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In the current phase of artificial intelligence development, more and more attention is being paid to 
technologies that make autonomous decisions. Little attention has been paid to the customers’ and job 
seekers’ perceptions of heavily technology-empowered organizations in the management and marketing 
literature. The purpose of this research is to fill this research gap. A between-subject experiment with fictitious 
brands was conducted with 239 subjects to answer four hypotheses about customers’ attitudes, intention to 
use the offer, intention to recommend the company to others, and job seekers’ intentions. The results show 
that an autonomous algorithm universally influences job seekers more than customer referral behaviors. 
People confronted with brochures from banks and hospitals that use autonomous technologies express a 
higher intention to work in such organizations than in analogous institutions that do not offer such a service. 
However, only in banks that use autonomous algorithms the customers have a more positive attitude and a 
higher intention to use or recommend the service. The hospital’s unknown brand does not benefit from such 
an advertising approach. This is the first study ever conducted with fictitious brands of banks and hospitals to 
investigate the referral towards companies using autonomous technologies. The topic is worth exploring as key 
market players (such as Oracle) recognize autonomous technologies as the most ground-breaking innovation 
that will shape business in the coming years.

keywords:  autonomous systems, intelligent technologies, marketing, innovation, employer branding, customer 
behavior. 
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TO BOAST OR NOT TO BOAST: THE IMPACT OF 
ADVERTISING THE USE OF AUTONOMOUS ALGORITHMS  
TO BANK AND HOSPITAL CUSTOMERS AND EMPLOYEES

1. INTRODUCTION

Technology can already make decisions without hu-
man intervention due to the progress in artificial in-
telligence. It has evolved from a human support tool 
into a decision-maker (Schaefer et al., 2015), even if 
human consent to its independence is limited. The 
transfer of the decision-making domain to machines 
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is directly related to techno-empowerment (Mod-
linski and Gladden, 2021). The phenomenon refers to 
employee empowerment, which lets human workers 
decide by delegating responsibility and control over 
tasks (Hui et al., 2004). Techno-empowerment is 
spreading through synchronizing several important 
inventions developed during the fourth industri-
al revolution, such as IoT or Cyber-Physical Systems 
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(Martins et al., 2020). The most popular autonomous 
technology projects are developing in the automotive 
and financial industries. However, autonomous tech-
nology is predicted to spread in the coming years and 
be applied to various processes inside and outside 
companies (Goldbach et al., 2019; Perula-Martinez et 
al., 2019).

The engine of the fourth industrial revolution is 
artificial intelligence, defined as programs that can 
collect, process, and learn from data (Akerkar, 2019). 
Artificial Intelligence (AI) has made it possible to re-
place employees performing monotonous tasks. Thus, 
the organizational space has been ‘slimmed down,’ 
non-human agents have emerged and helped hu-
mans achieve strategic goals. Artificial intelligence is 
becoming increasingly important. A report by Fortune 
Business Insights (2020) reveals that the global mar-
ket for artificial intelligence was estimated at over 27 
billion dollars in 2019 and that this figure will increase 
tenfold in the coming decade. However, artificial in-
telligence does not exist in a single form, and not all 
AI is autonomous technology. It continues to evolve, 
and its use is changing significantly. Lee (2018) distin-
guishes four phases in the development of artificial 
intelligence: Internet AI (IAI), Business AI (BAI), Per-
ceptual AI (PAI), and Autonomous AI (AAI). IAI is based 
on algorithms that make recommendations and learn 
users’ preferences. BAI is based on algorithms that 
collect data from companies and look for unique cor-
relations (e.g., between consumer behavior). PAI is 
based on real-world sensors that monitor the organ-
ization’s environment and collect data. Finally, AAI is 
a combination of all previous solutions with a senso-
ry potential that increases the ability of machines to 
make autonomous decisions (Lee, 2018).

Humanity is only in the early stages of AAI de-
velopment. In the current phase, AI algorithms col-
lect data and propose solutions that humans should 
approve. Autonomy in decision-making has been 
delegated to algorithms to a relatively small extent 
(cleaning the office and keeping a calendar of meet-
ings). Nevertheless, the number of corporate projects 
and start-ups that want to deploy autonomous tech-
nologies on the market is increasing significantly. No-
table examples include cars and investment services. 
This article aims to answer the following question:
RQ1: 	Does indicating that a company uses 

autonomous algorithms affect the perceptions 
and intentions of consumers and potential 
employees?
This paper’s experimental study was designed 

to test four hypotheses based on the above research 
question and related to banks and hospitals where 
the technology may already make autonomous de-
cisions. The decision to select these two organiza-

tions was motivated by current research on autono-
mous algorithms in the medical and financial sectors 
(Brooks, 2021; Richens et al., 2020), suggesting that 
these organizations are already using or may use this 
technology shortly.

This is the first study to use fictional brands 
(hospitals and banks) to investigate perceptions of 
technology-enabled companies. While there are al-
ready companies operating under the broad term of 
self-driving companies, such as Cloudwalk or Stop & 
Shop, there has been no previous research on how 
consumers and potential job seekers perceive such 
organizations. The main contribution of this text is 
to fill this gap by providing a broader insight into the 
human perception of companies using autonomous 
technologies. Most previous publications focus on 
the perception of a specific autonomous product, i.e., 
self-driving cars (König and Neumayr, 2017; Hulse et 
al., 2018; Nazari et al., 2019; Modlinski et al., 2021). A 
more general perception of the organizations using 
this technology is surprisingly lacking.

This article will show what autonomous tech-
nology is and how it is used. It refers to previous 
research on consumer and employee perception of 
autonomous systems. Finally, the research method, 
results, and contributions are described. The results 
of an experimental study conducted with two ficti-
tious brands show that the ‘self-driving’ appeal has a 
more significant effect on potential employees than 
consumers. For banks and hospitals that advertise 
themselves as ‘self-driving,’ the intention of potential 
employees to find employment there is significantly 
higher than for banks and hospitals that do not use 
such an appeal in their advertising materials. Howev-
er, the ‘self-driving’ appeal is only partially effective 
with consumers. This advertising message works 
strongly for a bank but not for a hospital. Potential 
customers of an unknown bank show a more posi-
tive attitude, a higher intention to use the offer, and 
a higher willingness to recommend the company if 
it uses the ‘self-driving’ appeal. However, potential 
hospital patients show no differences in attitudes and 
intentions when such an appeal appears in the pro-
motional materials. To summarise, this paper shows 
that the ‘self-driving’ appeal is more universal when 
building an ‘employer brand’ than attracting custom-
ers. It could be particularly useful for banks’ advertis-
ing and marketing strategies.
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2. CONCEPTUAL BACKGROUND

2.1. Non-autonomous artificial intelligence

Artificial intelligence is used in organizations for var-
ious purposes. Firstly, it helps to run an organization 
more sustainably by enabling both cost savings (Ah-
mad et al., 2021), emissions reductions (Sachs et al., 
2019), and more efficient energy use (Vinuesa et al., 
2020), leading to a positive image among customers. 
Secondly, algorithms may provide more innovative 
services recognised and respected by the company’s 
shareholders (McCarthy, 2017). AI makes it possible 
to (a) forecast the customers’ interactions with the 
company more accurately, (b) plan and tailor the of-
fering to individual needs (Wedel and Kannan, 2016), 
and (c) improve service performance (Albrecht et al. 
l, 2021). Thirdly, thanks to artificial intelligence, organ-
izations can process information faster and adapt to 
environmental changes. AI provides scope for devel-
oping data-driven learning organizations based on a 
knowledge management approach (Al Mansoori et al., 
2021). Algorithms collect and combine data inside and 
outside the organization and look for meta-patterns 
that may improve overall performance (Thomas et al., 
2001). So far, algorithms have supported managers’ 
decisions rather than completely replacing humans. 

Thanks to the patterns found in big data, man-
agers can make decisions faster, which is a significant 
competitive advantage in a rapidly changing world 
(Agrawal et al., 2019). Fourthly, AI helps create value 
for employees and customers (Grundner and Neuhofe, 
2021). It protects an organization from cyber-attacks 
on its data assets, boosting customer confidence in 
the company using such systems. In addition, AI pro-
vides organizations with a significant opportunity to 
train employees through simulation and repetition. By 
encountering real cases and interacting with AI, em-
ployees are exposed to different scenarios they might 
face in the workplace. This better prepares them for 
work and enables them to perform some tasks more 
effectively (Novichov et al., 2021). Johann Bertram’s 
2015 experiment with police officers and firefighters 
showed that the effects of training in virtual reality 
are comparable to those of training in a real environ-
ment. Using intelligent bots that simulate criminals or 
the reactions of real fire and accident victims allows 
law enforcement and paramedics to analyse the en-
vironment faster, predict outcomes, and prepare for 
different types of hazards they might expect in the 
real environment (Bailenson, 2018). Ultimately, algo-
rithms take over monotonous and repetitive tasks 
that, in the past, were not motivating for humans but 
led to frustration and burnout (Cheng et al., 2020).

In all of the above cases, the technology is 

controlled by humans. Only in a few cases has this 
technology been granted decision-making autono-
my. IBM’s white paper refers to it as an autonomous 
agent (AA). It defines it as ‘software entities that carry 
out some set of operations on behalf of a user or an-
other program with some degree of independence or 
autonomy, and in so doing, employ some knowledge 
or representation of the user’s goals or desires.’ They 
are penetrating the defence and automotive indus-
tries quickly (Pěchouček et al., 2008). Oracle’s report 
suggests that these types of ‘self-driving’ algorithms 
can soon be expected in other industries, including 
healthcare and banking services (Baum, 2019). There-
fore, their social perception becomes particularly in-
teresting when they are used in industries that au-
tonomous agents have hardly explored.

2.2. Social perception of  
         Autonomous Agents (AAs)

Opinions on autonomous agents (AAs) differ. Sofge et 
al. l (2013) suggest that these differences depend on 
human perception and the type of decision that ma-
chines would ultimately make. Trust, perceived use-
fulness, and ease of use positively correlate to letting 
the autonomous agent make independent decisions 
(Modliński, 2022). In addition, previous experience 
and education level may influence a person’s approv-
al of an agent’s autonomy (Madhaven and Wiegmann, 
2007). Differences have even been found between 
men and women regarding intention towards auton-
omous agents (Modliński & Gladden, 2021). People 
are still skeptical about letting AAs make decisions, 
especially when this may impact the lives and surviv-
al of other humans (Gogoll and Uhl, 2018). This could 
be because people do not understand how artificial 
intelligence works (Buhmann and Fiesler, 2021). Re-
cent research shows that perceived risk correlates 
positively with the agent’s degree of autonomy in the 
decision-making process. However, at the same time, 
people value AA more when the relative advantage 
of their use increases (Rijsdijk and Hultink, 2003). It 
seems that certain character traits can influence the 
acceptance of AA. For example, extroverted people 
seem more willing to let the agent make independ-
ent decisions than introverted people (Goldbach et 
al., 2019). Recent research suggests that people are 
reluctant to let AAs make decisions in driving, legal 
matters, medical treatments, and military actions, re-
gardless of their (positive/negative) outcomes, which 
could be related to human-machine trans role conflict 
(Modliński et al., 2022). However, the same authors 
found that this resistance decreases as AAs’ perceived 
experience and expertise increase (Bigman and Gray, 
2018). This suggests that portraying technology as a 
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fast in the banking sector. An extensive body of re-
search already demonstrates its high dynamics (Ber-
raies and Hamouda, 2018; Hilal, 2015; Nguyen et al., 
2014).

For many years, most banks have been pioneer-
ing (a) the ability to use an online service, (b) pay-
ment by phone (World Retail Banking Report, 2020), 
and (c) the help of virtual assistants (Lazarro, 2017). 
Bank customers are already used to digital innova-
tions such as chatbots (Eren, 2021), gamification apps 
(Bitrian et al., 2021), or wearables (Steiner and Maas, 
2018) and are particularly open to them. In addition, 
such innovations correlate positively with customer 
satisfaction and loyalty (YuSheng and Ibrahim, 2019). 
Banks are pioneers in the implementation of such 
solutions. For this reason, they could also be natu-
ral candidates for implementing innovations such as 

“self-driving” algorithms in consumers’ perception. In 
contrast, potential patients are less receptive to in-
novations in medical services and pay more attention 
to credibility and the relationship with a doctor (Kim 
et al., 2017). Although they have been sensitized to 
the possibilities of new technologies by the COVID-19 
pandemic (Deloitte 2020 Survey of US Health Care 
Consumers), their interest in innovation in this area 
is still low (Rubin, 2020). The following hypotheses 
have therefore put forward:
H1: 	 The advertising appeal that shows that a 

company uses autonomous algorithms 
influences the attitude of bank customers, not 
hospital customers.

H2: 	 The advertising appeal that shows that a 
company uses autonomous algorithms 
influences the intention to use the offer of bank 
customers but not that of hospital customers.

H3: 	 The advertising appeal, which shows that 
a company uses autonomous algorithms, 
influences the intention of bank customers to 
recommend the offer but not the intention of 
hospital customers.

2.4.  Autonomous technology and ‘self- 
          driving’ appeal in employees’ perceptions

Disclosing a company’s innovative strength is one of 
several employer branding strategies that companies 
develop to attract the attention of potential employ-
ees. Employer branding is “generalized recognition for 
being known among critical stakeholders for providing 
a high-quality employment experience and a distinc-
tive organizational identity which employees value, en-
gage with, and feel confident and happy to promote to 
others” (Martin et al. 2011, 3618-9). Their main purpose 
is to attract and retain the most talented employees 
who can contribute to the value creation and growth 

‘competent’ agent with a proven track record of suc-
cess in a particular field may encourage people to 
delegate decisions. However, there is currently no re-
search evidence on how people respond to the offer 
of techno-empowered companies. Contemporary re-
searchers have mainly focused on human interaction 
with autonomous vehicles and the factors determin-
ing their acceptance and attitude toward them.

Several factors are responsible for accepting AAs. 
First, cultural background influences attitudes toward 
AAs (Xu & Fan, 2019). Recent research suggests that 
people from different cultures consider different ben-
efits/risks that an autonomous system entails (Yer-
don et al., 2017). Secondly, educational background 
and interest in new technologies (Grewal et al., 2000) 
correlate with attitudes toward AAs, so the higher the 
education, the more positive the attitude (Hudson, 
Orviska, and Hunady, 2019). Third, attitudes towards 
AA correlate with age, such that younger people have 
more positive attitudes than older people (Woldea-
manuel and Nguyen, 2019; Cirella et al., 2019). Fourth, 
there will be a more positive attitude toward AAs if 
their operations are understood (König and Neumayr, 
2017) and there is previous usage experience (Pen-
metsa et al., 2019). In addition, people differ in terms 
of their confidence in AAs. Kyriakidis et al. (2015) 
found that people’s biggest doubts are the safety 
and legal consequences of mistakes made by auton-
omous technologies. Therefore, it is assumed that 
the higher the risk of serious consequences (e.g., for 
health and life), the lower the willingness to use the 
product/service of the techno-empowered company.

2.3. Autonomous technologies and  
        ‘self-driving’ appeal in customer’s perception

One of the strategies companies use to arouse the 
interest of their customers is the introduction of 
service or product innovations (Gebauer et al., 2011). 
Over the past decade, the media has reported on the 
effectiveness of autonomous agents in certain areas. 
There has been much press coverage of autonomous 
algorithms that can secure financial transactions, 
e.g., as part of Blockchain technology (Minarsch et 
al., 2020) or provide patients with an accurate di-
agnosis (Richens et al., 2020). Recently, the concept 
of ‘self-driving’ finance has become important. It is 
based on autonomous algorithms that make inde-
pendent financial decisions (Brooks, 2021). ‘Self-driv-
ing’ is a colloquial term for autonomous technology 
that refers to self-driving cars - autonomous vehicles 
developed by Tesla and Weimo. When talking about 
‘self-driving’ technology, it means that it makes deci-
sions without human intervention. New technologies 
(including smart solutions) are spreading remarkably 
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3.2. Stimuli and pre-test

The stimuli were created using professional graphics 
software, similar to the hospital’s and bank’s adver-
tising materials. The graphic design of the materials 
for the hospital and the bank did not differ. Both were 
created on a dark green and grey canvas. The only dif-
ferences were the company’s name (MediCom - for 
the hospital; Swiss GoldBank - for the bank) and the 
scope of the offer (medical vs. financial). In the control 
groups (non-techno-empowered companies), it was 
emphasized that people make all decisions regard-
ing customers (patients). In the experimental groups 
(techno-empowered companies), it was emphasized 
that decisions about finances (bank) or patient diag-
noses (hospital) were made by algorithms (robots). 
The primary idea behind the experiment was to test 
whether techno-empowerment influences attitudes, 
purchase intentions, and willingness to recommend 
the company depending on its services. It was also 
intended to test whether people prefer to work in 
companies where techno-empowerment is practiced 
or in companies where it is not.

After the materials had been created, 40 people 
were invited to pre-tests. They were asked to give 
their opinion on who makes the most important de-
cisions in a particular organization. Each leaflet was 
presented to 10 people. Respondents answered the 
following single-item question: ‘Who makes the de-
cisions about customers’ finances/patients’ diagnosis 
in the given company?’. Possible answers were: (a) 
human personnel, (b) machines, (c) nobody, (d) the 
customers themselves / the patients themselves. In 
the case of G1, G2, and G4, all respondents answered 
as the researcher had intended (techno-empowered 
bank – 100% for machines; non-techno-empowered 
bank – 100% for personnel; non-techno-empowered 
hospitals – 100% for personnel). In G3, only one per-
son gave the unintended response (techno-empow-
ered hospital – 90% for machines). To ensure that the 
respondents in a regular study understood the mate-
rials received as the researcher intended, each partic-
ipant had to answer the following questions: (1) What 
does the organization provide to its clients? (medical 
services/financial services/household goods); (2) Who 
makes decisions about customers’ finances/patients’ 
diagnoses? (human personnel/ machines/ nobody); 
(3) Did you know the company before? (yes/no). The 
final analysis did not include people who answered 
questions contrary to the researcher’s intention.

3.3. Experimental procedure

Two hundred and forty-seven respondents were in-
vited to participate in the experiment, and 239 com-

of the company (Stahl et al., 2012). In their EBM mod-
el, Martin et al. (2011) suggest that an organization 
invests in human, social, and organizational capital 
when building an employer brand. All contribute to 
the company’s intellectual capital and help develop 
innovative products and services, which in turn at-
tract more employees. 

Previous case studies confirm that companies 
endeavor to attract talent by highlighting the inno-
vations used in the company (Rodriguez-Sanchez et 
al., 2019). In addition, quantitative research on poten-
tial employees suggests that innovations, alongside 
psychological and application values, contribute to a 
stronger employer brand among potential employees 
(Sivertzen et al., 2013) and attract potential job seek-
ers (Liao and Cheng, 2019). However, these studies 
focused on environmental innovations (Ambec and 
Lanoie, 2008; Marchi, 2012; Liao and Cheng, 2019) and 
not specific service innovations. The unknown brands 
did not experimentally test whether such a service 
innovation as a ‘self-driving’ algorithm can attract 
the attention of potential job seekers. However, it is 
now claimed that AI can be very supportive of em-
ployees in areas such as customer service, back-office 
performance and risk management (Deloitte Report, 
2017). However, it is hypothesized that there will be 
an interest in working for a company where such a 
solution is used. The following hypothesis is therefore 
put forward:
H4: 	 The advertising appeal shows that a company’s 

autonomous algorithms influence job seekers’ 
intentions.

3. METHODS

3.1. Research design

A between-subjects experiment was conducted to 
test the four hypotheses. Two fictitious brands (bank 
and hospital) were used for the study. The idea be-
hind using fictitious brands was to limit the effect of 
well-known brands on attitudes to dependent vari-
ables. The first independent variable manipulated in 
the study was the type of organization (bank vs. hos-
pital). The second independent variable was the type 
of organization (techno-empowered vs. non-tech-
no-empowered). Therefore, four experimental cells 
were distinguished in the experiment: (G1) a tech-
no-empowered bank, (G2) a non-techno-empow-
ered bank, (G3) a techno-empowered hospital, (G4) 
a non-techno-empowered hospital. Data on gender 
and age were collected.
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pleted the questionnaires (50% women). Due to the 
COVID-19 pandemic, the experiment was conducted 
online. The data was collected within a single day. 
Participants were recruited from students majoring 
in management (167 respondents), sociology (48 
respondents), and anthropology (24 respondents). 
Three online sessions (in Microsoft Teams) were con-
ducted with each group separately to balance the 
proportions of student backgrounds in each experi-
mental cell. First, the alleged purpose of the research 
was explained. Then, students were randomized into 
four rooms corresponding to the four experimental 
cells (see Table 1). Participants in each room were 
only given a link to the stimuli and questionnaire 
corresponding to the experimental cell. All partic-
ipants received credit points for their contributions. 
After viewing the stimulus, participants were asked 
to answer three questions to test the manipulation 
(see more under ‘Stimuli and pre-test’) and standard 
questions to measure dependent variables. 

3.4. Measures

Four dependent variables were measured in the 
study: attitude towards the company, intention to 
use its services, intention to recommend the com-
pany to others, and intention to work for the com-
pany. Attitude towards the company was measured 
using four items on a seven-point scale adapted from 
Mathwick and Rigdon (2004). The Alpha-Cronbach 
score was 0.87. Intention to use the company’s ser-
vice was measured using four items on a seven-point 
scale adapted from Chandran and Morwitz (2005). 
The Alpha-Cronbach value was 0.91. The intention to 
recommend a company to others was measured us-
ing three items on a seven-point scale adapted from 
Maxham and Netemeyer (2002). The Alpha-Cron-
bach value was 0.91. The simple averages were cal-
culated separately for each measurement. Intention 

to work for the company was measured with the 
following one item, a seven-point question: ‘Would 
you like to work for this company if it offered a job that 
matched your professional background?’  

4. RESULTS

To test the first hypothesis, the independent samples 
t-tests were run. The results show that people have 
more positive attitudes towards an unknown bank if 
it uses an autonomous algorithm appeal (M

T
=4,55; 

SD
T
=1.22; N

T
=57) than if it does not use it (M

C
=3.89; 

SD
C
=1,29; N

C
=61). These results are statistically sig-

nificant as t (117) =2.87 and p < .01. In the case of a 
hospital using an autonomous algorithm (M

T
=4.80; 

SD
T
=1.06; N

T
=64) and not using an autonomous al-

gorithm (M
C
=4.72; SD

C
=1.26; N

C
=57) the differences 

are not statistically significant which confirms H1. The 
data are shown in Figure 1. 

Hospital with 
an autonomous 

algorithm

Hospital without 
an autonomous 

algorithm

Bank with an 
autonomous 

algorithm

Bank without 
an autonomous 

algorithm

Students of 
management

45 41 40 41

Students of sociology 12 11 12 13

Students of 
anthropology

7 5 5 7

Total 64 57 57 61

table 1. The number of students in each experimental cell depends on their background
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figure 1. Attitudes toward the unknown bank and hospital using and not using an autonomous algorithm appeal

Moreover, people have a higher intention to use 
the offer of the unknown bank if it uses an auton-
omous algorithm appeal (M

T
=4.39; SD

T
=1.30; N

T
=57 

versus M
C
=3.27; SD

C
=1.39; N

C
=62). As t (117)= 4.57 

and p < .01. In the case of a hospital using an autono-

mous algorithm (M
T
=4.63; SD

T
=1.25; N

T
=64) and not 

using an autonomous algorithm (M
C
=4.29; SD

C
=1,46; 

N
C
=57) the differences are not statistically significant 

which confirms H2. The data are shown in Figure 2. 

figure 2. The intention to use the offer of an unknown bank and hospital using and not using an  
autonomous algorithm appeal

Customers have a higher intention to recom-
mend the unknown bank if an autonomous algorithm 
appeal appears in its promotional materials (M

T
=4.51; 

SD
T
=1.43; N

T
=57 versus M

C
=2.94; SD

C
=1.30; N

C
=62) 

and t(117)= 6.28; p < .01. In the case of a hospital us-

ing an autonomous algorithm (M
T
=4.65; SD

T
=1.37; 

N
T
=64) and not using an autonomous algorithm 

(M
C
=4.33; SD

C
=1.65; N

C
=57) the differences are not 

statistically significant which confirms H3. The data 
are shown in Figure 3.
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figure 3. The intention to recommend the unknown bank and hospital using and not using an  
autonomous algorithm appeal

The independent samples t-tests were also run 
to test the fourth hypothesis. The results show that 
people would be more willing to work for an unknown 
bank exposing an autonomous algorithm (M

T
=4.46; 

SD
T
=1.89; N

T
=57) than for one not exposing this ap-

peal (M
C
=3.50; SD

C
=1.74; N

C
=62). These differenc-

es are statistically significant as t (117)= 2.87 and p 
< .01. In the case of unknown hospitals, the effect is 
similar (M

T
=4.77; SD

T
=1.75; N

T
=64 versus M

C
=4.04; 

SD
C
=1.75; N

C
=57), and also statistically significant as 

t(119)= 2.30 and p < .05, which supports H4. The data 
is shown in Figure 4. 

figure 4. The job seekers’ intentions towards an unknown bank and hospital using and not using an  
autonomous algorithm appeal
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5. DISCUSSION 

This paper offers three significant contributions to 
previous research. First, the experiment results show 
that autonomous technologies can be important in 
attracting job seekers. Previous research has focused 
on environmental innovations and their positive in-
fluence on the intention to work for a particular com-
pany (Marchi, 2012; Liao and Cheng, 2019). This study 
shows that service innovations like ‘self-driving’ algo-
rithms can have a similar function. Interestingly, this 
is the case for banks and hospitals, suggesting that 
the effect could be universally applicable. This is an 
interesting conclusion for the healthcare industry, as 
talent acquisition and employer branding strategies 
are underestimated in this sector (Heilmann, 2010). 
The conclusions from this study are also insightful 
for banks that are dynamically developing their tal-
ent management projects (Dang et al., 2020; Nzewi 
et al., 2015) to attract and retain the most talented 
employees (Stewart and Harte, 2010). Previous re-
search shows that a strong employer brand is one of 
the tools to achieve this goal (Maurya and Agarwal, 
2018). This study suggests that an innovative offer-
ing and the use of emerging technologies by the bank 
can attract people to work there. It can be surmised 
that this relates to job seekers looking for jobs offer-
ing them new experiences and development oppor-
tunities (Job Seeker Nation Report, 2021).

Experimental studies have shown that custom-
ers generally have a more positive attitude towards 
techno-empowered banks than hospitals. The fresh-
ness effect could have influenced this result, which is 
particularly welcome in the banking sector (YuSheng 
and Ibrahim, 2019). Respondents coming into contact 
with a bank’s autonomous technology offering for 
the first time might be curious to check the bank’s 
actual performance. The results of this study support 
the previous line of research showing that custom-
ers of banks value service innovation (Lazarro, 2017; 
Steiner and Maas, 2018; World Retail Banking Report, 
2020; Eren, 2021; Bitrian et al., 2021). However, this 
is the first research on the unknown brand related 
to ‘self-driving’ finance, an emerging concept in the 
market.

The freshness effect of the ‘self-driving’ algo-
rithm does not work in the case of hospitals. These 
findings are consistent with previous research sug-
gesting that people are more accustomed to familiar 
physicians and therapies when choosing healthcare 
services (Harris, 2003; Deloitte 2020 Survey of US 
Health Care Consumers). In addition, people pay more 
attention to accessibility, staff friendliness, and pa-
tient-centredness than to the service’s novelty (Kim 
et al., 2017). Research by Weiss and Blustein (1996) 

has shown that when it comes to medical services, 
people place more value on the relationship with a 
doctor they know than on novelty. It seems that this 
situation has not changed three decades later. Using 
the latest technologies is not incentivizing people 
to choose a particular clinic. It seems that for a new 
company offering medical services, building credibili-
ty and relationships may be more effective than pro-
moting an unknown innovation to consumers. How-
ever, it is interesting that consumers did not reject the 
hospital’s offer to use the self-driving algorithm. Their 
attitudes and intentions did not differ from those of 
the hospital clients who did not use this innovation. 
In other words, the ‘self-driving’ algorithm neither 
encourages nor discourages patients from using the 
healthcare service.

Importantly, the results of this study are based 
on fictitious brands, meaning that previous attitudes 
or experiences with specific companies did not in-
fluence respondents’ perceptions. This seems par-
ticularly interesting for the banking sector given the 
increasing influence of so-called FinTech (Contreras 
Pinochet et al., 2019) and competition from start-
ups offering the latest financial service and product 
solutions (Mattsson and Helmersson, 2005; Romāno-
va and Kudinska, 2016). From a practical perspective, 
companies that decide to introduce autonomous 
technologies in the future should analyze whether or 
not their level of techno-empowerment is acceptable 
for their target group. The results obtained in this 
study suggest that people have relatively little inter-
est in traditional banking offerings, and techno-em-
powerment increases their enthusiasm. Therefore, 
the banking sector seems to be a natural area for the 
expansion of autonomous technologies in the future.

5.1. Research limitations

The study has limitations that should be considered 
when transferring the results into business prac-
tice. The first set of limitations relates to the stim-
uli, which contain only basic information about the 
company. The designed brochures can only be used 
to measure the first impression of the unknown com-
panies. Furthermore, the experimental cells differ in 
how the employees and the autonomous algorithm 
are described. While the human employees are de-
scribed as ‘the most experienced,’ the autonomous 
algorithm is described as’ the most advanced”. An 
employee’s experience can be associated with exper-
tise (Tan, 1997), but whether the human experience 
and the robot’s progress are perceived as equivalent 
remains unknown. This problem reflects the various 
heuristics concerning the human/digital workforce. 
For instance, whether a robot can be experienced and 
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6. CONCLUSIONS

The ‘self-driving’ appeal has a more universal effect on 
potential employees than consumers. For banks and 
hospitals that advertise themselves as ‘self-drive,’ the 
intention of potential employees to find employment 
is significantly higher than for banks and hospitals 
that do not use such an appeal in their advertising 
materials. However, the ‘self-drive’ appeal only works 
partially with consumers. This advertising message 
works strongly for a bank but not a hospital. Potential 
customers of an unknown bank show a more posi-
tive attitude and a higher intention to use the offer 
and to recommend the company to others if it uses 
the ‘self-drive’ appeal. However, there is no difference 
in the attitudes and intentions of potential hospital 
patients when such an appeal appears in the promo-
tional materials. 

creative or how to measure its effort in performing 
certain tasks is unclear.

The second set of limitations relates to meas-
urement. Intention to work for the company was 
measured with a single, seven-point scale question 
developed for this study. This was done because no 
validated scale in the literature can measure such in-
tention towards an unknown company for which no 
job description is available. As work intention is not 
a multidimensional construct, a single question was 
used in the final analysis. Although there are com-
monly used single-item scales to measure life satis-
faction (Schimmack & Oishi, 2005), job satisfaction 
(Wanous, Reichers, & Hudy, 1997), or self-esteem 
(Robins, Hendin & Trzesniewski, 2001), it seems rea-
sonable for other researchers to construct and vali-
date the scale to measure intention to work for the 
organization so that it can be used in similar research 
in the future.

Attitude towards a brand/company was meas-
ured using the scale developed by Gremmler (1995) 
and popularised by Mathwick and Rigdon (2004). This 
scale is mainly used to measure attitudes towards a 
brand/company that is known to customers. The re-
search conducted in this study is based on a fictitious 
(unknown) brand to eliminate the backward effect – 
the possibility that the study participants already had 
a certain attitude towards a particular brand before 
the study and that this attitude influenced the final 
results. Avoiding the backward effect meant that no 
scale measured attitudes towards the company with 
which the study participants first came into contact. 
For this reason, the attitudes measured were mainly 
based on customers’ first impressions, and there is a 
possibility that these may change over time. For this 
reason, it is highly recommended to check wheth-
er a similar effect can be observed with well-known 
brands promoting their autonomous algorithms and 
how customers’ attitudes and perceptions towards 
unknown companies change over time.

Finally, the study was conducted with young re-
spondents who studied management, sociology, and 
anthropology. The fact that the experiment was con-
ducted in the laboratory (under controlled conditions) 
increased the study’s internal validity, which shows 
the causal relationship between the variables. How-
ever, internal validity always increases when external 
validity decreases. To reduce this effect, participants 
were randomly assigned to the experimental cell, in-
creasing the study’s external validity. Nevertheless, 
the generalisability of the results is limited to young 
people with a background in social science. It seems 
reasonable to compare the results with those of older 
customers (including senior customers) in the future. 



TO BOAST OR NOT TO BOAST: THE IMPACT OF 
ADVERTISING THE USE OF AUTONOMOUS ALGORITHMS  
TO BANK AND HOSPITAL CUSTOMERS AND EMPLOYEES

Artur Modliński

71

REFERENCES

1.	 Agrawal, A., Gans, J., & Goldfarb, A. (2019). Explor-
ing the impact of artificial intelligence: Prediction 
versus judgment. Information Economics and 
Policy, 47, 1-6. https://doi.org/10.1016/j.infoeco-
pol.2019.05.001

2.	 Akerkar, R. (2019). Artificial Intelligence for Busi-
ness. Springer. 

3.	 Ahmad, T., Zhang, D., Huang, C., Zhang, H., Dai, N., 
Song, Y., & Chen, H. (2021). Artificial intelligence 
in sustainable energy industry: Status Quo, chal-
lenges and opportunities. Journal of Cleaner Pro-
duction, 289, 125834. https://doi.org/10.1016/j.
jclepro.2021.125834

4.	 Al Mansoori, S., Salloum, S. A., & Shaalan, K. (2021). 
The impact of artificial intelligence and information 
technologies on the efficiency of knowledge man-
agement at modern organizations: A systematic re-
view. In M. Al-Emran, K. Shaalan, & A. E. Hassanien 
(Eds.), Recent Advances in Intelligent Systems and 
Smart Applications (pp. 89-103). Springer. https://
doi.org/10.1007/978-3-030-47411-9_9

5.	 Albrecht, T., Rausch, T. M., & Derra, N. D. (2021). 
Call me maybe: Methods and practical imple-
mentation of artificial intelligence in call center 
arrivals’ forecasting. Journal of Business Research, 
123, 267–278. https://doi.org/10.1016/j.jbus-
res.2020.09.033

6.	 Ambec, S., & Lanoie, P. (2008). Does it pay to be 
green? A systematic overview. Academy of Man-
agement Perspectives, 22(4), 45–62.

7.	 Bailenson, J. (2018). Experience on Demand: What 
Virtual Reality Is, How It Works, and What It Can 
Do. W. W. Norton & Company.

8.	 Baum, D. (2019). The future is autonomous. Or-
acle Profit. Retrieved from https://blogs.oracle.
com/profit/the-future-is-autonomous

9.	 Berraies, S., & Hamouda, M. (2018). Customer 
empowerment and firms’ performance: the me-
diating effects of innovation and customer satis-
faction. International Journal of Bank Marketing, 
36(2). https://doi.org/10.1108/IJBM-10-2016-0150

10.	 Bigman, Y. E., & Gray, K. (2018). People are averse 
to machines making moral decisions. Cognition, 
181, 21–34.

11.	 Bitrian, P., Buil, I., & Catalan, S. (2021). Making fi-
nance fun: the gamification of personal finan-
cial management apps. International Journal 
of Bank Marketing, 39(7), 1310-1332. https://doi.
org/10.1108/IJBM-02-2021-0074

12.	 Brooks, B. (2021). Get ready for self-driving 
banks. Financial Times. Retrieved from https://
www.ft.com/content/c1caca5b-01f7-41be-85a4-
3ecb883f2417

13.	 Buhmann, A., & Fieseler, C. (2021). Towards a de-
liberative framework for responsible innovation 
in artificial intelligence. Technology in Society, 64.

14.	 Cheng, W., Pien, L., & Cheng, Y. (2020). Occupa-
tion-level automation probability is associated 
with psychosocial work conditions and workers’ 
health: A multilevel study. American Journal of 
Industrial Medicine, 63(11), 965-975. https://doi.
org/10.1002/ajim.23210

15.	 Cirella, G. T., Bąk, M., Kozlak, A., Pawłowska, B., & 
Borkowski, P. (2019). Transport innovations for 
elderly people. Research in Transportation Busi-
ness & Management, 30, 100381. https://doi.
org/10.1016/j.rtbm.2019.100381

16.	 Contreras Pinochet, L. H., Diogo, G. T., Lopes, E. L., 
Herrero, E., & Bueno, R. L. P. (2019). Propensity of 
contracting loans services from FinTech’s in Bra-
zil. International Journal of Bank Marketing, 37(5). 
https://doi.org/10.1108/IJBM-07-2018-0174

17.	 Dang, N. T. T., Nguyen, Q. T., Habaradas, R., Ha, V. 
D., & Nguyen, V. T. (2020). Talent conceptualiza-
tion and talent management approaches in the 
Vietnamese banking sector. The Journal of Asian 
Finance, Economics and Business, 7(7), 453–462.

18.	 Deloitte. (2017). AI and you: Perceptions of arti-
ficial intelligence from the EMEA financial servic-
es industry.

19.	 Deloitte. (2020). 2020 Survey of US health care 
consumers. Retrieved from https://www2.
deloitte.com/us/en/insights/industry/health-
care/us-health-care-consumers-surveys.html

20.	Eren, B. A. (2021). Determinants of customer sat-
isfaction in chatbot use: Evidence from a bank-
ing application in Turkey. International Journal of 
Bank Marketing, 39(2). https://doi.org/10.1108/
IJBM-02-2020-0056

21.	 Fortune Business Insights. (2020). Market re-
search report (The global market for AI).

22.	 Gebauer, H., Gustafsson, A., & Witell, L. (2011). 
Competitive advantage through service differen-
tiation by manufacturing companies. Journal of 
Business Research, 64(12), 1270–1280.

23.	 Gogoll, J., & Uhl, M. (2018). Rage against the ma-
chine: Automation in the moral domain. Journal 
of Behavioral and Experimental Economics, 74, 
97–103.

24.	 Goldbach, C., Kayar, D., Pitz, T., & Sickmann, J. 
(2019). Transferring decisions to an algorithm: A 
simple route choice experiment. Transportation 
Research Part F: Traffic Psychology and Behav-
iour, 65.

25.	 Grewal, R., Mehta, R., & Kardes, F. (2000). The 
role of the social identity function of attitudes in 
consumer innovativeness and opinion leadership. 
Journal of Economic Psychology, 21, 233–252.



journal of contemporary management issues management, vol. 29, 2024, no. 1, pp. 63–78

72

39.	 Lee, F. (2018). AI Superpowers: China, Silicon Val-
ley, and the New World Order. Houghton Mifflin 
Harcourt.

40.	Liao, Z., & Cheng, J. (2019). Can a firm’s environ-
mental innovation attract job seekers? Evidence 
from experiments. Corporate Social Responsibil-
ity and Environmental Management. https://doi.
org/10.1002/csr.1818

41.	 Madhavan, P., & Wiegmann, D. A. (2007). Similari-
ties and differences between human-human and 
human-automation trust: An integrative review. 
Theoretical Issues in Ergonomics Science, 8(4).

42.	 Marchi, V. D. (2012). Environmental innovation 
and R&D cooperation: Empirical evidence from 
Spanish manufacturing firms. Research Policy, 
41(3), 614–623.

43.	 Martin, G., Gollan, P. J., & Grigg, K. (2011). Is there a 
bigger and better future for employer branding? 
Facing up to innovation, corporate reputations, 
and wicked problems in SHRM. The International 
Journal of Human Resource Management, 22(17), 
3618–3637.

44.	Mathwick, C., & Rigdon, E. (2004). Play, flow, and 
the online search experience. Journal of Consum-
er Research, 31.

45.	 Mattsson, J., & Helmersson, H. (2005). Internet 
banking: Modelling the e-competence of cus-
tomers with a text-analytic CIT approach. Inter-
national Journal of Bank Marketing, 23(6).

46.	Maurya, K. K., & Agarwal, M. (2018). Organisation-
al talent management and perceived employer 
branding. International Journal of Organizational 
Analysis, 26(2), 312–330.

47.	 Maxham, J. G., & Netemeyer, R. G. (2002). A lon-
gitudinal study of complaining customers’ eval-
uations of multiple service failures and recovery 
efforts. Journal of Marketing, 66.

48.	McCarthy, E. (2017). Augmented intelligence: 
Combining human intelligence and technology. 
CFA Magazine, 28(3).

49.	 Minarsch, D., Hosseini, S. A., Favorito, M., & Ward, 
J. (2020). Autonomous economic agents as a sec-
ond layer technology for blockchains: Frame-
work introduction and use-case demonstration, 
2020 Crypto Valley Conference on Blockchain 
Technology (CVCBT). https://doi.org/10.1109/
cvcbt50464.2020.00007

50.	Modliński, A. (2022). The psychological and eth-
ological antecedents of human consent to tech-
no-empowerment of autonomous office as-
sistants. AI & Society. https://doi.org/10.1007/
s00146-022-01534-8

51.	 Modlinski, A., Fortuna, P., & Rożnowski, B. (2022). 
Human-machine trans roles conflict in the or-
ganization: How sensitive are customers to intel-

26.	 Grundner, L., & Neuhofer, B. (2021). The bright 
and dark sides of artificial intelligence: A futures 
perspective on tourist destination experienc-
es. Journal of Destination Marketing & Manage-
ment, 19.

27.	 Harris, K. M. (2003). How do patients choose 
physicians? Evidence from a national survey of 
enrollees in employment-related health plans. 
Health Services Research, 38(2), 711–732.

28.	 Heilmann, P. A. K. (2010). Employer brand image 
in a health care organization. Management Re-
search Review, 33(2), 134–144.

29.	 Hilal, M. (2015). Technological transition of banks 
for development: New information and commu-
nication technology and its impact on the bank-
ing sector in Lebanon. International Journal of 
Economics and Finance, 7(5).

30.	Hudson, J., Orviska, M., & Hunady, J. (2019). Peo-
ple’s attitudes to autonomous vehicles. Transpor-
tation Research Part A: Policy and Practice, 121, 
164–176. https://doi.org/10.1016/j.tra.2018.08.018

31.	 Hui, M. K., Au, K., & Fock, H. (2004). Empower-
ment effects across cultures. Journal of Interna-
tional Business Studies, 35(1), 46–60.

32.	 Hulse, L. M., Xie, H., & Galea, E. R. (2018). Percep-
tions of autonomous vehicles: Relationships with 
road users, risk, gender, and age. Safety Science, 
102, 1–13.

33.	 Jobvite. (2021). Job Seeker Nation Report 2021. 
Retrieved from https://www.jobvite.com/
lp/2021-job-seeker-nation-report/

34.	 Kim, Y.-Y., Bae, J., & Lee, J.-S. (2017). Effects of pa-
tients’ motives in choosing a provider on deter-
mining the type of medical institution. Patient 
Preference and Adherence, 11, 1933–1938.

35.	 König, M., & Neumayr, L. (2017). Users’ resist-
ance towards radical innovations: The case of the 
self-driving car. Transportation Research Part F: 
Traffic Psychology and Behaviour, 44, 42–52.

36.	 Kyriakidis, M., Happee, R., & de Winter, J. C. (2015). 
Public opinion on automated driving: Results of 
an international questionnaire among 5000 re-
spondents. Transportation Research Part F: Traffic 
Psychology and Behaviour, 32, 127–140.

37.	 Laforet, S., & Li, X. (2005). Consumers’ attitudes 
towards online and mobile banking in China. In-
ternational Journal of Bank Marketing, 23(5), 362–
380.

38.	 Lazzaro, S. (2017). Meet Aida, the AI banker that 
NEVER takes a day off: Swedish firm reveals ro-
bot customer service rep it says is ‚always at 
work, 24/7, 365 days a year.’ Retrieved from 
https://www.dailymail.co.uk/sciencetech/ar-
ticle-4748090/Meet-Aida-AI-robot-banker-s-
work.html



TO BOAST OR NOT TO BOAST: THE IMPACT OF 
ADVERTISING THE USE OF AUTONOMOUS ALGORITHMS  
TO BANK AND HOSPITAL CUSTOMERS AND EMPLOYEES

Artur Modliński

73

ligent robots replacing the human workforce? In-
ternational Journal of Consumer Studies. https://
doi.org/10.1111/ijcs.12811

52.	 Modlinski, A., Gwiazdzinski, E., & Karpins-
ka-Krakowiak, M. (2022). The effects of religi-
osity and gender on attitudes and trust toward 
autonomous vehicles. Journal of High Technol-
ogy Management Research, 33(1). https://doi.
org/10.1016/j.hitech.2022.100426

53.	 Modliński, A., & Gladden, M. (2021). An organiza-
tional metaphor for the 4th Industrial Revolution: 
The organization as cyborg. World Futures, 78. 
https://doi.org/10.1080/02604027.2021.1996187

54.	Modliński, A., & Gladden, M. (2021b). Applying 
ethology to design human-oriented technology: 
An experimental study on the signalling role of 
the labelling effect. Human Technology, 17(2).

55.	 Nazari, F., Noruzoliaee, M., & Mohammadi-
an, A.K.E. (2019). Shared versus private mobility: 
Modeling public interest in autonomous vehicles 
accounting for latent attitudes. Transportation 
Research Part C: Emerging Technologies, 97, 456-
477. https://doi.org/10.1016/j.trc.2018.11.005

56.	Nguyen, N.T., Tran, T.T., & Wang, C.N. (2014). An 
empirical study of customer satisfaction towards 
bank payment card service quality in Ho Chi Minh 
banking branches. International Journal of Eco-
nomics and Finance, 6(5).

57.	 Novichkov, A.V., Puzynya, T.A., Grishina, T.V., Fur-
sova, S.D., & Buley, N.V. (2021). The impact of ar-
tificial intelligence on retraining, in: (Eds) Bogo-
viz, A. V., Suglobov, A. E., Maloletko, A. N., Kaurova, 
O. V., Lobova, S. V., Frontier Information Technol-
ogy and Systems Research in Cooperative Eco-
nomics (Studies in Systems, Decision and Con-
trol). Springer.

58.	Nzewi, H., Chiekezie, O., & Ogbeta, M. (2015). Tal-
ent management and employee performance in 
selected commercial banks in Asaba, Delta State, 
Nigeria. European Journal of Business and Social 
Sciences, 4(09), 56-71.

59.	Pěchouček, M., Thompson, S. G., & Voos, H. (Eds.). 
(2008). Defence Industry Applications of Auton-
omous Agents and Multi-Agent Systems. https://
doi.org/10.1007/978-3-7643-8571-2

60.	Penmetsa, P., Adanu, E.K., Wood, D., Wang, T., & 
Jones, S.L. (2019). Perceptions and expectations of 
autonomous vehicles – A snapshot of vulnerable 
road user opinion. Technological Forecasting and 
Social Change, 143, 9-13. https://doi.org/10.1016/j.
techfore.2019.02.010

61.	 Richens, J. G., Lee, C. M., & Johri, S. (2020). Im-
proving the accuracy of medical diagnosis with 
causal machine learning. Nature Communica-
tions, 11(1).

62.	 Robins, R. W., Hendin, H. M., & Trzesniewski, K. H. 
(2001). Measuring global self-esteem: Construct 
validation of a single-item measure and the 
Rosenberg Self-Esteem Scale. Personality and 
Social Psychology Bulletin, 27, 151-161.

63.	 Rodríguez-Sánchez, J.-L., Montero-Navarro, A., & 
Gallego-Losada, R. (2019). The opportunity pre-
sented by technological innovation to attract 
valuable human resources. Sustainability, 11(20), 
5785.

64.	Romānova, I., & Kudinska, M. (2016). Banking and 
Fintech: A Challenge or Opportunity?, in: Con-
temporary Issues in Finance: Current Challeng-
es from Across Europe (Contemporary Studies in 
Economic and Financial Analysis, Vol. 98). https://
doi.org/10.1108/S1569-375920160000098002

65.	 Rijsdijk, S.A., & Hultink, E.J. (2003). „Honey, Have 
You Seen Our Hamster?” Consumer Evaluations 
of Autonomous Domestic Products. Journal of 
Product Innovation Management, 20.

66.	Sachs, J. D., Schmidt-Traub, G., Mazzucato, M., 
Messner, D., Nakicenovic, N., & Rockström, J. 
(2019). Six transformations to achieve the sus-
tainable development Goals. Nature Sustainabil-
ity, 2(9).

67.	 Schaefer, K. E., Chen, J. Y. C., Szalma, J. L., & Han-
cock, P. A. (2015). A meta-analysis of factors in-
fluencing the development of trust in automa-
tion: Implications for understanding autonomy in 
future systems. Human Factors, 58(3).

68.	Schimmack, U., & Oishi, S. (2005). The influence 
of chronically and temporarily accessible infor-
mation on life satisfaction judgments. Journal of 
Personality and Social Psychology, 89, 395-406.

69.	Sivertzen, A.-M., Nilsen, E. R., & Olafsen, A. H. 
(2013). Employer branding: employer attractive-
ness and the use of social media. Journal of Prod-
uct & Brand Management, 22(7), 473–483.

70.	 Sofge, D., Kruijff, G. J., & Lawless, W. F. (2013). 
Trust and Autonomous Systems. Papers from the 
2013 AAAI Spring Symposium.

71.	 Stahl, G. K., Björkman, I., Farndale, E., Morris, S. S., 
Paauwe, J., Stiles, P., Trevor, J., & Wright, P. (2012). 
Six principles of effective global talent manage-
ment. MIT Sloan Management Review, 53(2), 25-32.

72.	 Statista (2019). Frequency of use of skin care 
products among US consumers 2017, by gender. 
Retrieved from https://www.statista.com/sta-
tistics/716221/skin-care-products-frequency-of-
use-by-gender/

73.	 Steiner, P. H., & Maas, P. (2018). When customers 
are willing to disclose information in the insur-
ance industry. International Journal of Bank Mar-
keting, 36(6). https://doi.org/10.1108/ijbm-12-
2016-0183



journal of contemporary management issues management, vol. 29, 2024, no. 1, pp. 63–78

74

83.	Wood, S., & Hoeffler, S. (2013). Looking innovative: 
Exploring the role of impression management in 
high-tech product adoption and use. Journal of 
Product Innovation Management, 30(6).

84.	World Retail Banking Report. (2020). Retrieved 
from https://worldretailbankingreport.com/re-
sources/world-retail-banking-report-2020/

85.	Xu, X., & Fan, C.-K. (2019). Autonomous vehicles, 
risk perceptions and insurance demand: An indi-
vidual survey in China. *Transportation Research 
Part A: Policy and PracticeI’ll continue filling in 
missing details where available:

86.	Xu, X., & Fan, C.-K. (2019). Autonomous vehi-
cles, risk perceptions and insurance demand: An 
individual survey in China. Transportation Re-
search Part A: Policy and Practice, 124. https://doi.
org/10.1016/j.tra.2018.04.009

87.	Yerdon, V. A., Marlowe, T. A., Volante, W. G., Li, Sh., 
& Hancock, P. A. (2017). Investigating Cross-Cul-
tural Differences in Trust Levels of Automotive 
Automation. In S. Schatz & M. Hoffman (Eds.), 
Advances in Cross-Cultural Decision Making (Ad-
vances in Intelligent Systems and Computing, 
480).

88.	YuSheng, K., & Ibrahim, M. (2019). Service innova-
tion, service delivery and customer satisfaction 
and loyalty in the banking sector of Ghana. Inter-
national Journal of Bank Marketing, 37(5). https://
doi.org/10.1108/ijbm-06-2018-0142

74.	 Stewart, J., & Harte, V. (2010). The implications of 
talent management for diversity training: an ex-
ploratory study. European Journal of Training and 
Development, 34(6), 506-518.

75.	 Sucharita, C., & Morwitz, V. G. (2005). Effects of 
participative pricing on consumers’ cognitions 
and actions: A goal theoretic perspective. Journal 
of Consumer Research, 32.

76.	Tan, S. K. S. (1997). The elements of exper-
tise. Journal of Physical Education, Recreation & 
Dance, 68(2), 30-33.

77.	 Thomas, J. C., Kellogg, W. A., & Erickson, T. (2001). 
The knowledge management puzzle: Human and 
social factors in knowledge management. IBM 
Systems Journal, 40(4).

78.	 Vinuesa, R., Azizpour, H., Leite, I., Balaam, M., Dig-
num, V., Domisch, S., Felländer, A., Langhans, S. 
D., Tegmark, M., & Fuso Nerini, F. (2020). The role 
of artificial intelligence in achieving the Sustain-
able Development Goals. Nature Communica-
tions, 11(1).

79.	 Wanous, J. P., Reichers, A. E., & Hudy, M. J. (1997). 
Overall job satisfaction: How good are sin-
gle-item measures? Journal of Applied Psycholo-
gy, 82, 247-252.

80.	Wedel, M., & Kannan, P. K. (2016). Marketing ana-
lytics for data-rich environments. Journal of Mar-
keting, 80(6).

81.	 Weiss, L. J., & Blustein, J. (1996). Faithful Patients: 
The effect of long-term physician–patient re-
lationships on the costs and use of health care 
by older Americans. American Journal of Public 
Health, 86(12), 1742–7.

82.	Woldeamanuel, M., & Nguyen, D. (2019). Per-
ceived benefits and concerns of autonomous ve-
hicles: An exploratory study of millennials’ sen-
timents of an emerging market. Research in 
Transportation Economics, 71, 44-53. https://doi.
org/10.1016/j.retrec.2018.06.006



TO BOAST OR NOT TO BOAST: THE IMPACT OF 
ADVERTISING THE USE OF AUTONOMOUS ALGORITHMS  
TO BANK AND HOSPITAL CUSTOMERS AND EMPLOYEES

Artur Modliński

75

HVALITI SE ILI NE: UTJECAJ OGLAŠAVANJA UPOTREBE AUTONOMNIH 

ALGORITAMA NA KUPCE I ZAPOSLENIKE BANAKA I BOLNICA

sa
že

ta
k U trenutnoj fazi razvoja umjetne inteligencije, sve veća pažnja se posvećuje tehnologijama koje donose 

autonomne odluke. U literaturi o upravljanju i marketingu nedovoljno se raspravlja o percepcijama kupaca i 
tražitelja posla o organizacijama, u kojima se uvelike primjenjuje tehnologija. Cilj ovog istraživanja je popuniti 
tu prazninu. Proveden je eksperiment na subjektima s izmišljenim brendovima sa 239 sudionika kako bi se 
odgovorilo na četiri hipoteze o stavovima kupaca, namjeri korištenja ponude, namjeri preporuke tvrtke drugima 
i namjeri tražitelja posla. Rezultati pokazuju da autonomni algoritmi imaju veći utjecaj na tražitelje posla nego 
na ponašanje kupaca na temelju osobnih preporuka. Osobe koje se susreću s brošurama banaka i bolnica koje 
koriste autonomne tehnologije izražavaju veću namjeru za rad u takvim organizacijama nego u institucijama, 
koje ne nude takvu uslugu. Međutim, samo u bankama koje koriste autonomne algoritme kupci imaju pozitivniji 
stav i veću namjeru korištenja ili preporuke usluge. Nepoznati brend bolnice ne profitira od ovakvog pristupa 
oglašavanju. Ovo je prvo istraživanje provedeno s izmišljenim brendovima banaka i bolnica kako bi se istražile 
preporuke prema tvrtkama koje koriste autonomne tehnologije. Tema je vrijedna istraživanja jer ključni tržišni 
igrači (kao što je Oracle) prepoznaju autonomne tehnologije kao najrevolucionarniju inovaciju koja će oblikovati 
poslovanje u nadolazećim godinama.
 
ključne riječi: autonomni sustavi, inteligentne tehnologije, marketing, inovacije, brendiranje poslodavaca, ponašanje 
kupaca.
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APPENDIX I. Measures used in the study 

Attitudes towards the company’s brand - Mathwick and Rigdon (2004)  
(originally from: Gremmler, 1995)
1. 	 I say positive things about XYZ products to other people. 
	 (definitely yes to definitely no)
2. 	 I have a favorable attitude toward doing business with XYZ over the next few years.
	 (definitely yes to definitely no)
3. 	 To me, XYZ is clearly the best company of its kind with which to do business.
	 (definitely yes to definitely no)
4. 	 I believe this is a good company.
	 (definitely yes to definitely no)

Intention to use the company’s service - Chandran and Morwitz (2005)
1. 	 How likely are you are you to buy the product on offer?
	 (highly unlikely to highly likely)
2. 	 How probable it is that you will purchase the producton offer?
	 (highly improbable to highly probable)
3. 	 How certain it is that you that you will purchase this product?
	 (highly uncertain to highly certain)
4. 	 What chance there is that you will buy this product?
	 (no chance at all to very good chance) 

Intention to recommend a company - Maxham and Netemeyer (2002)
1. 	 How likely are you to spread positive word-of-mouth about [firm name]?
	 (highly unlikely to highly likely)
2. 	 I would recommend [firm name’s] banking services to my friends.
	 (definitely yes to definitely no)
3. 	 If my friends were looking for a banking service, I would tell them to try [firm name].
	 (definitely yes to definitely no)

Intention to work in the company 
1. 	 Would you like to work in this company if it offered a vacancy adequate to your professional background?
	 (definitely yes to definitely no)


