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ABSTRACT

Nowadays, the role of the sharing economy in tourism increases,
the number of people involved as guests or hosts rising day by
day. This dynamic generates a viable alternative to the traditional
services, allowing tourists to customise their trips and enrich their
experiences. This paper focuses on accommodation services,
investigating the factors influencing the prices established by
Airbnb hosts. Using structural equation modelling, the authors
analyse the influence of different categories of factors (listing’s
characteristics, hosts’ involvement, listing’s reputation, listing’s
location, and rental policies) on the average daily rate. The results
emphasise that the hosts establish the listing’s price based on list-
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ing’s characteristics and on their involvement — the owners man-
aging only one listing and the ones charging a security deposit
value more their involvement, while the other hosts focus more
on the listings’ characteristics. The location of the listing counts
for experienced owners, while for opportunist owners it has no
importance. The listings’ reputation has a negative impact on the
price, contrary to the conclusions achieved in other studies, an
aspect that supports the idea that price determinants differ
across regions.

1. Introduction

Currently, the new socio-economic system of sharing economy represents a habitual
element in the market, recognised and embraced by an increasing number of individ-
uals. It has emerged due to ICT innovations in different areas like transportation,
accommodation, food, and skills (Tussyadiah & Pesonen, 2016). The higher level of
spread encountered in the hospitality industry led to the development of platforms
like Airbnb, 9Flats, Expedia, Fairbnb. Among these, Airbnb, a pioneer in peer-to-peer
accommodation, represents the most important player at the global level with a sub-
stantial influence in the market.
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According to a recent report, Airbnb guests can book from more than 6 million
rooms, flats, and houses, in around 81.000 cities all over the world. There are more
than 150 million hosts enrolled in the system which provided accommodation serv-
ices in 2018 for 260 million guests (Sherwood, 2019). Airbnb successfully provided a
lot of competitive advantages and financial resources for launching it into the hotel
business. Thus, for 2020, through a partnership with an accommodation developer to
convert some commercial proprieties in New York into high-end apartment-style
suites, Airbnb will enter the lodging market beside traditional players. The phenom-
enon of Airbnb development has changed the traveller’s consumption patterns, on
one hand, and the structure of the lodging sector, on the other hand (Wang et al,
2019). For example, due to the important presence of Airbnb supply in some areas,
the hotels had to respond by lowering their prices (Zervas et al., 2017), reducing in
this way their profitability. Consumers benefited from this strategy, even those who
were not customers for the Airbnb platform, and much more from the growth of
goods and services diversity provided through peer-to-peer platforms. After the eco-
nomic recession, the impact was enhanced also by the fact that people paid more
attention to their spending and tried to use more opportunities for preserving their
resources (Guttentag et al., 2018).

The boost of share economy system popularity attracted the attention of practi-
tioners and academics, thus in the literature exist a lot of studies (Hamari et al.,
2016; Sigala, 2017) which try to explain the motives of people to share and provide
services (especially accommodation) through commercial sharing platforms, the way
they establish the prices, the influence upon the consumer behaviour, and the impact
on travel and tourism industry. Focussing on pricing strategies, there are still aspects
that have to be explored, like: what are the differences in owners’ strategies, what is
the impact of their goals, what are the criteria used to establish the price, or why the
impact of factors differs from region to region.

Using structural equation modelling, the purpose of the present study is to develop
a formative model that enables the identification of factors that influence Airbnb list-
ing prices. This paper aims to enrich the literature by concentrating the analysis on
hosts’ price setting behaviour. Starting from the characteristics of the different catego-
ries of owners, the paper will explore the impact of these differences on price deter-
minants, this approach representing a new contribution to the literature. Moreover,
the authors propose and test the role of a new variable, host involvement, which
upgrades the host’s attributes by including the behaviour the owners have in relation
to their guests and the Airbnb platform.

To achieve the paper’s goals, a multigroup analysis is implemented based on the follow-
ing four criteria: the owners’ reasons to share their homes, the number of listings, the
requirement of a security deposit, and the existence of the superhost status. The official
data for 881 Airbnb listings in the city of Cluj-Napoca (Romania), during the time span of
April 2017 — March 2018, were used to apply the model and to implement the analyses.

The remainder of this paper is organised as follows: section two presents the litera-
ture, section three describes the model proposed, section four presents the variables
used and the methodology applied to collect and process the data, section five dis-
cusses the results. The last section is dedicated to conclusions.
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2. Theoretical framework

The Airbnb platform differs from traditional accommodation units in terms of facili-
ties, customer service, website design, and booking systems. The lodging model spe-
cific for Airbnb favours a closer social interaction between residents and tourists
(Tussyadiah & Pesonen, 2016), to create a sense of place as a competitive advantage
compared with conventional lodging proprietaries (Cheng, 2016). In addition, the lit-
erature suggests that this social appeal of peer-to-peer accommodation contributes to
several outcomes like a longer length of stay, higher frequency of travel, and a bigger
range of activities. On the other hand, Farmaki and Stergiou (2019) highlighted that
among the hosts’ motives to share their homes, social interactions with guests are
equally important as economic reasons. Furthermore, accordingly with the need for
intensity of social interaction, different types of behaviour were illustrated (Farmaki
& Stergiou, 2019).

Many studies have focussed on Airbnb’s advantages, threats (Fang et al, 2016;
Lampinen & Cheshire, 2016; Meleo et al., 2016), legal issues (Edelman & Geradin,
2015), impacts on the hotel industry and tourism industry employment (Fang et al.,
2016; Neeser et al., 2015; Zervas et al., 2017) or revenues (Frenken & Schor, 2017;
Gibbs, Guttentag, Gretzel, Yao, et al., 2018; Gunter & Onder, 2018; Zhang et al.,
2018). For instance, Guttentag (2015) emphasised that the strengths of Airbnb are
related to lower prices and the socio-cultural benefits resulted from staying in a local
residence. On the other side, the lack of legislation to regulate the activity and the
safety issues may represent possible threats to Airbnb’s future growth. The regulatory
framework is mandatory to allow peer-to-peer platforms to operate legally and to
allow all the stakeholders to enjoy the advantages created by these platforms. Zervas
et al. (2017) reported that a 1% increase in Airbnb listings in Texas resulted in a
0.05% decrease in quarterly hotel revenues. This result supports the idea that the
Airbnb development may impact negatively the financial results of traditional accom-
modation units. Fang et al. examined the effect of Airbnb on the tourism industry in
Idaho, USA. Their results emphasise that the sharing economy can generate employ-
ment, especially in small to medium markets, the additional impact being less signifi-
cant as the market grows (Fang et al., 2016).

The exponential growth of the Airbnb platform raised the interest in studies trying
to highlight the price determinants of Airbnb listings (Wang & Nicolau, 2017). Since
the price influences clients’ choice of accommodation and hosts’ profits, identifying
the factors determining the price can help hosts establish an equitable price so that
both the owners and guests benefit from being part of the sharing economy.

Until now, different studies have been focussed on price determinants of Airbnb
listings, their results emphasising the complexity of the relationship between pricing
and its determinants. Moreover, different authors suggest that the relationship
between price and its determinants differ undoubtedly across cities/countries/regions
due to the variation in city types, city economics, and Airbnb development in the
region (Gibbs, Guttentag, Gretzel, Morton, et al., 2018; Lorde et al., 2019).

For instance, racial discrimination creates an unfortunate impact on prices, the
Afro-American, Asian and Hispanic owners being obliged to charge lower prices for
similar listings than white hosts (Edelman & Luca, 2014; Kakar et al., 2016). Gutt and
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Herrmann (2015) identify that once the minimum number of reviews is obtained and
the rating becomes visible, the price increase by €2.69. Moreover, higher ratings
determine hosts to charge higher prices.

Prices are also correlated with reputation and trustworthiness. Ikkala and
Lampinen (2014), Gutt and Herrmann (2015), Kakar et al. (2016), Brochado et al.
(2017), and Mody et al. (2017) emphasise the impact of different components of
reputation on prices, most of the elements having a positive effect. Ert et al. (2016)
highlighted that visual-based trustworthiness, created through the users’ photographs
in the case of Airbnb listings in Stockholm, determines the listing prices. Li et al.
(2016) and Zhang et al. (2017) reported that the distance to the nearest landmark
and facility is correlated with Airbnb listing prices. Dudas et al. (2017) underline that,
in the case of Budapest, distance to the city centre is a weak price determinant.

Summarizing the findings from previous studies on Airbnb pricing, five groups of
variables were identified:

e Listing/home attributes include the following variables:

e Accommodation type and room type, number of bedrooms, number of bath-
rooms, facilities (car parking, swimming pool, and wireless Internet) have a
positive effect on prices (Chen & Xie, 2017; Gibbs, Guttentag, Gretzel, Morton,
et al,, 2018; Wang & Nicolau, 2017);

e The number of accommodation photos has a positive effect on prices (Ert
et al,, 2016; Gibbs, Guttentag, Gretzel, Morton, et al., 2018);

e Free breakfast has a negative impact on prices (Gibbs, Guttentag, Gretzel,
Morton, et al., 2018; Wang & Nicolau, 2017).

e Listing location includes the following variables:

e Neighbourhood average rental price, number of other Airbnb listings, price of
similar Airbnb listings or price of hotels, availability of sightseeing, eating or
shopping areas, or other attractions have a positive effect on prices (Chen &
Xie, 2017; Kakar et al., 2016; Li et al., 2016);

e The distance to the city centre has different effects on prices, ranging from
weak (Dudas et al., 2017) to a significant negative effect (Li et al., 2016).

e Listing reputation includes the following variables:

e Ratings on cleanliness and location have a positive effect on prices (Chen &
Xie, 2017; Kakar et al., 2016);

e The reviews number and scores have a negative effect on prices (Gibbs,
Guttentag, Gretzel, Morton, et al., 2018; Kakar et al., 2016; Wang & Nicolau,
2017). A higher number of reviews is the result of a higher number of book-
ings, which is, usually, a characteristic of the cheaper listings;

e Average review score has a positive effect on prices (Gutt & Herrmann, 2015;
Ikkala & Lampinen, 2014);

e Ratings on accuracy and check-in do not have a significant effect on prices
(Chen & Xie, 2017).

e Host attributes include the following variables:

e Hosts’ listing count, host verification, host profile picture, and response time have

a positive impact on the price (Chen & Xie, 2017; Wang & Nicolau, 2017);
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e Race has a negative effect on prices (Edelman & Geradin, 2015; Kakar
et al,, 2016);
o Gender, marital status, and sexual orientation did not have a significant effect
on price (Chen & Xie, 2017; Kakar et al., 2016);
e Superhost status has mixed effects on prices (Chen & Xie, 2017; Gibbs et al.,
2018; Kakar et al. 2016, Liang et al., 2017; Wang & Nicolau, 2017).
e Rental policies describe the Airbnb policies the owner may implement:

e Strict cancellation policy and guests’ phone verification required has a positive
effect on prices (Chen & Xie, 2017; Wang & Nicolau, 2017);

e Smoking allowed has a negative effect on prices (Gibbs, Guttentag, Gretzel,
Morton, et al., 2018; Wang & Nicolau, 2017).

Based on these conclusions, the following hypotheses will be tested:

H1: Better listing characteristics will determine the hosts to charge a higher price.

H2: A farther listing location from the city centre will determine the hosts to charge a
lower price.

H3: A better listing reputation will determine the hosts to charge a higher price.
H4: Hosts willing to involve more in managing Airbnb listings charge a higher price.

H5: The stricter the rental policies, the higher will be the price charged.

3. The model

The formative model developed to investigate the factors influencing the hosts’ behav-
iour in setting rental prices has the average daily rate (measured in USD) as a
dependent variable and the five latent variables, described in the literature section, as
independent variables. When the owners establish the price, they take into consider-
ation different aspects that influence the value of their listing for tourists: their list-
ings’ characteristics, their rental policies, their involvement, the reputation of their
listing, and the distance to the city centre. The host involvement construct represents
an upgrade of the host’s characteristics including the owner’s attributes and behaviour
in managing their listing on the platform. The effects of attributes on prices are
mixed (Kakar et al., 2016; Wang & Nicolau, 2017), while the effects of owner’s behav-
iour were not analysed yet in the literature.

Based on the previous findings, and considering reputation as an important factor
in this process, being the results of the interaction between other categories of factors
(host involvement, listing characteristics, rental policies, location), the authors have
developed the model described in Figure 1.

4. Methodology
4.1. Description of variables

Browsing the literature focussed on pricing strategies in the sharing economy and
tourism industry, several categories of factors were identified. Starting from this
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information, research hypotheses were developed, taking into consideration the specific
aspects of sharing economy accommodation services. One of the most important issues
that should be addressed is the flexibility of supply - compared to traditional accom-
modation units, the sharing economy owners are able at any moment to start (be
active) or stop (be inactive) providing their services — aspect which determines fluctua-
tions in supply from one month to another. This situation is the result of having at
least three different categories of owners: 1) the experienced (professional) host who is
providing services throughout the entire year, possibly operating more than one listing;
2) the stable income seeker who wants to obtain extra income by renting regularly its
space, but not on a full-time basis; and 3) the opportunist who is renting its space
occasionally just to obtain an extra income in a specific period, usually when the level
of incomes they could obtain is higher due to seasonality of tourists flows.

The listing’s characteristics, location, reputation, and rental policies latent variables
have similar content to the studies presented in the literature section, while the host’s
involvement latent variable represents a new approach proposed by the authors.
Previous studies analysed the influence of the owner’s characteristics/attributes on
prices (Ert et al, 2016; Lorde et al., 2019), emphasising that the number of host’s
photos and their facial expression represent sources of trustworthiness, which is asso-
ciated with higher prices. Furthermore, the owner’s behaviour and actions in manag-
ing the listing’s presence on the platform and the communication with potential
customers represent other important sources to build trust. These elements describe,
in the authors’ view, the host’s involvement/effort in making their listing(s) more
attractive for potential customers, a latent variable whose influence on the price will
be investigated. In this direction, the authors consider that an owner will be more
involved if he/she is willing to:

fulfil the criteria imposed by Airbnb to become a superhost

e respond fast, and to all inquiries received: each host has 24 hours to respond to
any inquiry, but some of them answer very fast, others very late, and some hosts
do not answer at all. The hosts who are more involved and who want to have bet-
ter performance will answer fast, so faster answers mean higher involvement.
Furthermore, answering all inquiries represents a sign of involvement.

e upload a bigger number of photos for each listing to allow the potential customers
to have a better image of the location’s characteristics. Each owner decides how
many photos to upload to the Airbnb platform. The bigger the number of photos
available, the higher will be the chance to attract bookings, so a host interested to
represent an option for potential customers will upload more photos. Therefore, a
bigger number of listing photos represent a sign of deeper involvement.
manage many listings on the Airbnb platform
implement a flexible pricing strategy according to the changes in the market sup-
ply and demand. If the host has a very low involvement in the pricing strategy, it
will charge approximately the same price no matter the moment of the year, the
variance of the average daily rate being small. On the other side, an owner who is
very involved in the process of pricing will try to adjust the price according to the
changes in the market, the variance of the average daily rate being higher.
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4.2. Data collection and processing

To study the research hypothesis, yearly and monthly data of all Airbnb listings from
Cluj-Napoca were obtained from AIRDNA (airdna.co). The main purpose of data
selection was to identify and use only the active listings in the analysis. The following
criteria were used:

The monthly reported average daily rate should be higher than 0

Only the listings with reviews were selected

The shared rooms listings were eliminated due to their small number (they were
only 10 listings)

During the timespan, April 2017 - March 2018, a maximum of 952 listings were
available for booking on the platform (see Figure 2). Applying the previous criteria,
881 listings were used in the analysis. Due to the tourism specificity of the city, the
number of listings available fluctuates significantly from month to month, this aspect
allowing the accommodation supply to adjust easily to tourism demand. The events
organized in the city, some of them being well known at the national and inter-
national level, generate significant fluctuations both in the size of tourism flows and
in the price of accommodation services.

Most of the listings are small apartments (1-2 bedrooms), rented entirely to guests,
without asking for a security deposit. Approximately 20% of the hosts were involved
in the renting phenomenon for at least 10 months, 25% of them had the superhost
status, while approximately 50% of the hosts were managing only one listing.

Structural equation modelling and multigroup analysis were conducted using
Smart PLS 3. To implement the multigroup analysis, different categories of owners
were created, based on the following criteria:

e Starting from the number of months the hosts were active (their location was
listed) on the platform during the analysed period: experienced (their listing was
available for at least 10 months), stable income seekers (their listing was available

Rental
policies

Listing’s
characteristics

Listing’s
reputation

Host’s
involvement

Distance to city
center

Figure 1. The model proposed.
Source: Authors
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Figure 2. Number of monthly Airbnb listings active in Cluj-Napoca, Romania.
Source: Authors’ calculation

between 5 and 9 months) and opportunists (their listing was available maximum
4 months);

e Starting from the number of listings they managed on the platform: one listing
and many listings;

e Starting from the requirement of security deposit: hosts who ask for a security
deposit and who do not ask for a security deposit;

e Starting from superhost status: hosts who have the superhost status and who do
not have the superhost status.

4.3. The model validation

To validate the model described in Section 3, the statistical significance of indicators’
effect on the latent variables was performed through a bootstrapping procedure. Since
this is a formative model, a more liberal approach was adopted, considering the effect
statistically significant if the p-value is less than 0.1 (see Table 3).

The second step performed to validate the model was the collinearity diagnostic.
Especially in the case of a formative model, multicollinearity must be avoided, the
regression estimates being unstable and having high standard errors. The variance
inflation factors (VIFs) were assessed and all the values were below 3 (see Table 4),
which means there is no problem with multicollinearity in the proposed model.

Kock (2015) emphasised that a VIF greater than 3.3 is a sign of pathological collin-
earity and an indicator that the model may be contaminated by common method
bias. In the case of the model proposed, since all VIFs resulting from a full collinear-
ity test are lower than 3.3, the model is not affected by the common method bias.

To identify if there are significant differences between hosts concerning the factors
that influence their price decision, a multigroup analysis was performed. The model
proposed was applied to the categories of owners described in the data collection and
processing section, to identify significant differences between the path coefficients.
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Table 1. Description of variables used in the model.

Standard

Variable Mean deviation Definition

The listing’s characteristics The main facilities the listing has

PropertyType 0.874 0.332 Dummy variable: Apartment (1) or other types of property (0)

ListingType 1.804 0.397 Dummy variable: private room (1) and entire property (2)

Bedrooms 1.270 0.729 The number of bedrooms

Bathrooms 1.142 0.359 The number of bathrooms

CreatedDays 450.815 354372 The duration of Airbnb membership from the moment of
creation - in days

MaxGuest 3.471 1.518 The maximum number of guests accepted

BusinessReady 0.011 0.106 Business ready is a characteristic of Airbnb locations that certify
that listings have an overall rating and a check-in rating
above 4.8, there are available at least 8 business amenities,
the cancellation policy is moderate or flexible, hosts should
review at least 5 of their guests and self-check-in should be
available.

Dummy variable: 0 — the listing is not business ready and 1
- the listing is business ready

The listing’s location Describes the distance from the listing’s location to the city
centre — in km.

DistanceCityCenter 1.628 1.030 It is calculated using the Haversine formula between the
listing's latitude and longitude and the city centre’s latitude
and longitude.

The listing’s reputation Describes the prior interactions between host and guests

Reviews 12.551 19.826 The number of reviews at the end of the analysed period
(March 2018)

OverallRating 4729 0.513 The listing’s overall rating in March 2018 (on a scale from 1 to
5, the bigger the value, the better)

NumberBookings LTM 25.067 30.552 The number of bookings received during the last twelve
months (the analysed period)

AvgReservDays 11.004 6.477 The average number of days booked per month during the
analysed period

Host's involvement Describes the level of the owner’s involvement in managing
their listing on Airbnb

Superhost 0.246 0.431 Superhost is a characteristic of Airbnb listings that certify that

ResponseTime (min) 166.086 345.086

ResponseRate 93.697 20.244
NumberPhotos 15.613 11.906
NolListings 3.622 4.926
VARADR(USD) 576.933 3251.573

The rental policies
CancellationPolicy 1.248 0.772

SecurityDeposit(USD) 238.032 313.356

CleaningFee(USD) 14.097 10.942
ExtraPeopleFee(USD) 13.159 8.681
MinStay 1.496 0.828
InstantbookEnabled 0.536 0.499

the overall rating is above 4.8 stars, the cancellation rate is
below 1%, the response rate is above 90% and in the past
year 10 stays were completed or at least 3 stays of at least
100 nights were completed.
Dummy variable: 0 - No, 1 - Yes

The number of minutes between the moment a guest sends an
inquire and the moment of the host’s answer.

The share of total inquires a host answers.

The listing’s number of photos the owner uploaded to the
Airbnb platform.

The number of listings an owner has on the Airbnb platform.

Describes the host’s involvement in developing a pricing
strategy. The values describe the variance of the average
daily rate.

Categorical variable with 3 levels: 0 — strict; 1 — moderate and 2
— flexible. All three levels are defined according to the
Airbnb approach.

The value of the security deposit which is requested by hosts
when the place is booked.

The value of the cleaning fee the guests will be charged.

The fee the guests will have to pay for each additional person
above a specific number of persons.

The minimum number of nights per reservation (established by
the owner).

Dummy variable: 0 — guests must receive the host acceptance
for booking; 1 — guests can book instantly

Source: Authors.
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Table 2. The listing’s characteristics.

Property Type Listing Type

Apartment 87.40% Private room 19.64%

Other types of property 12.60% Entire property 80.36%

Number of bedrooms Number of months they were active

0 9.53% Experienced (minimum 10 months) 20.66%

1 60.27% Stable income seekers (5-9 months) 32.58%

2 24.52% Opportunists (maximum 4 months) 46.77%

3 5.11% The requirement of a security deposit

> =4 0.57% Ask for a security deposit 10.67%

Number of listings managed on the platform Do not ask for a security deposit 89.33%

One listing 46.99% Superhost status

Many listings 53.01% Hosts with superhost status 24.63%
Hosts without superhost status 75.37%

Source: Authors.

Table 3. Outer weights.

Effects of indicators on latent variables Original Sample P Values
AvgReservDays -> Listing’s reputation 0.732 0.000
Bedrooms -> Listing's characteristics 0.205 0.055
CleaningFee(USD) -> Rental policies 0.646 0.000
ExtraPeopleFee(USD) -> Rental policies 0.446 0.001
InstantbookEnabled -> Rental policies —0.269 0.098
ListingType -> Listing’s characteristics 0.165 0.028
MaxGuests -> Listing’s characteristics 0.775 0.000
MinStay -> Rental policies 0.196 0.069
NumberPhotos -> Host’s involvement 0.14 0.065
Reviews -> Listing’s reputation 0.447 0.000
VARADR(USD) -> Host's involvement 0.993 0.000

Source: authors’ calculation using SMART PLS.

Table 4. Outer VIF values.

Variable VIF Variable VIF
ADR(USD) 1.000 ListingType 1.228
AvgReservDays 1.194 MaxGuests 2.316
Bedrooms 2.000 MinStay 1.044
CleaningFee(USD) 1.145 NumberPhotos 1.000
DistanceCityCenter 1.000 Reviews 1.194
ExtraPeopleFee(USD) 1.105 VARADR(USD) 1.228
InstantbookEnabled 1.013

Source: authors’ calculation using SMART PLS.

5. Results and discussions

To evaluate the research hypotheses, the model presented in the methodology section
was developed and applied in the case of Cluj-Napoca, Romania. The variables
described previously were taken initially into consideration in the process of model
creation, while in the final model only the variables and relationships having statis-
tical significance have been kept. According to Sarstedt et al. (2017), the strength of
the relationship between latent variables is represented by path coefficients.

A path coefficient of 0.441 between the listing’s characteristics latent variable and
the average daily rate implies that owners considering their listing as providing better
amenities, will charge higher prices; for each additional standard deviation unit, the
price construct will increase by 0.441 standard deviation units when keeping all other
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independent constructs constant. Moreover, analysing the path coefficients, it can be
observed that the listing’s characteristics registered the strongest impact on price, fol-
lowed by the host involvement latent variable, these two aspects being taken into con-
sideration most often by the hosts.

Analysing the listing’s characteristics, only the number of bedrooms, the listing
type, and the maximum number of guests were kept. Among these variables, the
most important for hosts is the maximum number of guests, a bigger accommodation
capacity determining the host to charge a higher price. The owners renting the entire
location charge a higher price than the owners renting private rooms.

In conclusion, the H1 research hypothesis is being validated, the hosts considering
the listing’s characteristics as one of the most important aspects for pricing, this result
being in line with the previous studies presented in the literature section.

Regarding the HI hypothesis, the multigroup analysis brings important contribu-
tions to the literature. The analysis focussed on hosts managing one listing compared
to hosts managing many listings showed that the latter grant higher importance to
the listing’s characteristics when they establish the price - a statistically significant
difference of 0.192 (p-value = 0.998) being identified between the path coefficients.
Correlating this result with the path coefficients between the host’s involvement and
price (the involvement is the most important aspect in the pricing process in the case
of owners managing one listing), we can suppose that the hosts managing many list-
ings cannot be very involved in managing all of them, so they prefer to focus more
on the listing’s characteristics when they fix the price.

Another difference in pricing behaviour is identified in the case of hosts asking for
a security deposit, who are valuing more their involvement than the listing’s charac-
teristics. Since only approximately 10% of owners are doing this, the security deposits
may hurt their revenues, as many hosts confirmed on Airbnb forums. Being aware of
this risk, they grant bigger importance to their involvement in hosting when they fix
the price to generate an added value for the customers. Having the guarantee of being
able to cover the unexpected damages, they try to compensate through their involve-
ment the potential negative impact of their requirement - a statistically significant
difference of 0.353 (p-value = 0.008) were identified between the path coefficients.

According to Figure 3, the higher the distance to the city centre, the lower will be
the price - the path coefficient of —0.078 between DistanceCityCentre and price latent
variables implies that owners considering their listing as being located further will
charge lower prices — for each additional standard deviation unit of the distance vari-
able, the price construct will decrease by 0.078 standard deviation units, when keep-
ing all other independent constructs constant. Therefore, the H2 hypothesis
is validated.

The multigroup analysis confirms the mixed effect of the location described in the
literature, providing valuable insights regarding the reasons for these effects. As the
hosts gain more experience on Airbnb, they give higher importance to distance from
the city centre: a statistically significant difference of 0.168 (p-value = 0.000) was
identified between the path coefficients of experienced and opportunist hosts and a
statistically significant difference of 0.090 (p-value = 0.032) was identified between
the path coefficients of opportunists and stable income seeker hosts. In their long-run
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CleaningFee(USD) | ExtraPeopleFee(USD) | InstantbookEnabled MinStay Bedrooms ListingType | = MaxGuests
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Figure 3. Complete model.
Source: Authors’ calculation

strategy, the experienced hosts are aware of the negative impact the distance may
have on their listing reputation and they will try to compensate the distance with a
price decrease. On the other side, the opportunists are renting usually in periods
when the tourist flows are high, or when a specific opportunity appears, their short-
run strategy is not influenced too much by the listing’s location.

Out of all variables tested in the final model, the listing’s reputation is evaluated
through the monthly number of booked days and the number of reviews. Analysing
the results from Figure 3, it can be concluded that the H3 hypothesis is not validated
- the path coefficient of —0.187 between the listing’s reputation and price implies that
the owners who consider their listing having a good reputation, will charge lower pri-
ces - for each additional standard deviation unit of the listing’s reputation variable,
the price construct will decrease by 0.187 standard deviation units when keeping all
other independent constructs constant.

A better reputation does not determine the owner to increase the price, but to
lower it. This result contradicts the previous literature, one possible explanation can
be the host’s strategy to increase the occupancy rate by lowering the price; like this,
the number of reviews is rising also. It seems that this approach is characteristic to
all categories of owners in the analysed market, no significant statistical difference
being identified between the path coefficients of any host categories. This strategy
may be characteristic to new/incipient/immature markets, like Cluj-Napoca’s market
(the first apartment listed on Airbnb was in 2015), where the hosts, being aware of
the increased competition they will have in the future, are interested to build a good
reputation to achieve a long-run competitive advantage.

The hosts’ involvement in managing their listing may be characterised through dif-
ferent items. In the final model, only the number of photos and the variance of
the average daily rate were statistically relevant. As it can be noticed in the model
(Figure 3), a path coefficient of 0.369 between host involvement and the average daily
rate implies that more involved owners will charge higher prices - for each additional
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standard deviation unit, the price construct will increase by 0.369 standard deviation
units when keeping all other independent constructs constant, the H4 hypothesis is
validated. Besides confirming the role of host characteristics described in the litera-
ture, the result develops the literature highlighting the significant role of the owner’s
behaviour. Rational hosts, focussed on maximising their listing value in the long run,
will be willing to allocate more resources and to get more involved in developing a
pricing policy adapted to changes in market demand.

The rental policies with statistically significant influence in the model are the value
of cleaning fee, extra people fee, minimum stay, and instant booking enabled. Any
additional fee the host charges will increase the final price, while the minimum stay
and instant book policies facilitate a decrease of price. Overall, the H5 hypothesis was
validated - the path coefficient of 0.160 between rental policies and price implies that
hosts who impose rental policies will tend to charge higher prices - for each add-
itional standard deviation unit of the rental policies variable, the price construct will
increase by 0.160 standard deviation units, when keeping all other independent con-
structs constant.

The multigroup analysis showed that the owners having the superhosts status con-
sider the impact of rental policies on price less significant than other hosts - a statis-
tically significant difference of 0.128 (p-value = 0.030) was identified between the
path coefficients. One possible explanation for this difference is the fact that super-
hosts prefer to have instant booking enabled and to establish more than one night for
the minimum stay, aspects which compensate for the increase of price due to
other policies.

6. Conclusions

The findings of this study highlighted different degrees of influence for a set of 5 cat-
egories of variables upon the host’s behaviour on the Airbnb platform in the process
of setting the rental prices. It has been considered a total of 24 variables classified in
the following categories: listing’s characteristics (7 variables), listing’s reputation (4
variables), distance to the city centre (1 variable), host’s involvement (6 variables),
and rental policies (6 variables).

6.1. Theoretical implications

Following previous studies done in the same area of research, the greater impact on
price decisions is from the listing’s characteristics, especially the maximum number of
guests, number of bedrooms, and type of listing. A novel contribution in this regard
is the finding that owners who are managing many listings are influenced more sig-
nificantly by listings’ characteristics in establishing rental prices in comparison to
those who are managing only one listing.

The study confirms that the location of the listing represents another important
variable in setting the price. Like in the case of hotels, a better location established as
a shorter distance to the city centre or closer to a tourist attraction is used by hosts
to increase their rental prices. Previous studies emphasised that the distance to the
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city centre may have both positive and negative effects on prices, the results of this
study bringing a new perspective on this situation. According to their strategic think-
ing, the owners perceive differently the importance of location in their pricing strat-
egies. The opportunist hosts value less the role of the location, the main reason being
their short-run strategy focussed on revenues maximisation, compared to experienced
owners who are focussed to achieve long-run success.

This study adds new knowledge to the existing literature by defining a new cat-
egory of variables in the analysis of price determinants — the hosts’ involvement in
managing their listing(s). Previous studies focussed on hosts’” characteristics/attributes
assessed mostly the impact of hosts’ attributes on their pricing decisions, while, in
this paper, the authors focus on the hosts’ behaviour in the usage of the revenue
management principles and pricing policies to generate additional value for them and
their customers. This behaviour represents a strong evidence regarding the raising of
a new host segment, more entrepreneurial, paying more attention to the market
environment, with more knowledge regarding accommodation business activities and
appropriate marketing and pricing strategies.

6.2. Practical implications

In a platform where the reviews count, both guests and owners adjust their behaviour
to build confidence and to co-create value for both. As a result, most of the hosts
with good reviews, follow in their pricing strategy an approach that allows them to
create a good quality-cost experience for their guests. For example, the hosts who
impose more complex rental policies tend to use higher prices in the rental process,
but at the same time, being aware that the rental policies bring them additional bene-
fits, they are willing to involve more to generate additional value also for their guests.
Thus, through increased interaction with the guest and Airbnb platform, the owners
improve the quality of the services they provide, enriching the guests’ experience, bet-
ter quality is associated with higher prices. Furthermore, the hosts asking for a secur-
ity deposit are characterised by a higher level of involvement, this aspect being more
important in their pricing strategy than the listings’ characteristics.

Superhosts represent another category of owners who provide high quality services
to their guests. Contrary to the previous approach, the higher quality they provide
results from their higher involvement and flexibility (most of them allow instant
booking) and from their willingness to provide better listing amenities, the rental pol-
icies being less significant.

Contrary to the conclusions of the studies described in the literature section, the
listing’s reputation has a negative impact on the price established by hosts. This result
supports the idea that the price determinants differ across regions, two aspects being
relevant for this situation - the level of the market development and the approach the
host has in building the listing’s reputation. Usually, an incipient market is registering
a high dynamic in terms of listings available from year to year, some of the hosts
adopting long-run strategies to build their reputation. Also, no matter the level of
market development, there will always be new hosts joining the platform, aiming to
achieve notoriety rapidly. In both cases, these hosts are willing to charge lower prices
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to receive more bookings, increase the occupancy rate, and receive more reviews.
Moreover, correlating these aspects with a high level of involvement, the owners will
be able to achieve both very good review scores and a high number of reviews, a
proof of the high-quality experience they provide.

Thus, the results obtained may represent appropriate guidelines for the persons
willing to rent their apartments/homes through a sharing economy platform in
choosing the best strategy. The “right price” must be established starting from the
home’s characteristics and facilities provided to clients. Then, according to their
objectives (short-run or long-run), they will have to adjust the price in relation to the
distance to the city centre and their involvement.

6.3. Limitations of the study

The price’s determinants differ undoubtedly across regions due to the regions’ charac-
teristics and economics and due to Airbnb development. As a result, testing the pro-
posed model on a developing market may represent a limitation of the study.
Comparing with previous studies, most of the price determinants have a similar influ-
ence on pricing decision, but there are also other factors with a different impact, cre-
ating new opportunities for further studies.

The influence of market development on the relationship between a listing’s repu-
tation and the price represents one of the aspects that will be studied in the future.
In mature markets, owners who achieve reputation use this asset to obtain higher rev-
enues, while in the case of incipient markets, the goal of achieving reputation may be
associated with lower prices.
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