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ABSTRACT 

The COVID-19 pandemic has imposed radical transformations in many areas and caused a negative 

impact on the transportation sector and mobility activities due to the successive waves of mutated 

coronavirus strains. The study proposed an assessment of the impact of the pandemic on passengers’ 

use of different transport modes and travel activities by conducting a survey in two capitals, Budapest 

– Hungary, and Amman – Jordan, based on the frequency of usage of mobility services before and 

during COVID-19, associated with various socio-economic and demographical characteristics. The 

SPSS software v.26 and Structural Equation Models, SEM were used for analysing and emphasizing 

the hypotheses. Investigations show a significant shift in transport modes and travel activities with the 

applied travel restrictions, while mobility patterns are directly correlated with the spread of the 

COVID-19 virus. 
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INTRODUCTION 

The research will focus on the impact of the COVID-19 pandemic on mobility and 

transportation and whether the procedures and forced restrictions that have been applied at that 

time were efficient and worked effectively to prevent the spread of the disease. Mobility and 

movement are essential for sustaining life and achieving economic, social and environmental 

integration. Unfortunately, the errors that occurred during the waves of the COVID-19 

pandemic paralysed life in several respects causing negative impacts. Therefore, researchers 

should cooperate to conduct a comprehensive plan that – by including all necessary 

dimensions, by assessing the risks and consequences of COVID-19, and by taking into account 

all threats and obstacles that occured - will – be the basis for other comprehensive strategic 

sustainable plans in the future. It is a fact that even if we have begun to recover from this crisis 

and the disease has been contained to some degree, this does not mean that the dangers 

disappeared or the threats will not return in one way or another. It was necessary to study the 

impact of the pandemic from the users’ point of view and their satisfaction in light of the 

applicable preventive measures and instructions, as well as to measure the impact on the 

sustainability of the transport sector, in addition to anticipating the future of digital 

transformation from the users’ perspective. The seriousness of the pandemic compared to 

others meant that it was not confined to a certain region to be quarantined and contained as its 

predecessors. Unfortunately, the disease developed itself so that vaccines did not constitute 

complete protection, and the fact that some people disregarded safety measures, whether when 

using modes of transportation or in other places, led to disasters. Governments can achieve 

sustainability if they maintain sustainable transportation balances. A sustainable transportation 

system is defined as “one in which (a) current social and economic transportation needs are 

met in an environmentally conscious manner while (b) future generations’ ability to meet their 

own needs is not jeopardized”. However, the public transport system will not be successful 

unless it satisfies passengers, as it is essential to increase the use of public transport at a regional 

level, it is essential to stop reducing the number of public transport service routes to decrease 

travel times, cover more comprehensive areas, and improve service quality to ensure customer 

satisfaction [1]. Challenges regarding transportation infrastructure planning are connected with 

development, including current issues such as the debate on how to achieve “transport 

sustainability” [2, 3] or “sustainable mobility” [4]. The evaluation intelligent mobility model 

consists of four indicators to measure and assess the sustainability of the system these are: 

Efficiency, Technology integration, Traffic congestion, and Accessibility rate. If they do not work as 

they should, a major delay will be caused spreading all over the day. As it continues to rush hours, a 

smart system should be applied to solve this problem by providing accurate data and convenient 

information and suggesting suitable directions all along the road until arriving at the destination [5]. 

The systems should include a combination of ICT and AI that help people navigate other smart public 

transport services; so when it works effectively and efficiently, it will serve as the backbone [6]. 

LITERATURE REVIEW 

Since mobility played a major role in the spread of COVID-19 disease, most countries applied 

restrictions for commuters within transport modes to control the spread as much as possible. 

During the COVID-19 pandemic some choose to use public transport for long-distance trips, 

while others have entirely shifted to other motorized or non-motorized modes. In many cities 

hygiene, cleanliness, temperatures checking, safe social distancing, masks, and gloves were 

mandatory, or at least masks were made compulsory [7]. For this and for other reasons 

passengers tried to shift to modes that are less congested or avoid travelling during peak hours 

as much as they can. In some developed countries, innovative technology, AI, and mobile 

applications for checking were used; Beijing allows access just through appointment to prevent 
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crowding, Singaporeans used a Bluetooth signal between devices to prevent close distancing 

and to avoid connecting with infected people, some countries urged people to download an 

application to mobiles and smart devices that contain demographic data not just for transport 

access but also in any public places and buildings [8]. Many attempts to study the current 

situation in the presence of COVID-19, and because the transportation system has a wide 

flexibility and can be evaluated and assessed for any risk with a comprehensive performance 

to reach an optimal solutions [9], and to search for the practical means of application for the 

benefit of the transportation sector by evaluating the current situation, making simulations 

similar to reality and studying the modes and activities before and during the pandemic. Several 

observations, qualitative and quantitate studies found that to make a comparison between 

before and during the COVID-19 pandemic the suitable scenario is to measure the frequency 

of use [10]. Many researchers conducted interesting studies to assess the various transportation 

risk management, for example, but not limited to, some studies that assessed the air transport 

combined with risk management [11], while other studies assessed only roads transport [12]. 

COVID-19 and other global illnesses have a massive influence on tourism, transportation, 

economics, and energy demand [13]. Therefore, an efficient transportation system should be 

linked to enhance sanitary conditions and ventilation in public transit and lowering the risk of 

the pandemic [14]. According to the findings of the study, hazard increases primarily in public 

transportation because it is a shared environment. However, some public spaces are much 

worse than public transport due to CO2 concentration, so it is a matter of design and operation 

that is always connected with efficiency regardless of the place or period of exposure. How to 

maintain passenger safety in public transport, whereas companies suffer financially? This is a 

balanced equation that should be achieved, it is the responsibility of the companies, the 

stakeholders, and transport sectors to assess the risk management tools and to conduct the 

essential cost-effective analysis, such assessment will make the mobility system more effective, 

because public transit sector caused enormous socioeconomic and environmental problems that 

can be avoided [15]. To explore the impacts of COVID-19 on people movements, some 

interviews were made with young adults in Melbourne and Victoria, Australia. The study 

indicates that there are considerable effects on short-distance travel by all young people, but 

for long-distance travel, consequences are dependent on how they are progressing through 

critical life stages, because the pandemic had a negligible impact on some respondents, while 

it had a more significant impact on others, due to the acceleration in life which coincided with 

the presence of the COVID-19 crisis [16]. A travel survey questionnaire was used to perceive 

passenger satisfaction during several types of daily trips; based on a survey in New Delhi. The 

critical variables that were found significant on commuters’ trip satisfaction and were taken 

into consideration include some demographic characteristics, such as gender, age, security, 

comfort, etc. The trip-satisfaction data are perfectly represented by logistic regression models 

using trip satisfaction modelling [17]. 

Countries took a different path when dealing with the pandemic; some countries, such as China, 

Spain, and Italy, applied lockdowns in some stages to control the disease, and others used what 

is called intelligent lockdowns such as Netherlands, Japan, and Turkey and asked the citizens 

not to move and stay home as much as they can. Other crucial notes during the pandemic were 

the positive environmental impact due to the reduction in vehicle usage, because of online 

learning and working, as well as people decreased their shopping, free time and social trips to 

the minimum and concentrated on essential trips. This significant reduction was the dominant 

feature in many countries, for example  in the early stages of the pandemic, in Australian cities, 

car use decreased by 35 % compared to the pre-COVID-19 period [18]. Other cities experienced 

a huge reduction: more than 80 % in Milan, Rome, Barcelona, Madrid, Paris and around 70 % in 

Moscow, New York, London, Boston, Lisbon in car traffic in March 2020 [19].Threats in using 

public transport should make planners seriously think of solutions using modern technology to 
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develop smartphone applications to use for choosing the suitable mode of transportation, suitable 

activity, or suitable areas during the day, while they should also try to shift toward more 

sustainable urban mobility by encouraging walking and cycling as much as possible by 

implementing certain services with suitable infrastructure and facilities [20]. 

METHODOLOGY 

The study consists of a questionnaire survey that intended to use the necessary tools to make a 

comparison between two capitals: Budapest in Hungary and Amman in Jordan. The questions 

are defined by the frequency of usage with several multiple-choice answers assessing the 

passenger’ perception for mobility, before and during the COVID-19 pandemic. Figure 1 

shows the outdoor activities vs. transportation modes. 

 

Figure 1. Outdoor activities vs. transportation modes. 

The study summarizes the hypotheses as follows: 

Hypothesis H1 assesses the frequencies of usage of each transport mode the participants have 

been asked about; how often they use each transport mode before and during the pandemic for 

different outdoor activities [21, 22]. 

Hypothesis H2 studies the effectiveness of the restrictions and procedures applied to prevent 

catching COVID-19 while using transport modes. 
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PRIMARY STATISTICAL ANALYSIS  

Viewing the outcomes, which aimed to assess the impact of COVID-19 on users of road 

transport before and during the pandemic by testing the variables and items with statistical 

analysis using Microsoft Excel, statistical programs SPSS v. 26 [23] and AMOS [24].The 

major descriptive and analysis plan concentrated on the frequency of usage as a matrix, where 

several multiple-choice questions were asked simultaneously in a grid format. The Pearson 

Coefficient for validity and Cronbach’s Alpha for reliability were helpful and worthy at 

significant level (α = 0,05), the mean, standard deviance, variance, skewness and kurtosis [25] were 

generated to make the necessary comparison.  

TEST OF NORMALITY  

HYPOTHESIS H1 

Normality for before and during the COVID-19 pandemic is checked [26] through the 

Kolmogorov-Smirnov test [27].At the level of significance (α ≥ 0,05), the kurtosis and skew values 

were also checked to ensure the acceptable ranges (–10, +10) and (–3, +3), respectively [28], for both 

Amman and Budapest. The reults shows that the distribution for the first hypothesis is not normal 

for all variables (gender, educational level, age, occupation and income) for the items related to the 

frequent use of different modes of transportation as shown in Figure 2. 

 
Figure 2. Distribution test for Budapest and Amman. 

HYPOTHESIS H2 

Amman shows that the distribution of the Kolmogorov-Smirnov test for most variables 

(educational level, occupation and income) was more than the level of significance (α = 0,05), 
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This indicates that the distribution is normal for these variables. While for Budapest, the 

distribution of the Kolmogorov-Smirnov test is statistically significant for the variable (age, 

education, and income) and the distribution is not normal, while the statistical significance 

values for the variable (gender) indicates that the distribution is normal for this variable. In 

addition, the tests confirm that the values of kurtosis and skewness are acceptable for all 

variables and located within the ranges (–10, +10) and (–3, +3), respectively. 

SECONDARY STATISTICAL ANALYSIS 

Such tests include Homogeneity, the purpose is to test if the variances of groups are equal. If 

such an assumption is violated, a statistical adjustment needs to be done. It is assessed by using 

the Levene’s test for equality of variances and the Scheffé statistical test [29]. The test of 

Multicollinearity measures the correlation between variables and logistic regression. 

Multicollinearity means that there should be no interaction between the independent variables [30]. 

The Variance Inflation Factor (VIF) values should be measured less than three to guarantee the 

independency between variables [31]. The test of Reliability [32], Cronbach’s Alpha [33] is 

used since it measures the internal consistency, that is, how closely related a set of an acceptable 

level of reliability is. The higher the value, the greater is the stability of the value. For the 

questionnaire it was greater than 0,8 which is considered a very good level of stability. 

However to check the independent variables and their interaction i.e. how they act with each 

other, the ANOVA test was used under the conditions of normality distribution and 

homogeneity with values less than the level of statistical significance (α = 0,05) [34]. Although 

such tests explain the significant of the hypothesis, it does not specify which variable or 

variables have the greatest impact. On the other hand, validity is a measurement of the 

correlation between variables, degree and direction of the relationships. The Pearson 

Coefficient [35] is used to generate a correlation matrix for all items of the hypothesis. It found 

significant at 0,01 level (2-tailed), which means that the phrases of hypothesis, are 

understandable and clear to the participants. Exploratory Factor Analysis (EFA) [36], and 

Confirmatory Factor Analysis (CFA) were conducted for identifying and explaining the 

relationship between variables by categorizing them based on specific linkages and to discover 

the underlying factors by computing the factor scores to represent the items as groups. A very 

important analysis is the Kaiser-Meyer-Olkin (KMO) and Bartlett’s test of Sphericity [37]. The 

test measures sampling adequacy for each variable in the model, see Tables 1 and 2. CFA used 

to confirm the relationship between variables by testing the hypotheses, then to ensure that the 

hypotheses’ variables fit as model/ models. However, it should be mention at this stage that 

sometimes we cannot assume the groups are indeed totally independent, because under the 

influence of several variables  the users can easily move from one mode to another [38, 39]. 

CFA allows for the assessment fit for the model that specifies the hypothesized causal relations 

between latent factors and their indicator [40]. 

STRUCTURAL EQUATION MODELS SEM 

Utilizing SPSS and AMOS to reach the final model, Confirmatory Factor Analysis CFA to 

investigate whether the results based on EFA as the initial model need to be modified, by 

checking the goodness of fit. Also the indeces should be taken into consideration when 

applying the Structural Equation Models SEM [41]. The significance and acceptance are 

determined by Chi-squared goodness of fit test, normed Chi-squared test, Chi-squared Ratio, 

Goodness of fit index (GFI), Adjusted goodness of fit index (AGFI), Normed fit index (NFI), 

Tucker-Lewis Index (TLI). The Comparative fit index (CFI) is between 0,9 and 1,0 and Root 

mean square error of approximation (RMSEA) less than 0,08 [42]. 
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Table 1. Amman EFA before COVID-19, during COVID-19 and the change between them [37]. 

 KMO and Bartlett’s Test 

Before COVID-19 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0,891 

Bartlett’s Test of 
Sphericity 

Approx. Chi-Square 15473,935 

Df 1431 

Sig. 0,000 

During COVID-19 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0,894 

Bartlett’s Test of 
Sphericity 

Approx. Chi-Square 15577,402 

Df 1431 

Sig. 0,000 

Change (Before – 
During COVID-19) 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0,718 

Bartlett’s Test of 
Sphericity 

Approx. Chi-Square 1436,029 

Df 190 

Sig. < 0,001 

Table 2. Budapest EFA before COVID-19, during COVID-19 and the change between them [37]. 
 KMO and Bartlett’s Test 

Before COVID-19 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0,875 

Bartlett’s Test of Sphericity 

Approx. Chi-Square 12276,555 

Df 1431 

Sig. 0,000 

During COVID-19 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0,877 

Bartlett’s Test of Sphericity 

Approx. Chi-Square 12268,974 

Df 1431 

Sig. 0,000 

Change (Before – 
During COVID-19) 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0,874 

Bartlett’s Test of Sphericity 

Approx. Chi-Square 2300,692 

Df 190 

Sig. 0,000 

After computing the measurement models and utilizing the fit statistics tests, the results show 
that the best fit models for Amman and Budapest are significant for the hypotheses H1 and H2 
i.e., identify the relationship between COVID-19 and the transport mode, as well as the 
correlation between the change in mobility for the same activities between (before and during) 
and the probability of catching the disease while using the different transport modes. Both 
hypotheses are statistically significant. By obtaining the p-value (probability) of less than 0,05 
which is acceptance, the findings revealed that the moderate degree of infection or catching the 
disease is the core factor influencing the respondents in deciding movements and mobility. 
Thus, hypotheses H1 and H2 have supported the assumptions, and the results improved 
significantly by utilizing both hypotheses together to represent the structural model. 

CONCLUSION 

The statistical analysis revealed that, in most cases, there are statistically significant differences 
between variables, which fulfils the requirements for Homogeneity and Multicollinearity. 

The reliability and validity results are acceptable since they are at statistical threshold rates, even 

though there are apparent differences in the values of reliability between Amman and Budapest. This 

can be clearly and logically justified based on the fact that primary modes of transportation in 

Amman relies on private vehicles and taxis, while in Budapest it is basically trams, motors and buses. 
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The findings from the descriptive analysis corresponding with activities and mobility showed 

that the non-motorized modes such as walking and bike riding increased during the pandemic. 

Concerning the second hypothesis, comparing the mean for how the respondents would rate 

the probability of catching COVID-19 while using transport modes such as buses, trams, and 

the metro showed the highest values. They were ranked as high to extremely high probability 

to catch the disease. Chi-Square tests and the degree of freedom showed good EFA formulas, 

and this explains why CFA was used to assess the model’s fitness. Both findings supported the 

critical factors that must be considered and incorporated for a transportation study to be 

comprehensive. 

REFERENCES 

[1] Susniene, D.: Quality approach to the sustainability of public transport. 
Transport 27(1), 102-110, 2014, 

http://dx.doi.org/10.3846/16484142.2012.668711, 

[2] Greene, D.L. and Wegener, M.: Sustainable transport. 
Journal of Transport Geography 6923(97), 177-190, 1997, 

[3] Feitelson, E. and Chenoweth, J.: Water poverty: towards a meaningful indicator. 
Water Policy 4(3), 263-281, 2002,  

http://dx.doi.org/10.1016/S1366-7017(02)00029-6, 

[4] Banister, D.: Cities, mobility and climate change. 
Journal of Transport Geography 19(6), 1538-1546, 2011, 

http://dx.doi.org/10.1016/j.jtrangeo.2011.03.009,  

[5] Zhou, X., et al.: A Spatial-Temporal Method to Detect Global Influenza Epidemics Using 

Heterogeneous Data Collected from the Internet. 
IEEE/ACM Transactions on Computational Biology and Bioinformatics 15(3), 802-812, 2018, 

http://dx.doi.org/10.1109/TCBB.2017.2690631, 

[6] Nguyen, C.T., et al.: A Comprehensive Survey of Enabling and Emerging Technologies 

for Social Distancing - Part I: Fundamentals and Enabling Technologies. 
IEEE Access 8, 153479-153507, 2020, 

http://dx.doi.org/10.1109/ACCESS.2020.3018140, 

[7] ITDP: How China Kept Transit Running During Covid-19. 2020. 
https://www.itdp.org/2020/07/03/how-china-kept-transit-running-during-covid-19, accessed 27th 

June, 2021, 

[8] UNCRD: Covid-19 Pandemic and the Subsequent Effect on Public Tranport in Asia. 
https://sdgs.un.org/sites/default/files/2021-01/UNCRD_13th%20EST_Background 

%20paper%20for%20Policy%20Dilogue%201-UNESCAP-UNCRD.pdf, accessed 27thJune, 2021 

[9] Zhang, H.; Li, D.; Xie, L. and Xiao, Y.: Documentary Research of Human Respiratory 

Droplet Characteristics. 
Procedia Engineering 121, 1365-1374, 2015, 

http://dx.doi.org/10.1016/j.proeng.2015.09.023, 

[10] Wan, D., et al.: Customer satisfaction with bus rapid transit: a study of New York City 

select bus service applying structural equation modelling. 
Public Transport 8(3), 497-520, 2016, 

http://dx.doi.org/10.1007/s12469-016-0135-x, 

[11] Clothier, R.A.; Williams, B.P.; Fulton, N.L. and Lin, X.: ALARP and the Risk Management 

of Civil Unmanned Aircraft Systems. 
In: Australian System Safety Conference 2013. Australian Computer Society, Melbourne, 2013, 

[12] Budzynski, M.; Luczkiewicz, A. and Szmaglinski, J.: Assessing the risk in urban public 

transport for epidemiologic factors. 
Energies 14(15), 1-34. 2021, 

http://dx.doi.org/10.3390/en14154513,  

http://dx.doi.org/10.3846/16484142.2012.668711
http://dx.doi.org/10.1016/S1366-7017(02)00029-6
http://dx.doi.org/10.1016/j.jtrangeo.2011.03.009
http://dx.doi.org/10.1109/TCBB.2017.2690631
http://dx.doi.org/10.1109/ACCESS.2020.3018140
https://www.itdp.org/2020/07/03/how-china-kept-transit-running-during-covid-19
http://dx.doi.org/10.1016/j.proeng.2015.09.023
http://dx.doi.org/10.1007/s12469-016-0135-x
http://dx.doi.org/10.3390/en14154513


Assessment of the impact of the Covid-19 crisis on transportation and mobility – analysis ... 

373 

[13] Hauser, P.; Schönheit, D.; Scharf, H.; Anke, C.P. and Möst, D.: Covid-19’s impact on 

European power sectors: An econometric analysis. 
Energies 14(6), 2021, 

http://dx.doi.org/10.3390/en14061639,  

[14] Xu, F.; Connell McCluskey, C. and Cressman, R.: Spatial spread of an epidemic through 

public transportation systems with a hub. 
Mathematicl Biosciences 246(1), 164-175, 2013, 

http://dx.doi.org/10.1016/j.mbs.2013.08.014, 

[15] Barrero, R.; Van Mierlo, J. and Tackoen, X.: Energy savings in public transport. 
IEEE Vehicular Technology Magazine 3(3), 26-36, 2008, 

http://dx.doi.org/10.1109/MVT.2008.927485, 

[16] Delbosc, A. and McCarthy, L.: Pushed back, pulled forward: Exploring the impact of 

COVID-19 on young adults’ life plans and future mobility. 
Transport Policy 107, 43-51, 2021, 

http://dx.doi.org/10.1016/j.tranpol.2021.04.018, 

[17] Washington, S.P.; Karlaftis, M.G.; Mannering, F.L. and Anastasopoulos, P.: Statistical 

and econometric methods for transportation data analysis. 
Taylor & Francis, Oxfordshire, 2010, 

[18] Beck, M.J. and Hensher, D.A.: Insights into the impact of COVID-19 on household travel 

and activities in Australia – The early days of easing restrictions. 
Transport Policy 99, 95-119, 2020, 

http://dx.doi.org/10.1016/j.tranpol.2020.08.004, 

[19] Statista, S.: Year-on-year traffic change during a period of national emergency related to 

coronavirus in selected countries between February and December 2020. 
https://www.statista.com/statistics/1106135/change-in-daily-traffic-volume-amid-coronavirus-

crisis-key-countries, accessed 27th June, 2021, 

[20] Boulange, C., et al.: Examining associations between urban design attributes and transport 

mode choice for walking, cycling, public transport and private motor vehicle trips. 
Journal of Transport & Health 6, 155-166, 2017, 

http://dx.doi.org/10.1016/j.jth.2017.07.007, 

[21] Politis, I., et al.: Mapping travel behavior changes during the COVID-19 lock-down: a 

socioeconomic analysis in Greece. 
European Transport Research Review 13(1), No.21, 2021, 

http://dx.doi.org/10.1186/s12544-021-00481-7, 

[22] Matyas, M. and Kamargianni, M.: Survey design for exploring demand for Mobility as a 

Service plans. 
Transportation 46(5), 1525-1558, 2019, 

[23] Meulman J. and Heiser, W.: IBM SPSS Categories 21, 2013. 
https://www.sussex.ac.uk/its/pdfs/SPSS_Categories_21.pdf, 

[24] Sarstedt, M.; Ringle, C.M. and Hair, J.F.: Partial Least Squares Structural Equation Modeling. 
In: Homburg, C.; Klarmann, V. and Vomberg, A., eds.: Handbook of Market Research. Springer, 

Cham, pp.587-632, 2022, 

http://dx.doi.org/10.1007/978-3-319-57413-4_15, 

[25] Arevalillo J.M. and Navarro, H.: Skewness-kurtosis model-based projection pursuit with 

application to summarizing gene expression data. 
Mathematics 9(9), No.954, 2021, 

http://dx.doi.org/10.3390/math9090954, 

[26] Ghasemi, A. and Zahediasl, S.: Normality tests for statistical analysis: A guide for 

non-statisticians. 
International Journal of Endocrinology and Metabolism 10(2), 486-489, 2012, 

http://dx.doi.org/10.5812/ijem.3505, 

http://dx.doi.org/10.3390/en14061639
http://dx.doi.org/10.1016/j.mbs.2013.08.014
http://dx.doi.org/10.1109/MVT.2008.927485
http://dx.doi.org/10.1016/j.tranpol.2021.04.018
http://dx.doi.org/10.1016/j.tranpol.2020.08.004
https://www.statista.com/statistics/1106135/change-in-daily-traffic-volume-amid-coronavirus-crisis-key-countries
https://www.statista.com/statistics/1106135/change-in-daily-traffic-volume-amid-coronavirus-crisis-key-countries
http://dx.doi.org/10.1016/j.jth.2017.07.007
http://dx.doi.org/10.1186/s12544-021-00481-7
https://www.sussex.ac.uk/its/pdfs/SPSS_Categories_21.pdf
http://dx.doi.org/10.1007/978-3-319-57413-4_15
http://dx.doi.org/10.3390/math9090954
http://dx.doi.org/10.5812/ijem.3505


M.M. Shatnawi and Z.Rajnai 

374 

[27] Massey, F.J.: The Kolmogorov-Smirnov Test for Goodness of Fit. 
Journal of the American Statistical Association 46(253), 68-78, 2017, 

http://dx.doi.org/10.2307/2280095, 

[28] Trivedi, M.: Unit 4 Skewness and Kurtosis. 
http://www.igntu.ac.in/eContent/IGNTU-eContent-467281593500-B.Com-4-

Prof.ShailendraSinghBhadouriaDean&-BUSINESSSTATISTICS-All.pdf, 

[29] Lee, S. and Lee, D.K.: What is the proper way to apply the multiple comparison test? 
Korean Journal of Anesthesiology 71(5), 353-360, 2018, 

http://dx.doi.org/ 10.4097/kja.d.18.00242, 

[30] Kim, J. H.: Multicollinearity and misleading statistical results. 
Korean Journal of Anesthesiology 72(6), 558-569, 2019, 

http://dx.doi.org/10.4097/kja.19087,  

[31] Thompson C.G., et. al: Extracting the Variance In flation Factor and Other Multicollinearity 

Diagnostics from Typical Regression Results. 
Basic and Applied Social Psychology 39(2), 81-90, 2017, 

http://dx.doi.org/ 10.1080/01973533.2016.1277529, 

[32] Maxwell, J.: Understanding and Validity in Qualitative Research. 
Harvard Educational Review 62(3), 279-301, 1992, 

http://dx.doi.org/10.17763/haer.62.3.8323320856251826, 

[33] Shamsudin, M.F., et. al: Exploratory study of students’ decision for enrolment at University 

Kuala Lumpur business school campus. 
Humanities & Social Sciences Reviews 7(2), 526-530, 2019, 

http://dx.doi.org/10.18510/hssr.2019.7262, 

[34] Pereira, D.G., et. al: Overview of Friedmans Test and Post-hoc Analysis. 
Communications in Statistics - Simulation and Computation 44(10), 2636-2653, 2015, 

http://dx.doi.org/10.1080/03610918.2014.931971, 

[35] Credibility, A.: Pearson’s Correlation.10-12, 
http://www.statstutor.ac.uk/resources/uploaded/pearsons.pdf, 

[36] Osborne, J.W.: What is rotating in exploratory factor analysis? 
Practical Assessment, Research, and Evaluation 20(2), 1-7, 2015, 

http://dx.doi.org/10.7275/hb2g-m060, 

[37] Hadia, N.U., et. al: An Easy Approach to Exploratory Factor Analysis: Marketing Perspective. 
Journal of Educational and Social Research 6(1), 215-223, 2016, 

http://dx.doi.org/10.5901/jesr.2016.v6n1p215, 

[38] Machado, A.M.C., et. al: Exploratory factor analysis in morphometry. 
In: Taylor, C. and Colchester, A., eds: Medical Image Computing and Computer-Assisted 

Intervention – MICCAI’99. Lecture Notes in Computer Science 1679. Springer, Berlin & 

Heidelberg, pp.378-385, 1999, 

http://dx.doi.org/ 10.1007/10704282_41, 

[39] Marcoulides, G.A. and Hershberger, S.L.: Multivariate Statistical Methods. 
Psychology Press, New York, Ch.8, 1997, 

http://dx.doi.org/10.4324/9781315805771, 

[40] DiStefano, C. and Hess, B.: Using confirmatory factor analysis for construct validation: 

An empirical review. 
Journal of Psychoeducational Assessment 23(3), 225-241, 2005, 

http://dx.doi.org/10.1177/073428290502300303, 

[41] Al Muala, A.; Al Ziadat, M.; Albarq, A.N. and Al-Majali, M.: Applications of Structural 

Equation Modeling (SEM ) in Humanities and Science Researches. 
In: 4th Global Islamic Marketing Conference. Istanbul, 2013, 

[42] Marquie, B.: SPSS AMOS : Measurements of Goodness of fit. 2019. 
https://www.sheffield.ac.uk/media/30991/download?attachment, accessed 28thJune, 2021. 

 

http://dx.doi.org/10.2307/2280095
http://www.igntu.ac.in/eContent/IGNTU-eContent-467281593500-B.Com-4-Prof.ShailendraSinghBhadouriaDean&-BUSINESSSTATISTICS-All.pdf
http://www.igntu.ac.in/eContent/IGNTU-eContent-467281593500-B.Com-4-Prof.ShailendraSinghBhadouriaDean&-BUSINESSSTATISTICS-All.pdf
http://dx.doi.org/%2010.4097/kja.d.18.00242
http://dx.doi.org/10.4097/kja.19087
http://dx.doi.org/%2010.1080/01973533.2016.1277529
http://dx.doi.org/10.17763/haer.62.3.8323320856251826
http://dx.doi.org/10.18510/hssr.2019.7262
http://dx.doi.org/10.1080/03610918.2014.931971
http://www.statstutor.ac.uk/resources/uploaded/pearsons.pdf
http://dx.doi.org/10.7275/hb2g-m060
http://dx.doi.org/10.5901/jesr.2016.v6n1p215
http://dx.doi.org/%2010.1007/10704282_41
http://dx.doi.org/10.4324/9781315805771
http://dx.doi.org/10.1177/073428290502300303
https://www.sheffield.ac.uk/media/30991/download?attachment

