

 

 
Figure 4 Deployment diagram of data collection location 

3.2 Feature Parameter Selection 
 

The test data includes current signals generated by 
non-linear loads such as energy storage and discharge 
(ETD), wind power generation (WPG), photovoltaic power 
generation (PV), wind and solar power generation 
(WSPG), and wind and solar energy storage power 
generation (WSEPG). The selected characteristic 
parameters were data source type, sampling node, 
sampling frequency and data length. At first, 100,000 
pieces of data were taken from each group of measurement 
data, then divided into 2 groups, named training data set 
and test data set, respectively. One group, with a total of 
90,000 pieces, was used as a training data set and used to 
train the DBN-EEMD model. The other group was used as 
a test data set to verify the model, with a total of 10,000 
pieces. During model verification, A piece of data was 
randomly selected from the test data set to verify the 
accuracy of the model. After the above process was 
completed, we randomly select some collected data from 
the data collected under 5 different working conditions to 
analyze the harmonic characteristics of current and power. 
The data collection equipment was set up with the same 
sampling frequency of 10 kHz, and the same time length of 
5 min for data consistency and comparative analysis. The 
source of the data is shown in Tab. 1. 
 

Table 1 Data sources and different working conditions 

Working 
Condition 

Source 
Type 

Sampling 
Node 

Sampling 
Frequency / 

kHz 

Data 
Length / 

min 
1 ETD PCC 10 5  
2 WPG PCC 10 5  
3 PV PCC 10 5  
4 WSPG PCC 10 5  
5 WSEPG PCC 10 5  

 
3.3 DBN-EEMD Model Test 
 

(1) DBN-BP network structure 
This paper uses Back propagation (BP) algorithm to 

fine-tune the training error of the entire DBN network. The 
DBN network structure is the key to signal extraction 
efficiency. Therefore, the reconstruction error of different 
layers of DBN is quantified to compare the extraction 
efficiency of signal features in Xu et al. [30], as shown in 
Fig. 5a. After many experiments, we set the number of 
DBN layers to 3 layers, with the number of nodes in each 
layer being 350, 200, and 50, respectively. The test results 
show that the obtained reconstruction error is the smallest 
(0.010), which takes 8.1 seconds. 

In addition, the loss function of the DBN-BP model is 
also tested. After 8 iterations, the test error and training 
error are reduced to 0.01 and 0.02, respectively. 
Experiments results show that the test error was 
significantly smaller than the training error, and both are 
basically close to zero, as shown in Fig. 5b. 

(2) Model validation 
After the DBN-BP model is built, the optimal white 

noise can be automatically matched through the trained 
DBN-BP model. In theory, the result of harmonic 
decomposition will also be significantly better than that of 
white noise set artificially and randomly. The following is 
an experimental verification of the theoretical derivation. 



Jinggeng GAO et al.: An Adaptive Detection Algorithm for Micro-grid Harmonic Power Based on Deep Belief Network 

Tehnički vjesnik 28, 3(2021), 763-770                                                                                                                                                                                                             767 

In the experiment, according to the randomness of the 
current harmonic signal under the energy storage and 
discharge conditions, the traditional EEMD and the 
proposed algorithm in this paper are used for model 
verification. The specific step is to use two methods to 
decompose the randomly drawn current signals. The white 
noise value obtained according to the traditional EEMD 
parameter setting method is ω = 0.24. The white noise 
parameter obtained by using the DBN-BP algorithm is ω = 
0.33.  
 

 
Figure 5 a) Corresponding performance of different DBN-BP layers 

 

 
Figure 5 b) Approximate value of loss function of DBN-BP model 

 
Fig. 6a and Fig. 6b are the decomposition results of 

traditional EEMD and DBN-EEMD, respectively. It can be 
seen from Figure 6 that the traditional EEMD method has 
large modal aliasing in the separation results of the 3-rd 
(150 Hz), 5-th (250 Hz), 7-th (350 Hz) and 9-th (450 Hz) 
harmonics. Remarkably, the waveform obtained by the 
DBN-EEMD method is more stable, which is significantly 
better than the decomposition result of the traditional 
EEMD method. It can also be seen from Fig. 5b that the 
DBN-EEMD method can more effectively map the various 
harmonics of different signals to the corresponding IMF. 
The harmonic decomposition results of third, fifth and 
seventh harmonic with higher content were compared with 
the theoretical values, in order to verify the correctness of 
the model. The error of the traditional EEMD and the 
DBN-EEMD for the above-mentioned frequency harmonic 
decomposition is compared in Tab. 2. The results show that 
the error between the decomposition result of the DBN-
EEMD and the theoretical value is lower than that of the 

traditional EEMD. The DBN-EEMD method has a 
maximum error of 2.01% and a minimum error of 0.98%, 
which are respectively 9.73% and 1.3% lower than the 
maximum error of 11.74% and the minimum error of 
2.28% of the traditional EEMD method. 
 

 

 
Figure 6 a)Traditional EEMD decomposition results 

 

 

 
Figure 6 b) Decomposition result of DBN-EEMD method 
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Table 2 Amplitude of Current harmonic 
Harmonic order Theoretical value / A Result of EEMD / A Traditional EEMD Error Result of DBN-EEMD / A DBN-EEMD error 

3(150 Hz) 0.0298 0.0263 11.74% 0.0292 2.01% 
5(250 Hz) 0.0613 0.0627 2.28% 0.0619 0.98% 
7(350 Hz) 0.0312 0.0299 4.17% 0.0306 1.92% 

 
3.4 Engineering Test Verification 
 

(1) Current waveform decomposition 
In the engineering test, the current waveforms 

generated by the nonlinear load equipment under five 
working conditions of ETD, WPG, PV, WSPG, and 
WSEPG are first extracted. The DBN-EEMD method is 
used to decompose the extracted current waveform, and 
then the respective distortion rates are calculated according 
to the decomposed results. By calculating the distortion 
rate of the current waveform in Fig. 6, the total distortion 
rates of the five working conditions are 16.92%, 17.93%, 
17.32%, 44.24%, and 20.67%, respectively. Due to the 
mutual influence of the harmonics between WPG and PV, 
the total distortion rate of these two working conditions is 
larger than that of the other three working conditions, as 
shown in Fig. 7. 

 

 
Figure 7 Current waveforms under different working conditions 

 

 
Figure 8 Harmonic distortion rate under different working conditions 

 
The number of harmonics generated in the micro-grid 

is mainly 3-rd, 5-th, 7-th, 9-th, 11-th and 13-th. Among 
them, PV, WSPG are affected by external factors, resulting 
in larger harmonic currents. The 5th harmonic distortion 
rates of these two working conditions are 15.33% and 
39.45%, respectively. Because the randomness of the 
harmonics of WSPG cancels each other out, the harmonic 
generated under this working condition is relatively small. 

The largest harmonic current distortion rate is the 9th 
harmonic, which is only 1.58%, as shown in Fig. 8. 

(2) Energy calculation 
Generally, electrical energy is equal to power 

multiplied by time. But in the case of a certain time, power 
is a key factor that needs to be considered. Therefore, the 
emphasis of this experiment is to consider the harmonic 
power. According to the decomposition result of the 
previous current waveform, the respective harmonic power 
can be calculated by the formula P = U⸱I, as shown in Fig. 
9: 

 

 
Figure 9 Harmonic power under different working conditions (W) 

 
The calculated harmonic power value is basically close 

to the theoretical value. The maximum harmonic power 
under different working conditions is 3.59 W, 2.01 W, 15.2 
W, 16.3 W, 2.87 W, which account for 4.98%, 2.79%, 
1.50%, 3.91%, 0.79% of the fundamental wave 
respectively. 

Under working condition 4, WPG is not only affected 
by multiple factors such as wind speed, temperature, and 
nonlinear equipment, but also affected by the harmonic 
interaction of PV. Therefore, the harmonic power obtained 
in the experiment is larger. Its harmonic power dropped to 
a valley value of 0.09 W at the 9-th harmonic, while it 
reached a peak of 13.5 W at the 5-th harmonic. Under 
working condition 5, WSEPG is larger. However, due to 
the uncertainty of the harmonic direction and the 
cancellation of the generated harmonics, the current 
harmonic distortion rate is the smallest. Compared with 
working conditions 3 and 4, the harmonic power is the 
smallest, the maximum value of the harmonic power is 
2.87 W, and the minimum value is 0.012 W. 
 
4 CONCLUSIONS 
 

In short, in view of the large number of non-linear load 
devices in the micro-grid, the complex harmonic content 
generated is a key problem of poor accuracy. In this paper, 
the DBN is introduced in the white noise signal generation 
process of EEMD, and the white noise signal can be 
adaptively matched according to the current signal data 
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characteristics through the DBN-EEMD model. The 
proposed model also reduces the artificial setting error, 
making the separation result closer to the theoretical value. 
At last, we use the actual operating data of the micro-grid 
to carry out experimental verification. The validation 
results show that the error between the value of harmonic 
power in the production environment and the theoretical 
value given is reduced by 9.73%. The proposed method 
does solve the problem of harmonic detection accuracy, it 
also provides a new idea for exploring harmonic detection 
in power grids. 

The proposed DBN-EEMD model has a strong value 
of engineering application to improve the accuracy of 
electric energy metering devices,  and provide data support 
for improving the ability of nonlinear load management. 
However, due to the complex operation conditions of the 
actual equipments and various influence factors, a larger 
training database is needed in the future, to accurately 
analyze more nonlinear loads.  
 
Acknowledgements 
 

This research work was supported by the National 
Natural Science Foundation of China (No. 51867016). 
 
5 REFERENCES 
 
[1] Diahovchenko, I., Kolcun, M., Čonka, Z., Savkiv, V., & 

Mykhailyshyn, R. (2020). Progress and Challenges in Smart 
Grids: Distributed Generation, Smart Metering, Energy 
Storage and Smart Loads. Iranian Journal of Science and 
Technology Transactions of Electrical Engineering, 44, 
1319-1333. https://doi.org/10.1007/s40998-020-00322-8(012345 

[2] Ghanizadeh, R., Ebadian, M., & Gharehpetian, G. B. (2017). 
Non‐linear load sharing and voltage harmonics 
compensation in islanded microgrids with converter 
interfaced units. International Transactions on Electrical 
Energy Systems, 27(1), e2237. 
https://doi.org/10.1002/etep.2237 

[3] Gorbatenko, N. I., Lankin, A. M., & Lankin, M. V. (2017). 
Effect of the Error of Measurement of Current Harmonics on 
the Accuracy of Determination of Magnetic Characteristics. 
Metal Science and Heat Treatment, 58(9-10), 638-640.  
https://doi.org/10.1007/s11041-017-0070-8 

[4] Hosseinabadi, F., Adib, E., & Tehrani, B. M. (2019). A Soft-
Switching Step-Down PFC Converter with High Power 
Factor Using Auxiliary Flyback Circuit. IEEE Transactions 
on Industrial Electronics, 66(9), 6887-6894. 
https://doi.org/10.1109/TIE.2018.2877194 

[5] Kanjiya, P., Khadkikar, V., & Zeineldin, H. H. (2015). 
Optimal Control of Shunt Active Power Filter to Meet IEEE 
Std. 519 Current Harmonic Constraints under Nonideal 
Supply Condition. IEEE Transactions on Industrial 
Electronics, 62(2), 724-734. 
https://doi.org/10.1109/TIE.2014.2341559 

[6] Li, N., Zuo, P., Wang, X., Tang, Q., Teng, Z., & Chen, T. 
(2017). Interharmonic detection based on improved DFT and 
time-domain quasi-synchronization. Electric Power 
Automation Equipment, 37(4), 170-178.  
https://doi.org/ 10.16081/j.issn.1006-6047.2017.04.026 

[7] Zhu, L., Wen, H., Dai, H. F., Zhao, Z. Y., & Zhang, C. Q. 
(2018). Dynamic harmonic analysis method based on quasi-
synchronous sampling algorithm considering noise. Electric 
Power Automation Equipment, 32(2), 217-223. 
https://doi.org/10.16081/j.issn.1006-6047.2018.02.028 

[8] Geng, H., Zheng, Z., Zou, T., Chu, B., & Chandra, A. (2019). 
Fast Repetitive Control with Harmonic Correction Loops for 

Shunt Active Power Filter Applied in Weak Grid. IEEE 
Transactions on Industry Applications, 55(3), 3198-3206. 
https://doi.org/10.1109/TIA.2019.2895570 

[9] Jiang, T., Liu, F. Z., Chen, H. T., Li, X., Li, G. Q., & Wei, 
C. (2019). Cooperated identification method of dominant 
oscillation modes and mode shapes for power system based 
on multi-channel fast Fourier transform based continuous 
wavelet transform. Electric Power Automation Equipment, 
39(7), 125-132.  
https://doi.org/10.16081/j.issn.1006-6047.2019.07.019 

[10] Harirchi, F. & Simoes, M. G. (2018). Enhanced 
Instantaneous Power Theory Decomposition for Power 
Quality Smart Converter Applications. IEEE Transactions 
on Power Electronics, 33(11), 9344-9359. 
https://doi.org/ 10.1109/TPEL.2018.2791954 

[11] Balouji, E., Bäckström, K., McKelvey, T., & Salor, Ö. 
(2020). Deep Learning Based Harmonics and Interharmonics 
Pre-Detection Designed for Compensating Significantly 
Time-varying EAF Currents. IEEE Transactions on Industry 
Applications, 56(3), 3250-3260. 
https://doi.org/10.1109/TIA.2020.2976722 

[12] Moeini, A., Dabbaghjamanesh, M., Kimball, J. W., & Zhang, 
J. (2020). Artificial Neural Networks for Asymmetric 
Selective Harmonic Current Mitigation-PWM in Active 
Power Filters to Meet Power Quality Standards. IEEE 
Transactions on Industry Applications. 
https://doi.org/10.1109/TIA.2020.3007596 

[13] Baghaee, H. R., Mirsalim, M., Gharehpetan, G. B., & Talebi, 
H. A. (2018). Nonlinear load sharing and voltage 
compensation of microgrids based on harmonic power-flow 
calculations using radial basis function neural networks. 
IEEE Systems Journal, 12(3), 2749-2759. 
https://doi.org/10.1109/JSYST.2016.2645165 

[14] Jain, S. K. & Singh, S. N. (2012). Fast harmonic estimation 
of stationary and time-varying signals using EA-AWNN. 
IEEE Transactions on Instrumentation and Measurement, 
62(2), 335-343. https://doi.org/10.1109/TIM.2012.2217637 

[15] Wu, J., Qiu, H., Xu, J., Zhou, F., Dai, K., Yang, C., & Lv, D. 
(2018). Quantifying harmonic responsibilities based on 
kurtosis detection principle of amplitude fluctuations. IEEE 
Access, 6, 64292-64300. 
https://doi.org/10.1109/ACCESS.2018.2875063 

[16] Adineh, B., Habibi, M. R., Akpolat, A. N., & Blaabjerg, F. 
(2021). Sensorless Voltage Estimation for Total Harmonic 
Distortion Calculation using Artificial Neural Networks in 
Microgrids. IEEE Transactions on Circuits and Systems II: 
EXPRESS BRIEFS. https://doi.org/10.1109/TCSII.2021.3059410 

[17] Abdellaoui, M. & Douik, A. (2020). Human action 
recognition in video sequences using deep belief networks. 
Traitement du Signal, 37(1), 37-44. 
https://doi.org/10.18280/ts.370105 

[18] Cheng, X. & Zhao, C. Y. (2019). Prediction of tourist flow 
based on deep belief network and echo state network. Revue 
d'Intelligence Artificielle, 33(4), 275-281. 
https://doi.org/10.18280/ria.330403 

[19] Sbargoud, F., Djeha, M., Guiatni, M., & Ababou, N. (2019). 
WPT-ANN and belief theory based EEG/EMG data fusion 
for movement identification. Traitement du Signal, 36(5), 
383-391. https://doi.org/10.18280/ts.360502 

[20] Lim, K., Lee, B. M., Kang, U., & Lee, Y. H. (2018). An 
optimized DBN-based coronary heart disease risk prediction. 
International Journal of Computers Communications & 
Control, 13(4), 492-502. 
https://doi.org/10.15837/ijccc.2018.4.3269 

[21] Amarouayache, I. I. E., Saadi, M. N., Guersi, N., & 
Boutasseta, N. (2020). Bearing fault diagnostics using 
EEMD processing and convolutional neural network 
methods. The International Journal of Advanced 
Manufacturing Technology, 107(9-10), 4077-4095. 
https://doi.org/10.1007/s00170-020-05315-9 



Jinggeng GAO et al.: An Adaptive Detection Algorithm for Micro-grid Harmonic Power Based on Deep Belief Network 

770                                                                                                                                                                                                          Technical Gazette 28, 3(2021), 763-770 

[22] Zhang, X., Li, J., Liu, X., & Chen, Z. (2020). Improved 
EEMD-based standardization method for developing long 
tree-ring chronologies. Journal of Forestry Research, 31(6), 
2217-2224. https://doi.org/ 10.1007/s11676-019-01002-y 

[23] Shokrolahi, S. M. & Kazempour, A. (2019). A novel 
approach for fault detection of analog circuit by using 
improved EEMD. Analog Integrated Circuits and Signal 
Processing, 98, 527-534. 
https://doi.org/10.1007/s10470-018-1362-7(012345 

[24] Lobato, T. H., da Silva, R. R., da Costa, E. S., & Mesquita, 
A. L. (2019). An Integrated Approach to Rotating Machinery 
Fault Diagnosis Using, EEMD, SVM, and Augmented Data. 
Journal of Vibration Engineering & Technologies, 8, 403-
408. https://doi.org/ 10.1007/s42417-019-00167-4 

[25] Huang, N. E., Wu, M. L., Qu, W., Long, S. R., & Shen, S. S. 
(2003). Applications of Hilbert-Huang transform to non‐
stationary financial time series analysis. Applied stochastic 
models in business and industry, 19(3), 245-268. 
https://doi.org/10.1002/asmb.501 

[26] Gao, J. G., Li, X., Zhang, Y.H., Wang, X., & Chen, X. 
(2019). An electric vehicle energy metering optimization 
based on particle swarm optimization. Industrial 
Instrumentation and Automation, 266(2), 51-54. 
https://doi.org/10.3969/j.issn.1000-0682.2019.02.012 

[27] Hinton, G. E. (2002). Training products of experts by 
minimizing contrastive divergence. Neural computation, 
14(8), 1771-1800. 

[28] Dai, J. J., Song, H., Yang, Y., Chen, Y. F., Sheng, G., & 
Jiang, X. C. (2018). Dissolved gas analysis of insulating oil 
for power transformer fault diagnosis based on ReLU-DBN. 
Power System Technology, 42(2), 658-664.  
https://doi.org/10.13335/j.1000-3673.pst.2017.1027 

[29] Salakhutdinov, R. & Hinton, G. (2012). An efficient learning 
procedure for deep Boltzmann machines. Neural 
computation, 24(8), 1967-2006. 
https://doi.org/10.1162/089976602760128018 

[30] Xu, C. H., Chen, K. X., & Ma, J. (2019). Recognition of 
power loads based on deep belief network. Transactions of 
China Electrotechnical Society, 34(19), 4135-4142.  
https://doi.org/ 10.19595/j.cnki.1000-6753.tces.181385 

 
 
Contact information: 
 
Jinggeng GAO 
(Corresponding author) 
College of Electrical Engineering & Information Engineering,  
Lanzhou University of Technology, 
Lanzhou 730050, China 
E-mail: gao2541@163.com 
 
Xinggui WANG 
College of Electrical Engineering & Information Engineering,  
Lanzhou University of Technology, 
Lanzhou 730050, China 
E-mail: Wangxg8201@163.com 
 
Weiman YANG 
College of Electrical Engineering & Information Engineering,  
Lanzhou University of Technology, 
Lanzhou 730050, China 
E-mail: ggdywm@126.com 

 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


