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1. UVOD

O kompleksnosti odredivanja cijena
poslovnih subjekata u literaturi postoje op-
sezne rasprave (Kotler i Armstrong, 2010).
Zbog utjecaja brojnih unutarnjih i vanjskih
¢imbenika na odredivanje cijena, odluka o
prikladnoj cijeni zahtjevna je zadaca koja se
usloZnjava kod odredivanja cijena usluga s
obzirom na njihove jedinstvene znacajke kao
Sto su neopipljivost, heterogenost, kratkotraj-
nost i neodvojivost (Wirtz i Lovelock, 2021).
To isto vrijedi i za ugostiteljstvo koje ima
visoke stalne troSkove, nesigurnu potraznju
i varirajuéu cjenovnu osjetljivost zbog Cega
se preporucuju strategije odredivanja cijena
za upravljanje prihodima (vidi Smith, 2011;
Wirtz i Lovelock, 2021).

U literaturi je opisana raznolika sku-
pina atributa hotela koji utjecu na cijene.
Neki se odnose na sam hotel, poput bazena
ili minibara (Mandi¢ i1 Jurun, 2018), dok su
drugi vezani za okolis, kao na primjer blizi-
na mora ili pogled na more (Latinopoulos,
2018). Cimbenici koji se odnose na reputaci-
ju, poput broja zvjezdica ili mreznih ocjena
gostiju, upuéuju na kvalitetu usluge (Castro i
Ferreira, 2018; Mandi¢ i Jurun, 2018), a ima-
ju znacajnu vrijednost za potencijalne goste
bududi da je kvalitetu usluga teSko procijeni-
ti. Elektronska usmena predaja (e-WOM) od
posebnog je znaCaja za dozivljajne industrije
bududi da se smatra vjerodostojnom, auten-
tiénom i korisnom te time pojednostavnjuje
odluke o kupnji (Mauri i Minazzi, 2013).

S obzirom na to da se najuCinkovitijom
metodom ¢ini ona koja je temeljena na vrijed-
nosti, u literaturi su opisani mnogi pokusSaji
mjerenja spremnosti gostiju da plate atribute
hotela (Chia-Jung i Pei-Chun, 2014; Kang et
al., 2012; Nelson, Partelow et al., 2021). U
novije vrijeme znanstvenici su poceli kori-
stiti hedonicke modele odredivanja cijena za
ocjenjivanje utjecaja pojedinih atributa ho-
tela na cijene (npr. Andersson, 2010; Chen i
Rothschild, 2010; Soler i Gemar, 2018; Soler

1. INTRODUCTION

The complexity of pricing decisions in
business is widely discussed in the litera-
ture (Kotler and Armstrong, 2010). Due to
the influence of numerous internal and ex-
ternal factors on pricing, determining the
appropriate price is a challenging task. The
task is further compounded when setting
service prices, given their unique charac-
teristics such as intangibility, heterogeneity,
perishability, and inseparability (Wirtz and
Lovelock, 2021). The hospitality industry is
no exception, with high fixed costs, uncertain
demand, and variations in customer price
sensitivity, making it suitable for revenue
management pricing strategies (see Smith,
2011; Wirtz and Lovelock, 2021).

The literature reveals a diverse group of
hotel attributes that influence their prices.
Some are internal, such as the presence of
a pool or minibar (Mandi¢ and Jurun, 2018),
while others are environmental factors, in-
cluding proximity to the sea or a sea view
(Latinopoulos, 2018). Reputation-related fac-
tors, such as star ratings and online guest rat-
ings, serve as quality signals (Castro and Fer-
reira, 2018; Mandi¢ and Jurun, 2018), which
hold significant value for potential guests as
the quality of services is difficult to assess.
Electronic Word of Mouth (¢eWOM) is partic-
ularly important for experiential industries,
as it is considered trustworthy, authentic and
helpful, and therefore simplifies purchasing
decisions (Mauri and Minazzi, 2013).

Given that value-based pricing appears to
be the most efficient pricing method, numer-
ous attempts in the literature have been made
to measure guests’ willingness to pay for ho-
tel attributes (Chia-Jung and Pei-Chun, 2014;
Kang et al., 2012; Nelson, Partelow et al.,
2021). Recently, scholars have been employ-
ing hedonic pricing models to assess the im-
pact of individual hotel attributes on prices
(e.g. Andersson, 2010; Chen and Rothschild,
2010; Soler and Gemar, 2018; Soler et al.,
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et al.,2019; Thrane, 2007). Hedonicki model
odredivanja cijena temelji se na uvjerenju da
je proizvod skup vlastitih svojstava (Lanca-
ster, 1996). Stoga je cijena proizvoda zbroj
cijena svih tih svojstava (Rosen, 1974). Tr-
Zi$ne cijene daju vrijedne informacije (Arora
i Mathur, 2020) koje pomazu istraziva¢ima
u tumacenju regresijskih koeficijenata kao
§to je spremnost klijenta za plac¢anje (npr.
Kuminoff, Zhang i Rudi, 2010; Soler et al.,
2019). Medutim, hedonicki cjenovni mode-
li oslanjaju se na nekoliko pretpostavki pa
tako i na onu o potpunoj informiranosti. U
ekonomiji pretpostavka o potpunim infor-
macijama podrazumijeva da kupci znaju sve
o proizvodima i uslugama koje namjeravaju
kupiti i da menadzeri znaju sve o klijentima
i njihovim preferencijama. Takvu pretpo-
stavku Cesto je teSko odrzati jer zahtijeva
promiSljene alternativne interpretacije ovih
modela (Kask i Maani, 1992). Kako nije uvi-
jek moguce pretpostaviti da svi trzisni sudi-
onici imaju potpune informacije, tumacenja
se Cesto ograniCavaju na utjecaj pojedinih
atributa na cijene. Stoga ova studija nastoji
ispitati odraZavanje znakova kvalitete drugih
relevantnih hotelskih atributa na njihove ci-
jene u nedovoljno istraZenom kontekstu ze-
mlje u razvoju, posebice jer ju karakterizira
nepotpunost informacija i visoka nesigurnost
(Quah i Ong, 2010).

Ova studija provedena je u kontekstu
zemlje u razvoju uz koriStenje podataka s
platforme Booking.com. Koliko je nama po-
znato, ne postoje prethodne studije u kojima
je ispitivan utjecaj znakova kvalitete hotela
i ostalih atributa hotela na cijene u zemlja-
ma u razvoju na temelju podataka uzetih iz
baze Booking.com. Rezultati predstavljaju
doprinos postojecoj literaturi na temu utje-
caja razlicitih atributa hotela na njihove ci-
jene. Ovim se istraZivanjem nastoji pomo¢i
menadzerima hotela kako bi utvrdili moguce
nedostatke u svojim cjenovnim strategijama
i prilagodili cijene u skladu s postojeéim tr-
ZiSnim dinamikama. Ovo istraZivanje ima za
cilj otkriti za koje su atribute hotela klijenti

2019; Thrane, 2007). The hedonic pricing
model is based on the rationale that a product
is a bundle of its characteristics (Lancaster,
1996). Accordingly, the product’s price is the
sum of the implicit prices of these charac-
teristics (Rosen, 1974). Market prices convey
valuable information (Arora and Mathur,
2020), leading researchers to interpret re-
gression coefficients as customers’ willing-
ness to pay (e.g. Kuminoff, Zhang and Rudi,
2010; Soler et al., 2019). However, hedonic
pricing models rely on several assumptions,
including perfect information assumption. In
economics, the assumption of perfect infor-
mation means that buyers know everything
about the products and services they intend
to purchase, and managers know everything
about the customers and their preferences.
Such an assumption is often difficult to up-
hold, necessitating cautious and alternative
interpretations of these models (Kask and
Maani, 1992). Given that perfect informa-
tion cannot always be assumed for all market
participants, interpretation is often limited to
the impact of individual attributes on prices.
Therefore, this study aims to explore whether
quality signals and other relevant hotel attri-
butes are reflected in their prices in the in-
sufficiently explored context of a developing
country, keeping in mind that such a country
is characterized by imperfect information
and high uncertainty (Quah and Ong, 2010).

This study was conducted in the context of
a developing country using data from Book-
ing.com. To the best of our knowledge, no
prior research studies have examined the in-
fluence of hotel quality signals and other hotel
attributes on prices in developing countries
based on data sourced from Booking.com.
The results contribute to the existing body of
literature on the influence of different hotel
attributes on their prices. This research en-
deavors to assist hotel managers in identifying
potential flaws in their pricing strategies and
adjusting prices in line with existing market
dynamics. This research aims to reveal which
hotel attributes guests are requested to pay a
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trebali platiti visoku cijenu, a za koje su do-
bili popust. Nadalje, studija moZe ponuditi
vrijedne uvide u odlucivanje o budu¢im ula-
ganjima u hotelijerstvo. Na posljetku, u us-
poredbi s rezultatima iz zemalja u razvoju,
rezultati ukazuju na potencijalne pogreske u
odredivanju cijena ili na nerealna o¢ekivanja
(Andersson, 2010).

2. TEORIJSKA PODLOGA I
HIPOTEZE

Hedonicki cjenovni modeli temeljeni
su na objas$njenju da je cijena robe ili us-
luge zbir cijena povezanih s individualnim
atributima. Autor ovog teoretskog okvira,
Rosen (1974), tvrdi da promatrane cijene
roba koje sadrze odredene atribute odraza-
vaju implicitne cijene tih atributa. Modelom
se zeli utvrditi viSestruk doprinos svake
znaCajke sveukupnoj cjenovnoj strukturi i
posljedi¢no tomu otkriti prikrivene meha-
nizme odredivanja cijena koji vode trziSnu
dinamiku. Sofisticiranim ekonometrijskim
pristupom hedonic¢ki cjenovni model otkri-
va ulogu atributa proizvoda u oblikovanju
konacne cijene te na taj nalin pruza drago-
cjene uvide u proces trziSnog vrednovanja.
Hedonicki cjenovni pristup omogucava
tumacenje doprinosa svake posebne zna-
¢ajke cijeni proizvoda kao agregata cijena
implicitnih atributa (Latinopoulos, 2018).
Ovi se modeli Siroko koriste u raznorodnim
industrijskim granama poput automobilske
industrije, racunalne, stanogradnje te u pro-
izvodnji i pruZanju mnogih drugih roba i
usluga (Chen i Rothschild, 2010).

Iako je do danas bilo nekoliko pokuSaja
procjene modela odredivanja cijena u ugo-
stiteljskoj djelatnosti, pregled ovih studija s
obzirom na prikladne regresijske funkcio-
nalne obrasce pokazao je primjetno odsustvo
jedinstvenog pristupa specifikaciji modela.
Nadalje, modelu takoder nedostaje jedin-
stveni pristup odrednicama za formiranje
cijena, a varijacije u specifikacijama mode-
la i konac¢ni rezultati proizlaze iz konteksta

premium price for and for which attributes a
discount is given. Furthermore, it can offer
valuable insights for making decisions about
future investments in the hospitality industry.
Finally, these results, when compared to those
from developing countries, draw attention to
potential pricing errors or unrealistic expecta-
tions (Andersson, 2010).

2. THEORETICAL BACKGROUND
AND HYPOTHESES

The rationale behind hedonic pricing
models is that the price of a commodity or
service is a sum of the prices associated
with its individual attributes. This theoretical
framework was proposed by Rosen (1974),
who argues that the observed prices of goods
containing certain attributes reflect their im-
plicit prices. It seeks to assess the multifac-
eted contribution of each characteristic to the
overall pricing structure and consequently
reveal the latent price-setting mechanisms
governing the market dynamics. Using a so-
phisticated econometric approach, the he-
donic pricing model unveils the role of the
product attributes in forming the final price,
thereby providing valuable insights into the
market valuation process. This approach fa-
cilitates the understanding of the contribution
of each distinct characteristic to the final price
by seeing the product price as the aggregate
of the implicit attribute prices (Latinopoulos,
2018). These models have been widely applied
across industries such as automobiles, com-
puters, housing, and many other goods and
services (Chen and Rothschild, 2010).

So far, several attempts have been made
to estimate hedonic pricing models in the
hospitality industry. However, a conspicuous
absence of a unified approach to model spec-
ification is apparent upon examining these
studies in terms of appropriate regression
functional forms. Additionally, studies lack
a unique approach to room rate determinants
included in the model, and variations in
model specifications and final results emerge
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istrazivanja kao Sto je, na primjer, odabrana
destinacija (Soler et al., 2019).

Mogucénosti hedoni¢kog cjenovnog pri-
stupa navele su znanstvenike na koriStenje
modela u razlicite svrhe uklju¢ivanjem mno-
gih razli¢itih atributa kao nezavisnih vari-
jabli. Pri uporabi hedonickog odredivanja
cijena u istrazivanju ugostiteljstva neki se
znanstvenici usmjeravaju na posebne regije
ili destinacije (Castro i Ferreira, 2018; Soler
et al., 2019; Thrane, 2007) dok usporeduju
razlicite gradove pa i regije (Arora i Mathur,
2020; Ogiit i Onur Tas, 2012). IstraZivanja
su se provodila s razli¢itim namjerama: npr.,
analiziranje ucinka posebnih znacajki na ci-
jene (Fleischer, 2012); analiziranje utjecaja
na vrstu hotela (Ogiit i Onur Tas, 2012; Thra-
ne, 2007); mjerenje znacaja sezonalnosti, po-
sebnih dogadaja te dana u tjednu (Herrmann
i Herrmann, 2014; Schamel, 2012; Wang et
al., 2019) itd.

Hedoni¢ki cjenovni modeli sadrZava-
ju nekoliko pretpostavki, jedna od kojih su
potpune informacije, §to znac¢i da menadZze-
r1 hotela uvijek imaju cjelokupne podatke o
preferencijama svojih gostiju i da gosti uvi-
jek znaju S$to mogu ocekivati (Quah i Ong,
2010). Osim drugih pretpostavki koje proiz-
laze iz spoznatog pristupa preferencija ocje-
ne spremnosti na placanje, ve¢ spomenuta
pretpostavka moZe biti odlucujuéa u istrazi-
vanju koje je provedeno u zemljama u razvo-
ju (Quah et al., 2021) i hotelskim trZiStima
(Melian-Alzola et al., 2020). U zemljama u
razvoju Cesta je pojava nepotpunih podatka
zbog nedostatka institucionalne podrske u
odredenim industrijama, §to onemogucuje
dobivanje relevantnih informacija pruZzatelji-
ma usluga ili dobavlja¢ima roba. Deficitarna
trziSta rada i siva ekonomija takoder mogu
biti uzrokom nepotpune informacije. Osim
toga, poznato je da kvaliteta pruzatelja uslu-
ga u zemljama u razvoju varira i da se teSko
vrednuje, a to navodi klijente na odluke o
kupovini u uvjetima nepotpune informirano-
sti (Bennett, 1999). Zbog pretpostavke pot-
punih informacija potrebnih za regresijske

due to the research context, such as the desti-
nations considered (Soler et al., 2019).

The potential of the hedonic pricing ap-
proach led scholars to use it for different
purposes, with many different attributes in-
cluded as independent variables. When using
hedonic pricing in hospitality research, some
scholars focus their attention on one specific
region or destination (Castro and Ferreira,
2018; Soler et al.,2019; Thrane, 2007), while
others decide to compare different cities or
even regions (Arora and Mathur, 2020; Ogiit
and Onur Tag, 2012). Research was conduct-
ed for different purposes; e.g., analyzing the
effect of a specific characteristic on price
(Fleischer, 2012); analyzing the impact of
hotel type (Ogiit and Onur Tag, 2012; Thrane,
2007); measuring the importance of season-
ality, special events, and day during the week
(Herrmann and Herrmann, 2014; Schamel,
2012; Wang et al., 2019), etc.

Hedonic pricing models entail several as-
sumptions, one of which pertains to perfect
information, implying that hotel managers
always possess complete knowledge of their
guests’ preferences and that guests always
know what to expect (Quah and Ong, 2010).
Along with other assumptions stemming from
the revealed preference approach of assessing
willingness to pay, the aforementioned as-
sumption can be pivotal in the research con-
ducted in developing countries (Quah et al.,
2021) and hotel markets (Melidn-Alzola et
al., 2020). Imperfect information is common
in developing countries because of the lack
of institutional support for a specific indus-
try, leaving suppliers without relevant infor-
mation. The incompleteness of labor markets
and the grey economy can also be the cause
of imperfect information. Apart from that,
developing countries are known for variations
on the part of service providers that are hard
to assess, leading to customers making pur-
chase decisions in imperfect information con-
ditions (Bennett, 1999). Because the assump-
tion of perfect information required to refer
to regression coefficients as customers’ will-
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koeficijente i moguée nespremnosti klijenata
na placdanje (Quah, Choa i Tan, 2006), neki
znanstvenici smatraju da regresijski koefi-
cijenti objaSnjavaju percepciju menadZera o
spremnosti klijenata na placanje ili ih vide
kao utjecaj atributa na cijenu (Chen i Roths-
child, 2010; Gibbs et al., 2018; Solano-Sanc-
hez et al., 2021). Cilj istrazZivanja je mjerenje
utjecaja razlicitih atributa na cijene soba vo-
dedi se praksom i temeljeci se na navedenim
raspravama o nepotpunim informacijama u
zemljama u razvoju.

Buduéi da ne postoji jedinstveni postu-
pak za izbor varijabli u modelu, moguce je
razmatrati razliCite varijable. Pojedini istra-
zivaCi predlazu razne klasifikacije atributa
hotela, poput unutarnjih, vanjskih i reputacij-
skih, ili strukturnih, reputacijskih i lokacij-
skih (Wang i Rasouli, 2022). Nasuprot vanj-
skim atributima, internim atributima smatra-
ju se oni za koje hoteli imaju odreden stupanj
kontrole. Prema dostupnoj literaturi moze se
zakljuciti da sve tri kategorije atributa obicno
proizvode znacajne uc¢inke na cijene. Atributi
koji su se pokazali znaCajnim prediktorima
hotelskih cijena u prethodnim istraZivanji-
ma bili su kategorizacija zvjezdicama (Es-
pinet et al., 2003), veli¢ina hotela (White i
Mulligan, 2002), ocjene zadovoljstva gostiju
(Andersson, 2010; Castro i Ferreira, 2018;
de Oliveira Santos, 2016), mnostvo sadrzaja
(Thrane, 2007), odrzivost (Kuminoff et al.,
2010), besplatno otkazivanje (Tong i Gunter,
2022), itd.

Nekoliko atributa posebno je zanimljivo
za ovaj rad: ¢imbenici koji ukazuju na kva-
litetu (reputacijski ¢imbenici), oznaka odrZi-
vosti te besplatno otkazivanje. U nastavku se
ukratko objasSnjavaju ovi zanimljivi atributi.
Prvo, prema obilnoj literaturi, reputacijski
¢imbenici poput kategorizacije zvjezdicama
i mreZnog ocjenjivanja gostiju mogu poslu-
Ziti kao znakovi kvalitete (Aguild, Alegre i
Riera, 2001; Castro i Ferreira, 2018; Thrane,
2005, 2007; Yang, Mueller i Croes, 2016).
Kategorizacije zvjezdicama ve¢ dugo odra-
Zavaju strategije odredivanja najvisih cijena
u hotelijerstvu (Israeli, 2002). Tako su stu-

ingness to pay is sometimes untenable (Quabh,
Choa and Tan, 2006), some scholars believe
regression coefficients explain managers’ per-
ceptions of the customer’s willingness to pay
or interpret them as the influence of attribute
on price (Chen and Rothschild, 2010; Gibbs
et al., 2018; Solano-Sdnchez et al., 2021).
Following their practice and building on the
argument of imperfect information in devel-
oping countries provided above, this research
focuses on measuring the impact of a variety
of attributes on room rates.

Since there is no unique approach to
choosing variables in the model, different
variable types can be considered. These in-
clude internal, external, and reputational
hotel attributes, although some researchers
classify them in different ways, e.g., struc-
tural, reputational, and locational attributes
(Wang and Rasouli, 2022). Unlike external
attributes, internal attributes are considered
those over which the hotel has a certain de-
gree of control. The available literature sug-
gests that attributes from all three categories
tend to exhibit significant effects on prices.
The attributes that proved to be significant
predictors of hotel prices in previous stud-
ies include star rating (Espinet ef al., 2003),
hotel size (White and Mulligan, 2002), guest
satisfaction ratings (Andersson, 2010; Castro
and Ferreira, 2018; de Oliveira Santos, 2016),
different amenities (Thrane, 2007), sustain-
ability (Kuminoff ef al., 2010), free cancella-
tion (Tong and Gunter, 2022), etc.

Several attributes are of particular inter-
est for this study: signal quality factors (repu-
tational factors), the sustainability label, and
free cancellation. Here is a quick reasoning
behind these intriguing attributes. First, ac-
cording to a vast body of literature, reputa-
tional factors such as star rating and online
guest rating serve as quality signals (Aguild,
Alegre and Riera, 2001; Castro and Ferrei-
ra, 2018; Thrane, 2005, 2007; Yang, Mueller
and Croes, 2016). Star ratings have been re-
flective of premium pricing strategies in the
hotel industry for a long time now (Israeli,
2002). Specifically, representing an overall
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dije provedene u smjestajnim kapacitetima u
razli¢itim podrucjima pokazale da bolja ka-
tegorizacija hotela znacajno povecava cijene
soba i time predstavlja opée jamstvo kvalite-
te (Andersson, 2010; Espinet et al.,2003; La-
tinopoulos, 2018). Veéina studija temeljenih
na hedoni¢kom cjenovnom modelu ukazala
je na kategorizaciju zvjezdicama kao znacaj-
nu eksplanatornu varijablu (npr. Coenders,
Espinet i Saez, 2003; Thrane, 2005), §to nije
iznenadujuce jer je ovakvo ocjenjivanje je-
dan od glavnih ¢imbenika za odluke o po-
godnosti hotela za dobivanje certifikata kva-
litete (Abrate, Capriello i Fraquelli, 2011).
Stoga su hipoteze sljedece:

H1: Hoteli s kategorizacijom od tri (a),
Cetiri (b) 1 pet zvjezdica (c) odreduju vise
cijene za sobe nego hoteli s manje od tri
ili bez zvjezdica.

Znakovi kvalitete u smislu elektronske
usmene predaje (e-WOM) mogu smanyjiti asi-
metriju informacije navodeci tako goste na
donosenje informiranijih odluka prije kup-
nje, $to je najvaZnije u industrijama doZivljaja
(Manes i Tchetchik, 2018). PoboljSanja ocje-
na gostiju povezuju se s pove¢anjem prihoda
(Anderson, 2012). Pozitivan u¢inak mreznog
ocjenjivanja na cijene (Abrate ef al., 2011) ne
iznenaduje zbog ¢injenice da mreZno ocjenji-
vanje moze smanjiti asimetriju informacija.
Na primjer, pokazalo se da su razne skupine
dodatnih pogodnosti smjeStaja poput parkin-
ga, vrtova te pogleda na more povezane S
viS§im cijenama smjeStaja u obalnim destina-
cijama (Portolan, 2012). Kad gosti ocijene te
i sli¢ne pogodnosti na mreZnim stranicama
za rezervacije viSim ocjenama, smanjuje se
nesigurnost buducih gostiju o pogodnostima
mjesta koje namjeravaju rezervirati za svoj
boravak. Slijedom toga, cijene smjeStaja s
bolje ocijenjenim pogodnostima rastu (Ca-
stro 1 Ferreira, 2018). Osim pogodnosti, i
ostali elementi koje gosti ocjenjuju na mrez-
nim stranicama, poput lokacije 1 Cistoce,
takoder mogu povecati cijene (Zhang, Ye i
Law, 2011). Sli¢ni se ucinci mogu povezati
takoder i s ocjenjivanjem od strane osoblja.
Stoga predlaZzemo sljedecu hipotezu:

quality assurance proof, better hotel star rat-
ings proved to significantly increase room
prices in studies conducted on accommoda-
tions located in different regions (Anders-
son, 2010; Espinet et al., 2003; Latinopoulos,
2018). Most of the studies that build their ra-
tionale on hedonic pricing modelling proved
that star rating can serve as a significant ex-
planatory variable (e.g. Coenders, Espinet
and Saez, 2003; Thrane, 2005), which comes
as no surprise considering that this rating is
one of the main factors determining if hotels
will hold quality certificates or not (Abrate,
Capriello and Fraquelli, 2011). Therefore, the
following hypotheses are:

H1: Hotels with three (a), four (b), and
five-star (c) ratings set higher prices for
their rooms than hotels with less than
three or no-star ratings.

Quality signals in terms of e-WOM
can lower information asymmetry, leading
guests to make more informed decisions be-
fore purchase, which is most important in ex-
periential industries (Manes and Tchetchik,
2018). Improvements in online guest ratings
are associated with an increase in revenues
(Anderson, 2012). The positive effect of on-
line ratings on prices (Abrate et al., 2011)
comes as no surprise, considering the abili-
ty of online ratings to decrease information
asymmetry. For example, a diverse group of
accommodation facilities, including parking,
gardens, and sea views, proved to be relat-
ed to higher accommodation prices for the
coastal destination (Portolan, 2012). When
guests rate these and other facilities on book-
ing websites with higher scores, they reduce
future guests’ insecurity about the facilities
of the place they intend to book for their stay.
Consequently, the price of accommodation
with better-rated facilities increases (Castro
and Ferreira, 2018). In addition to facilities,
guest ratings for other elements on online
websites, such as location and cleanliness,
also increase prices (Zhang, Ye and Law,
2011). Similar effects might be associated
with staff ratings as well. Therefore, the fol-
lowing hypothesis is proposed:



150

Acta Turistica, Vol 36 (2024), No 2, pp 143-175

H2: Vise ocjene znakova kvalitete na

mreZnim stranicama u pogledu osoblja (a),

pogodnosti (b), Cistoce (c), udobnosti (d) i

lokacije (e) povezuju se s viSim cijenama

hotela.

Pojam odrzivog turizma javio se prije
nekoliko desetlje¢a (Hall, 2011) i cijelo vri-
jeme traje rasprava o indikatorima odrZivog
turizma i kako se oni mogu uklopiti u Siri
okvir odrzivosti (Bundeanu et al., 2016; Ra-
soolimanesh et al., 2023). Iz perspektive po-
trosaca, odrzive poslovne prakse povezane
su s povecanom potroSnjom pa posljedi¢no
tomu i s lojalnosti (Yang et al., 2023). Tako i
u ugostiteljstvu zeleni imidZ hotela moZe po-
boljSati percepcije gostiju i povecati namjere
za ponovnu posjetu (Lee et al., 2010). OdrZive
prakse hotela povezuju se s boljim poslovnim
rezultatima (Hathroubi, Peypoch, i Robinot,
2014) bududi da su gosti voljni platiti vise ci-
jene za odrZive objekte ako su svjesni da tako
pomazu okoliSu i druStvu u mjestu koje po-
sjecuju (Kuminoff et al., 2010). S obzirom na
gore spomenuto predlaze se sljedeca hipoteza:

H3: Hoteli s oznakama odrZivosti odre-
duju vise cijene za svoje sobe nego hoteli
bez takovih oznaka.

Moguénost besplatnog otkazivanja ima
psiholoske u¢inke u odnosu na psihologiju
odbojnosti prema gubitku (Tversky i Kahne-
man, 1991), §to klijente upucuje na spremnost
pladanja premija za mogucnost otkaziva-
nja napravljenih rezervacija (Tong i Gunter,
2022). Kad su potrosaci svjesni mogucih ne-
izvjesnosti, traZe na¢ine minimiziranja izlo-
Zenosti riziku, biraju mogucénost besplatnog
otkazivanja (Benitez-Aurioles, 2018) i manje
su osjetljivi na cijene. lako za pruzatelje us-
luge smjestaja fleksibilne moguénosti otka-
zivanja povecavaju rizik koriStenja usluga,
nefleksibilna politika otkazivanja povecava
rizik za potroSaca (Benitez-Aurioles, 2018)
pa stoga dopusta odredivanje nizih cijena.
Posljedi¢no tomu, nije ¢udno da su pros-
la istraZivanja povezivala poveéanje cijena
smjestaja s moguénoséu besplatnog otkazi-
vanja (Abrate i Viglia, 2016). S obzirom na
gore navedeno predlaZe se sljedeca hipoteza:

H2: Higher online ratings for quality
signals in terms of staff (a), facilities (b),
cleanliness (c), comfort (d), and location
(e) are associated with higher hotel room
prices.

The term sustainable tourism has emerged
decades ago (Hall, 2011). A debate on indi-
cators of sustainable tourism and how it fits
into the wider range of sustainability has been
active ever since (Bundeanu et al., 2016; Ra-
soolimanesh et al., 2023). From a consumer
perspective, sustainable business practices
have been linked with increased consumption
and, consequently, loyalty (Yang et al., 2023).
Hospitality industry is no exception. A green
hotel image can improve guests’ perceptions
and increase revisit intentions (Lee et al.,
2010). Hotel sustainable practices are asso-
ciated with better performance (Hathroubi,
Peypoch, and Robinot, 2014) because appreci-
ating that they can help the local environment
and society, guests are willing to pay premium
prices for sustainable properties (Kuminoff et
al., 2010). Considering everything mentioned
above, the following hypothesis is proposed:

H3: Hotels with sustainability labels set
higher prices for their rooms than hotels
without these labels.

Cancellation policy has psychological ef-
fects related to the psychology of loss aversion
(Tversky and Kahneman, 1991), leading to
customers being ready to pay premiums for
having the option to cancel their reservation
when booking in advance (Tong and Gunter,
2022). When aware that they face uncertainty,
consumers want to minimize risks and opt for
free cancellation policies (Benitez-Aurioles,
2018) and are less sensitive to prices. While
the flexible cancellation policy increases the
consumption risk on the side of accommo-
dation providers, the strict policy increases
consumer risks (Benitez-Aurioles, 2018) and,
therefore, allows lower prices. Consequent-
ly, it is no wonder that past research associ-
ated the increase in accommodation prices
with the free cancellation policy (Abrate and
Viglia, 2016). Considering everything above,
the following hypothesis is proposed:
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H4: Hoteli koji nude moguénost besplat-
nog otkazivanja odreduju viSe cijene soba
nego hoteli s nefleksibilnom politikom
otkazivanja.

Nadalje, s obzirom na vaznost brendira-
nja destinacije u drugim studijama hedonic-
kog odredivanja cijena (Soler et al., 2019),
Zeljeli smo ispitati kako razne destinacije
utjecu na cijene hotelskih usluga u Bosni i
Hercegovini. Zato je, uz varijable iz postav-
ljenih hipoteza, i destinacija ukljucena kao
varijabla u modelu.

3. EMPIRIJSKI OKVIR
3.1. Podaci i varijable

Na osnovi postavljenih hipoteza slijedi
popis eksplanatornih varijabli koje su uklju-
¢ene u istrazivanje. To su kategorizacija
zvjezdicama i mreZne ocjene kojima su go-
sti ocijenili udobnost, Cistocu, pogodnosti,
lokaciju i osoblje, a radi se o reputacijskim
atributima koji su dokazano imali znacajan
ucinak na cijene soba, oznake odrZivosti,
moguénosti besplatnog otkazivanja i desti-
nacija hotela. Konac¢no, takoder je uvrsten i
lokacijski prediktor (Wang i Rasouli, 2022)
koji je jedinstven zbog inherentne posebnosti
i nepromjenjivosti (Soler i Gemar, 2018), jer
destinacija hotela daje veliki broj informaci-
ja — narocito u svezi atributa specifi¢nih za
destinaciju koje se inace teSko ukljucuju u
standardan regresijski okvir.

Svi podaci, ukljucujuéi i cijene soba, in-
formacije o kategorizaciji zvjezdicama, mo-
guénosti besplatnog otkazivanja, oznakama
odrzivosti i ocjenama gostiju prikupljeni su
na platformi Booking.com pocetkom ozujka
2023. godine. Cijene smjestaja za jednu no¢
u najjeftinijoj varijanti dvokrevetnih soba s
doru¢kom prikupljene su na isti nacin kao
§to je opisano u prethodnim istraZivanjima
(Castro i Ferreira, 2018; Costa, 2013). Podaci
su prikupljani nekoliko mjeseci prije odrede-
nih dana u tjednu tijekom svibnja. Prikuplja-

H4: Hotels with a free cancellation policy
set higher prices for their rooms than ho-
tels with a strict cancellation policy.

Additionally, considering the importance
of destination branding in other hedonic
pricing studies (Soler et al., 2019), the inten-
tion was to explore how different destina-
tions affect hotel prices in Bosnia and Her-
zegovina. Therefore, in addition to variables
from hypothesized paths, the destination was
included as a variable in the model.

3. EMPIRICAL FRAMEWORK
3.1. Data and variables

Based on the stated hypotheses, here we
provide the list of explanatory variables we
included in the study. These are star ratings
and online guest ratings for comfort, cleanli-
ness, facilities, location, and staff, which are
all reputational attributes that have proved to
have a significant effect on room rates, sus-
tainability labels, free cancellation policies,
and hotel destinations. Finally, being a loca-
tional predictor (Wang and Rasouli, 2022),
unique in terms of its inherent specificity and
immutability (Soler and Gemar, 2018), a ho-
tel’s destination yields a wealth of informa-
tion, chiefly concerning destination-specific
attributes that are otherwise challenging to
incorporate within a standard regression
framework and is therefore included as well.

All data, including room rates, informa-
tion on the star rating, cancellation policy,
sustainability label, and guest ratings, were
collected using Booking.com. Data col-
lection was conducted at the beginning of
March 2023. Room rates for a one-night stay
in the cheapest version of a double room with
breakfast were collected following a similar
approach as previous studies (Castro and
Ferreira, 2018; Costa, 2013). Data were gath-
ered several months in advance, specifically
for weekday stays in May. Collecting data
for a one-night stay on weekdays for all ho-
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nje podataka o smjeStaju za jednu noc¢ u tjednu
za sve hotele vrlo je bitno kako bi se osiguralo
prikupljanje podataka u slicnim uvjetima po-
traznje i eliminirao utjecaj razlika u potraznji
izmedu dana u tjednu i vikenda (Schamel,
2012). Svibanj je odabran kako bi se umanjio
utjecaj uvjeta visoke sezonske potraznje ili
ucinci sezonalnosti, $to je posebice relevantno
za pokrivanje Sireg podrudja regije, u skladu
s praksama drugih istrazivaca (Chen i Roths-
child, 2010; Soler i Gemar, 2018). Podacima
prikupljenim samo u hotelima Federacije Bo-
sne i Hercegovine dobiven je skup podataka
koji se sastoji od 146 razlicitih elemenata cije-
na (hotela). Osim toga, kako $to je ranije spo-
menuto, podaci za ostale varijable uvrstene u
model preuzeti su s platforme Booking.com.

Varijabla ,,destinacija” nedvojben je pre-
diktor s Cetiri kategorije (O=Sarajevski kan-
ton, 1=Neum, 2=Mostar, 3=0Ostali). Ova kate-
gorizacija destinacija od iznimne je vaZnosti
zbog velikog broja razlicitih destinacija u Fe-
deraciji Bosne i Hercegovine §to bi, u slucaju
da se ne uzmu u obzir, sprijecilo izvodenje
detaljne statisticke procjene. Kategorije nisu
bile odabrane nasumice nego na temelju kla-
sifikacije preuzete od Federalnog zavoda za
statistiku koji koristi kategorizaciju destina-
cija u svojim mjese¢nim biltenima Federacije
Bosne i Hercegovine, posebice u dijelu koji
se odnosi na turizam. Varijabla ,,dodijeljene
zvjezdice* kategoricka je varijabla kodirana
prema slicnom pristupu opisanom u literaturi
(Masiero et al. 2015) kako slijedi: O se odnosi
na hotele s manje od tri zvjezdice ili bez kate-
gorizacije, 1 se odnosi na hotele s tri zvjezdi-
ce, 2 na hotele s Cetiri zvjezdice i 3 na hotele s
pet zvjezdica. Varijable ,,0znaka odrZivosti“ i
,moguénost besplatnog otkazivanja“ binarne
su i kodirane na sljedeci nacin: O predstavlja
odsustvo, a 1 predstavlja prisustvo oznake
odrZzivosti ili moguénosti besplatnog otkazi-
vanja. MreZzno ocjenjivanje gostiju (osoblja,
pogodnosti, komfora, ¢istoée i lokacije) kon-
tinuirane su varijable izraZene kao prosjecne
ocjene gostiju za svaku od navedenih znacajki
hotela s popisa Booking.com. Tablica 1 prika-
zuje opise varijabli.

tels is crucial to ensure data collection under
similar demand conditions and to eliminate
the influence of demand variations between
weekdays and weekends (Schamel, 2012).
May was selected to mitigate the impact of
high-season demand conditions or season-
ality effects, which are particularly relevant
when covering a broader region, in line with
the practices of other researchers (Chen and
Rothschild, 2010; Soler and Gemar, 2018).
The data were exclusively collected for the
hotels in the Federation of Bosnia and Her-
zegovina, resulting in a dataset comprising
information on 146 distinct price points (ho-
tels). Additionally, data for other variables
included in the model were sourced from
Booking.com, as previously mentioned.

The ‘destination’ variable is a categorical
predictor with four categories (0O=Sarajevo
Canton, 1=Neum, 2=Mostar, 3=Other). This
categorization of destinations is vital due to
the large number of diverse destinations in the
Federation of Bosnia and Herzegovina, which
would, if not accounted for, prevent us from
performing any precise statistical estimation.
Categories were not chosen randomly but ad-
opted from the classification provided by the
Federal Office for Statistics, which uses this
destination categorization in its monthly bul-
letins on the Federation of Bosnia and Herze-
govina, specifically in the tourism section. The
‘star rating” variable is a categorical variable
coded as follows: zero stands for hotels with
less than three stars or unrated, one stands for
hotels with three stars, two stands for hotels
with four stars, and three stands for hotels with
five stars, following a similar approach to Ma-
siero et al.(2015). The ‘sustainability label’ and
‘free cancellation’ variables are dichotomous
variables coded as follows: zero represents the
absence, and 1 represents the presence of a
sustainability label or free cancellation policy.
Online guest ratings (staff, facilities, comfort,
cleanliness, and location) are continuous vari-
ables expressed as the averages of the ratings
guests provide for each of the characteristics
for the hotels listed on Booking.com. Table 1
provides variable descriptions.
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Tablica 1: Znacajke varijabli

Table 1: Variable characteristics

zvjezdica

Naziv Vrsta . R
varijable | varijable Opis BiljeSke
Cijena Kvantita- | Cijena za Uobicajeni
sobe tivna najmanje postupak
skupu va- | kao kod
rijantu je Castro i
dvokrevetna | Ferreira
soba s do- (2015,
ruckom 2018)
Osoblje | Kvantita- | Ocjena
tivna Booking.
com-a
Pogod- | Kvantita- |Ocjena
nosti tivna Booking.
com-a
Cistoa |Kvantita- |Ocjena
tivna Booking.
com-a
Komfor |Kvantita- | Ocjena
tivna Booking.
com-a
Lokacija | Kvantita- | Ocjena
tivna Booking.
com-a
Oznaka |Dummy |0=Ne, 1=Da |Booking.
odrZivo- com-ov
sti program
prepo-
Znavanja
odrZivosti
Mogué- |Dummy |0=Ne, 1=Da
nost be-
splatnog
otkaziva-
nja
Destina- | Kvalita- [0O=Sarajev- |Katego-
cija tivna ski kanton, |rizacija
1=Neum, destinacija
2=Mostar, |prema
3=0Ostali Federal-
nom sta-
tistickom
zavodu
Katego- |Kvalita- |O=ispod
rizacija |tivna tri ili bez
zvjezdi- zvjezdica,
cama 1=tri zvjez-
dice, 2=Ce-
tiri zvjez-
dice, 3=pet

Variable | Type of | Descrip-
. . Note
name variable tion
Room Quantita- | Price for | A common
rate tive the least | procedure,
expensive |similar to
version is | Castro and
adouble |Ferreira
room with | (2015,
breakfast |2018)
included
Staff Quantita- | Booking.
tive com score
Facilities |Quantita- | Booking.
tive com score
Cleanli- |Quantita- | Booking.
ness tive com score
Comfort |Quantita- | Booking.
tive com score
Location |Quantita- | Booking.
tive com score
Sustain- |Dummy |0=No, Booking.
ability 1=Yes com’s sus-
label tainability
recognition
program
Free can- | Dummy |0=No,
cellation 1=Yes
Destina- Qualita- | 0=Saraje- |Destination
tion tive vo Canton, | classifica-
1=Neum, |tion pro-
2=Mostar, |vided by
3=0ther |the Federal
Office of
Statistics
Star rat- | Qualita- |0=Below
ing tive three or
no stars,
1=Three
stars,
2=Four
stars,
3=Five
stars
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3.2. Deskriptivna statistika

Prije interpretacije regresijskih funkcija,
tj. hedonickih cjenovnih modela, prezentirat
¢e se osnovna deskriptivna statistika kako bi
se lakSe priblizili podaci. Tablice 2 i 3 prika-
zuju pregled deskriptivne statistike za kon-
tinuirane i kategoricke varijable koriStene u
regresijskom modelu. U Tablici 4 vidljiva je
korelacijska matrica za sve kontinuirane va-
rijable.

3.2. Descriptive statistics

Before specifying the regression func-
tions, i.e., hedonic pricing models, we pro-
vide basic descriptive statistics to enhance
familiarity with the data. Tables 2 and 3
present an overview of the descriptive sta-
tistics for the continuous and categorical
variables employed in the regression model.
Table 4 represents the correlation matrix for
all continuous variables.

Tablica 2: Deskriptivna statistika za kontinuirane podatke

Naziv varijable gi;:';;z N vfiﬁﬁﬂﬁjfs | sD Min Max
Cijena sobe P 146 141,25 4991 46 313
Osoblje SF 146 9,29 0,45 74 10
Pogodnosti FS 146 8,59 0,60 6,9 9,7
Cistoéa CL 146 9,00 0,56 73 10
Komfor CF 146 8,95 0,59 6,7 10
Lokacija LC 146 9,20 0,53 7,6 9.9
Table 2: Descriptive statistics for continuous data

Variable name Variable mark N Mean SD Min Max
Room rate P 146 141.25 4991 46 313
Staff SF 146 9.29 0.45 74 10
Facilities FS 146 8.59 0.60 6.9 9.7
Cleanliness CL 146 9.00 0.56 73 10
Comfort CF 146 8.95 0.59 6.7 10
Location LC 146 9.20 0.53 7.6 9.9
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Tablica 3: Deskriptivna statistika za kategorijske podatke

Naziv Var.ijable Oznaka varijable | Frekvencija Postotak Kumulativni
(dummies) postotak
Oznaka odrzivosti (Ne) SSNO 82 56,16 56,16
Oznaka odrzivosti (Da) SSYES 64 43,84 100,00
Besplatno otkazivanje FCNO 24 16,44 16,44
(Ne)
Besplatno otkazivanje FCYES 122 83,56 100,00
(Da)
Destinacija (Sarajevski DSAR 54 36,99 36,99
kanton)
Destinacija (Neum) DNE 7 4,79 41,78
Destinacija (Mostar) DMO 20 13,70 55,48
Destinacija (ostale) DOTH 65 44,52 100,00
Kategorizacija (manje STNO 28 19,18 19,18
od tri ili bez zvjezdica)
Kategorizacija (tri STTHREE 38 26,03 45,21
zvjezdice)
Kategorizacija (Cetiri STFOUR 75 51,37 96,58
zvjezdice)
Kategorizacija (pet STFIVE 5 342 100,00
zvjezdica)
Table 3: Descriptive statistics for categorical data
Variable 1.13me Variable mark Frequency Percentage Cumulative
(dummies) percentage
Sustainability label SSNO 82 56.16 56.16
(No)
Sustainability label SSYES 64 43.84 100.00
(Yes)
Free cancellation (No) FCNO 24 16.44 16.44
Free cancellation (Yes) FCYES 122 83.56 100.00
Destination (Sarajevo DSAR 54 36.99 36.99
Canton)
Destination (Neum) DNE 7 4.79 41.78
Destination (Mostar) DMO 20 13.70 5548
Destination (Other) DOTH 65 44 .52 100.00
Star rating (Below three STNO 28 19.18 19.18
Or no stars)
Star rating (Three stars) STTHREE 38 26.03 4521
Star rating (Four stars) STFOUR 75 51.37 96.58
Star rating (Five stars) STFIVE 5 342 100.00
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Tablica 4: Korelacijska matrica

Oznaka varijable P SF FS CL CF LC
P 1,00
SF 0,05 1,00
FS 0,17* 0,797k 1,00
CL 0,10 0,77%%* 0,89%* 1,00
CF 0,13 0,807%%%* 0,91%** 0,94%%* 1,00
LC 0,24%+* 0,56%*** 0,42%%* 0,44%** 0,45%%%* 1,00
BiljeSka: * znaci <0,05. ** znaci p <0.01. *** znaci p <0.001
Table 4: Correlation matrix
Variable mark P SF FS CL CF LC
P 1.00
SF 0.05 1.00
FS 0.17* 0.797%%%* 1.00
CL 0.10 0.77%%* 0.897#** 1.00
CF 0.13 0.807##* 0.9 .94 1.00
LC 0.24%* 0.56%%** 0.42%%% 0.44%%% 0.45%%% 1.00

Note: * indicates p<0.05. ** indicates p<0.01. *** indicates p<0.001

3.3. Specifikacije preliminarnog
modela

U analizi je koriStena regresija metodom
najmanjih kvadrata (OLS) prema ustaljenoj
praksi opisanoj u literaturi o hedonickom
odredivanju cijena. Jedan od najvecih opisa-
nih problema hedonickog odredivanja cijena
je identifikacija prikladnog funkcionalnog
oblika regresijskog modela. Teorijsko objas-
njenje hedonickog odredivanja cijena vrlo je
jednostavno — cijena je zbir cijena znacaj-
ki hotela/sobe. Medutim, kako su znacajke
mnogobrojne, neke se mogu previdjeti. Sto-
ga je pitanje izbora adekvatnog oblika od
iznimne vaznosti. S obzirom na ogranic¢enja
hedonickog cjenovnog modela, Cropper et
al. (1988) dokazali su da jednostavni oblici
(linearni, semi-log, i double-log) obicno daju
najbolje rezultate. Medutim, znanstvenici se
ne slazu oko izbora izmedu ovih modela.
Vedina cijeni log-linearni model (npr. Lati-

3.3. Preliminary model
specifications

According to the common practice in he-
donic pricing literature, OLS (Ordinary Least
Square) regression was used for this analy-
sis. One of the major problems in hedonic
pricing literature is finding the appropriate
functional form for the regression model.
The reasoning behind the hedonic pricing is
quite simple — price is the sum of the prices
for hotel/room characteristics. Still, there are
numerous characteristics, and scholars can
omit some of them. The question of choosing
the right form, therefore, becomes crucial.
Considering the limitations of the hedonic
pricing model, Cropper et al. (1988) proved
that simple forms (linear, semi-log, and dou-
ble-log) usually perform the best. However,
when choosing between these models, schol-
ars seem to disagree. Most of them estimate
log-lin (e.g. Latinopoulos, 2018; Zhang et
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nopoulos, 2018; Zhang et al., 2011), dok neki
jos uvijek biraju lin-lin modele (npr. Solano-
Séanchez et al., 2021) ili funkcionalni model
(npr. Agmapisarn, 2014). Model log-lin daje
najbolje rezultate u vecini studija, ali znan-
stvenici obi¢no provode nekoliko testova
usporedivanja modela te donose odluke te-
meljene na tim podacima (Yim et al., 2014).

Slijedom uvjerenja da nema jedinstvenog
oblika koji daje najbolje rezultate u bilo ko-
jem slucaju i na bilo kojem skupu podataka
(Fleischer, 2012), izdvojena su Cetiri razli¢ita
najceScéa regresijska oblika u literaturi o he-
doni¢kom odredivanju cijena. Ti modeli su:

al., 2011), while some still estimate lin-lin
models (e.g. Solano-Sanchez et al., 2021) or
choose the log-log functional form (e.g. Ag-
mapisarn, 2014). The log-lin form performs
the best in most studies, but scholars usually
conduct several tests to compare models and
make decisions based on their data (Yim et
al.,2014).

Building on the argument that there is no
unique form that performs the best in any
case and on any data set (Fleischer, 2012),
we specified four different, most common re-
gression forms in hedonic pricing literature.
These models are:

P = f(DNE, DMO, DOTH, STTHREE, STFOUR, STFIVE, FCYES, SSYES, SF, FS, CF, CL, LC)
(Lin-lin model) (1)

lP = f(DNE, DMO, DOTH, STTHREE, STFOUR, STFIVE, FCYES, SSYES, SF, FS, CF, CL, LC)
(Log-lin model) (2)

I[P = f(DNE,DMO, DOTH, STTHREE, STFOUR, STFIVE, FCYES, SSYES, ISF, IFS, ICF, ICL, ILC)
(Log-log model) (3)

P = f (DNE,DMO, DOTH, STTHREE, STFOUR, STFIVE, FCYES, SSYES, ISF, IFS, ICF, ICL, ILC)
(Model Lin-log) (4)

Nakon $to je odabran prvo lin-lin mo-
del, regresijska dijagnostika pokazala je da
pretpostavka linearnosti nije ispunjena. Zbog
toga je provedena regresijska analiza Box-
Cox prema standardnom postupku opisanom
u literaturi o hedoni¢kom odredivanju cijena
(Cameron i Trivedi, 2010; Fleischer, 2012;
Yim et al., 2014). Vrijednosti od © blize 0
ukazuju na prikladnost logaritmicke tran-
sformacije zavisne varijable, dok se linearni
model pokazao pogodniji za vrijednosti bli-
Ze 1. Ovo je istrazivanje utvrdilo da je vri-
jednost © bliza 0, tj. 0,348, $to je uputilo na
potrebu za logaritmickom transformacijom
zavisne varijable koja je pokazala sukladnost
s veéinom rezultata opisanih u literaturi o

After the initial (lin-lin) model was spec-
ified, regression diagnostic indicated a vio-
lation of the linearity assumption. Upon no-
ticing deviation from linearity, Box-Cox re-
gression was performed following a standard
procedure in hedonic pricing literature (Cam-
eron and Trivedi, 2010; Fleischer, 2012; Yim
et al., 2014). Values of © closer to 0 indicate
the appropriateness of the logarithmic trans-
formation of the dependent variable, while
values closer to 1 favor the linear model. In
this study, © value is 0.348, which is closer to
0, indicating the need for logarithmic trans-
formation of the dependent variable, which is
in accordance with the majority of hedonic
pricing literature (Wooldridge, 2015).
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hedonickom odredivanju cijena (Wooldrid-
ge, 2015).

Zacetnici istrazivanja hedonickog cje-
novnog modela i ekonometricari preferiraju
modele s algoritamskom transformacijom
zavisne varijable log-lin modela jer pojaca-
vaju eksplanatornu snagu modela (Rosen,
1974; Wooldridge, 2015). To znaci da log-lin
model ulinkovitije obuhvaéa ucinak zna-
¢ajki proizvoda na njegovu cijenu, Sto ta-
koder vrijedi i za ovaj sektor prema praksi
i argumentaciji istrazivanja (Schamel, 2012;
Soler et al., 2019). Jedna od prednosti ovog
oblika modela u usporedbi s drugim mode-
lima je da pomaze tumacenje. Na primjer,
koeficijent u modelu se tumaci kao oceki-
vana postotna promjena zavisne varijable
po jedinici promjene nezavisne varijable, Sto
odgovara tipu eksplanatornih varijabli hedo-
nickih cjenovnih modela u ugostiteljstvu. K
tomu, usmjeravanje multiplikativnog u€inka
znacajki proizvoda (hotela) na cijenu tako-
der daje prednost dodjeljivanju ovog mode-
la (Malpezzi, 2003). Nadalje, Wooldridge
(2015) smatra da ova transformacija moze
rijeSiti probleme heteroskedasti¢nosti koji
su opazeni u netransformiranim modelima.
Stoga je zaklju¢eno na temelju tumacenja
iz literature i rezultata provedenog testira-
nja da je log-linearni model u ovom slucaju
najprikladniji. Drugi veliki problem koji se
pojavio nakon $to su provedene prikladne
transformacije bila je multikolinearnost koja
je dijagnosticirana uporabom faktora varija-
cije inflacije (VIF) i nakon ispitivanja koefi-
cijenata korelacije prikazanih u korelacijskoj
matrici (Table 4). Problemati¢ne varijable
bile su udobnost (U) i &istoca (CS), s time da
su oba faktora varijacije inflacije (VIF) bila
iznad grani¢ne vrijednosti 10 (Bowerman i
O’Connell, 1990), tj. 13,92 i 10,09. Korela-
cijska matrica otkrila je dva vrlo visoka ko-
eficijenta (iznad 0,9). Prethodna istraZivanja
dokazala su visoke korelacije ovih varijabli s
drugim ocjenama zadovoljstva gostiju, Sto je
podiglo faktore varijacije (VIF) u pocetnim
modelima (Castro i Ferreira, 2018).

The pioneering scholars in hedonic pric-
ing modelling and econometricians favor
models with a logarithmic transformation
of a dependent variable (log-lin models) be-
cause they improve the explanatory power of
the model (Rosen, 1974; Wooldridge, 2015).
This means that the log-lin model better cap-
tures the effect of product characteristics on
its price, which, according to the practice
and argumentation in the research in the
hospitality industry, holds in this specific
sector as well (Schamel, 2012; Soler et al.,
2019). One of the advantages of this model
form, compared to other models, is that it
aids interpretation. For example, the coeffi-
cient in the model is interpreted as the ex-
pected percentual change in the dependent
variable for a one-unit change in the inde-
pendent variable, which is appropriate for
the type of explanatory variables in hedonic
pricing models in the hospitality industry.
Additionally, addressing the multiplicative
effect of product (hotel) characteristics on
price gives an advantage to this model spec-
ification, too (Malpezzi, 2003). Furthermore,
Wooldridge (2015) believes that this trans-
formation can help solve heteroscedasticity
problems observed in a non-transformed
model. Therefore, based on the explanations
in the literature and the results of our test, we
concluded that the log-lin form is the most
appropriate for our model. Another major
problem, even after appropriate transforma-
tions were performed, was multicollinearity.
It was diagnosed using the Variance Inflation
Factor (VIF) and by looking at correlation
coefficients shown in the correlation matrix
(Table 4). The problematic variables were
Comfort (CF) and CL (Cleanliness), with
VIF of 13.92 and 10.09, both above the VIF
threshold of 10 (Bowerman and O’Connell,
1990). The correlation matrix revealed two
very high coefficients (above 0.9). Previ-
ous research proved the high correlation of
these variables with other guest satisfaction
ratings, leading to them having high VIF in
initial models (Castro and Ferreira, 2018).
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Postoji nekoliko nacina rjeSavanja proble-
ma multikolinearnosti. Buduéi da transfor-
macije varijabli nisu mogle rijeSiti problem,
slijedom standardnog postupka za obradu
multikolinearnosti u modelima hedonickog
odredivanja cijena (npr. Belcher i Chisholm,
2018; Castro i Ferreira, 2018), izostavljena je
varijabla s najvi§im faktorom varijacije infla-
cije (VIF). To znaci da varijabla ugodnosti
nije uklju¢ena u model, §to nije neuobicajeno
u modelima hedonickog odredivanja cijena,
kao $to je ve¢ navedeno za eksplatorne va-
rijable koje izazivaju probleme multikoline-
arnosti. Treba napomenuti da multikoline-
arnost nije rijetka u analizama ocjenjivanja
gostiju. Castro i Ferreira (2018) navode da je
mogudi razlog tzv. halo effect (Borges et al.,
2015) ili jednostavno generalizacija doZivlja-
ja koji se nalaze u hotelskim evaluacijama.
Nakon izbacivanja udobnosti (U), faktor va-
rijacije inflacije (VIF) bio je ispod 10 s tole-
rancijom iznad 0,1 (Field, 2013), a niti jedan
koeficijent korelacije iznad 0,9 nije ostao u
korelacijskoj matrici.

Testiranjem modela na prisutnost poten-
cijalnih netipi¢nih vrijednosti koriStenjem
standardnog postupka, one su utvrdene izra-
¢unom studentiziranih ostataka, Cookove
udaljenosti i pomaka. Potvrdeno je pet neti-
pi¢nih vrijednosti koriStenjem opéeprihvace-
nih granica (Cookova udaljenost iznad 4/N,
apsolutni pomak iznad 2*sqrt(k/n), najvise
1% opazanja sa studentiziranim rezidualima
iznad apsolutnog tri i ne viSe od 5% opa-
Zanja sa studentiziranim rezidualima iznad
apsolutnog dva). Za obradu potencijalnih
netipi¢nih vrijednosti, ukljuene su u regre-
sijski model kao dummy varijable (oznacene
ID). Za razliku od izbacivanja primjedbi koje
su bile utvrdene kao netipi¢ne vrijednosti,
ovim postupkom ublaZava se potencijalno
odstupanje zbog njihovog prisustva uz za-
drzavanje ostalih informacija dobivenih od
netipi¢nih vrijednosti i uvazavanje njihovog
utjecaja. U modelu u kojem su varijable bile
tretirane kao netipicne vrijednosti, regresij-
ski koeficijenti nisu pokazivali nikakve zna-

There are several ways a researcher can deal
with multicollinearity. Since variable trans-
formations could not solve the problem, fol-
lowing a standard procedure for dealing with
multicollinearity in hedonic pricing models
(e.g. Belcher and Chisholm, 2018; Castro
and Ferreira, 2018), we dropped the variable
with the highest VIF. This means that vari-
able comfort was excluded from the model,
which, as mentioned above, is not uncom-
mon for explanatory variables in hedonic
pricing models that cause multicollinearity
problems. It is worth mentioning that multi-
collinearity is not rare in studies with guest
ratings. Castro and Ferreira (2018) note that
the reason can be the halo effect (Borges et
al., 2015) or simply the generalization of ex-
perience present in hotel evaluations. After
Comfort (CF) was dropped, all remaining
variables had VIF below 10, tolerance above
0.1 (Field, 2013), and no correlation coeffi-
cients above 0.9 remained in the correlation
matrix.

Later, we checked the model for the
presence of potential outliers. Outliers were
detected using a standard procedure by cal-
culating studentized residuals, Cook’s dis-
tance, and drifts. We identified five outliers
using widely accepted thresholds (Cook’s
distance above 4/N, absolute drifts above
2*sqrt(k/n), no more than 1% observations
with studentized residuals above absolute
three and no more than 5% observations
with studentized residuals above absolute
two). To treat potential outliers, we includ-
ed them as dummy variables (marked as
IDs) in our regression model. Unlike drop-
ping observations identified as outliers, this
treatment helps mitigate the potential bias
caused by their presence while remaining
information obtained by outliers and ac-
knowledging their influence. In the model
with dummy variables treated as outliers,
regression coefficients did not exhibit any
significant change, meaning that p values
did not change in a way that would lead to a
different conclusion.
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¢ajne promjene, $to znaci da se vrijednosti p
nisu promijenile tako da bi navele na druga-
¢iji zakljucak.

Osim toga, model sa specifikacijom log-
lin dokazao je bolju prikladnost od modela
log-log od samog pocetka. Zaklju¢no, sli-
jedeéi preporuke iz literature i nakon is-
punjavanja svih pretpostavki viSestruke
regresijske analize prema R?, Akaikeovom
informacijskom kriteriju (AIC) i Bayesovom
informacijskom kriteriju (BIC), ¢ini se da
log-lin model (Model 3) najbolje odgovara te
je stoga i uvrSten u studiju. Tablica 6 prika-
zuje usporedbu regresijskih modela.

Furthermore, the model with log-lin
specification proved to be a better fit from
the start than the log-log model. To conclude,
following recommendations from the liter-
ature and after meeting all assumptions of
multiple regression, following R?, Akaiki In-
formation Criterion (AIC), and Bayesian In-
formation Criterion (BIC), the log-lin model
(Model 3) seems to fit the data best and is
therefore reported. Table 6 provides a com-
parison of regression models.

Tablica 6: Usporedba regresijskih modela

Varijable Model 1 Model 2 Model 3 Model 4
(Log-Lin) (Log-log) (Log-Lin) (Log-Log)
DNE 0,02 0,02 0,01 0,00
DMO 0,18%* -0,18* -0,19%* -0,19%*
DOTH -(,247%#%% -(), 243k (0,24 (0,24
STTHRE 0,10 0,10 0,07 0,07
STFOUR (,33%%% (,33%%% 0,28 0,28
STFIVE 0,70%** 0,69%** 0,64%** 0,64%**
FCYES 0,02 -0,02 -0,03 -0,03
SSYES 0,11* 0,11* 0,12%* 0,11%*
SF -0,10 -0,14
FS 0,13 0,12
CL -0,06 -0,03
LC 0,16%* 0,15%%%*
1D7 -0,68%+* -0,69%*
1D32 -0,75%* -0,76%*
1D46 -0,47* -0,47*
1D105 0,61%* 0,627
ID112 -0,75%%* -0,75%*
ISF -0,91 -1,27
1FS 1,12 1,05
ICL -0,56 -0,22
1LC 1,40%%* 1,31%*
cons. 3,67%** 2,53* 3,91%%* 2,98%%*
N 146 146 146 146
R? 0,5295 0,5280 0,6476 0,6470
aic 22,07 22,55 -10,12 -9,88
Bic 60,86 61,33 43,59 43,83

Biljeska: * oznacava p<0,05. ** oznacava p<0,01. *** oznacava p<0,001.
ID obiljezava hotele s netipicnim vrijednostima
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Table 6: Comparison of regression models

Variables Model 1 Model 2 Model 3 Model 4
(Log-Lin) (Log-log) (Log-Lin) (Log-Log)
DNE 0.02 0.02 0.01 0.00
DMO 0.18* -0.18* -0.19%* -0.19%*
DOTH -(0.24%%% -(0.24%%% -0.24%%% -0.24%%%
STTHRE 0.10 0.10 0.07 0.07
STFOUR 0.33%%* (0.337%%* 0.28%*** 0.28%***
STFIVE 0.70%** 0.69%** 0.64%** 0.64%**
FCYES 0.02 -0.02 -0.03 -0.03
SSYES 0.11* 0.11* 0.12%* 0.11%*
SF -0.10 -0.14
FS 0.13 0.12
CL -0.06 -0.03
LC 0.16%* 0.15%%%
ID7 -0.68%%* -0.69%*
ID32 -0.75%* -0.76%*
1D46 -0.47* -0.47*
1D105 0.61%* 0.62%*
ID112 -0.75%%* -0.75%%*
ISF -091 -1.27
IFS 1.12 1.05
ICL -0.56 -0.22
1ILC 1.40%* 1.31%*
cons. 3.67%** 2.53* 3.91%x* 2.98%**
N 146 146 146 146
R? 0.5295 0.5280 0.6476 0.6470
aic 22.07 22.55 -10.12 -9.88
bic 60.86 61.33 43.59 43.83

Note: * indicates p<0.05. ** indicates p<0.01. *** indicates p<0.001. IDs are marks for outlier hotels.

Formula za kona¢ni model je sljedeca:

The formula for the final model is:

IP = By + By DNE + B, DMO + B; DOTH + B, STTHREE + + s STFOUR
+ B¢ STFIVE + B, FCYES + Bg SSYES + By SF + Bio FS + By CL

Tablica

+ Piz LC + BisID7 + Pig ID32 + Byy IDI46 + + P1gID105
+ BoID112 + ¢

7 saZzima rezultate hedonic-
kog modela odredivanja cijena. Destinacija
(Ostali) i destinacija (Mostar) znacajne su na
razinama 0,1% odnosno 1%. Koeficijenti su
negativni, Sto znaci da su cijene soba u ho-

Table 7 summarizes the results of the he-

donic pricing model. Destination (Other) and
Destination (Mostar) are significant at 0.1%
and 1% levels, respectively. The coefficients
are negative, meaning that the room rates in
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telima u ostalim destinacijama i u Mostaru
niZe nego cijene u hotelima u Sarajevskom
kantonu, uz zadrZavanje ostalih stavki. Na-
rocito hotel u Mostaru naplacduje 19% manje
za najjeftiniju dvokrevetnu sobu s doru¢kom
u usporedbi s hotelom u Sarajevskom kanto-
nu. Hoteli u ostalim destinacijama (osim u
Mostaru i Neumu) naplacuju 24% manje za
istu kategoriju sobe s doru¢kom u usporedbi
s hotelima u Sarajevskom kantonu. Kategori-
zacije zvjezdicama (Cetiri) i (pet) znaCajne su
narazini od 0,1% s pozitivnim koeficijentom,
$to pokazuje da su cijene soba u hotelima s
Cetiri ili pet zvjezdica viSe od cijena soba
u hotelima s manje od tri zvjezdice ili bez
zvjezdica, uz zadrzavanje ostalih stavki. Ovi
rezultati potvrduju hipoteze H1(b) i H1(c).
Hotel s Cetiri zvjezdice odreduje cijenu viSu
od 28%, dok hotel s pet zvjezdica postavlja
cijenu na 64% u usporedbi s hotelom koji ima
tri zvjezdice ili ih nema, uz zadrZavanje osta-
lih stavki. Lokacija je znacajna na razini od
0,1% s pozitivnim koeficijentom, $to znaci da
viSa razina zadovoljstva s lokacijom hotela
(bolja lokacija) vodi k viSim cijenama hotela,
uz zadrzavanje ostalih stavki ¢ime se potvr-
duje hipoteza H2(e). Toc¢nije, lokacija koja
je za 1 stupanj viSa vodi k povisSenju cijene
od 15%. Oznaka odrzivosti (Da) znacajna je
na razini od 1% s pozitivnim koeficijentom,
$to znaci da hoteli s oznakom odrZivosti na-
placuju vise cijene za sobe u usporedbi s ho-
telima bez te ocjene, uz zadrZavanje ostalih
stavki. Ovime se potvrduje hipoteza H3.
Konkretno, hoteli s oznakom odrzivosti na-
placuju 12% viSe od najjeftinijih verzija dvo-
krevetnih soba s doru¢kom. Osim ovih vari-
jabli, nekoliko dummy varijanti za netipic¢ne
vrijednosti pokazuju zna¢ajan ucinak na cije-
ne soba. Ostali u€inci nisu znacajni, §to znaci
da hipoteze Hl1(a), H2(a), H2(c), H2(d) i H4
nisu potvrdene.

hotels in other destinations and Mostar are
lower than in hotels in the Sarajevo Canton,
keeping all other things equal. Specifical-
ly, the hotel in Mostar charges 19% less for
the cheapest version of a double room with
breakfast compared to the hotel in Sarajevo
Canton. Hotels in other destinations (exclud-
ing Mostar and Neum) charge 24% less for
the same room with breakfast compared to
hotels in Sarajevo Canton. Star rating Four
and Star rating Five are significant at a 0.1%
level with a positive coefficient, meaning that
the room rates in hotels with four and five
stars are higher than the room rates in ho-
tels with below three stars or without stars,
keeping all other things equal. These find-
ings provide support for H1(b) and H1(c).
A hotel with four stars sets a 28% higher
price, while a hotel with five stars sets a 64%
higher price compared to a hotel with be-
low three or without stars, keeping all other
things equal. Location is significant at a 0.1%
level with a positive coefficient, meaning that
a higher level of satisfaction with a hotel’s lo-
cation (better location) leads to higher room
rates, keeping all other things equal, which
provides support for our H2(e). To be pre-
cise, a location rating higher by 1 point leads
to 15% higher prices. The Sustainability
label (Yes) is significant at a 1% level, with
a positive coefficient, meaning that hotels
with the sustainability label charge higher
prices for their rooms compared to hotels
without that label, keeping all other things
equal. This result supports our H3. Spe-
cifically, hotels with the sustainability label
charge 12% more for their cheapest version
of a double room with breakfast. Apart from
these variables, several dummies for outliers
exhibit a significant effect on the room rate.
Other effects are not significant, meaning
that our Hl(a), H2(a), H2(c), H2(d) and H4
are not supported.
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Tablica 7: Regresijski model

Nezavisne B SE T P VIF
varijable

DNE 0,01 0,09 0,07 0,945 1,22
DMO -0,19 0,062 -3,06 0,003 1,34
DOTH -0,24 0,05 -4,68 0,000 1,90
STTHREE 0,07 0,06 1,22 0,225 2,08
STFOUR 0,28 0,05 5,21 0,000 2,13
STFIVE 0,64 0,11 5,55 0,000 1,30
FCYES -0,03 0,05 -0,57 0,569 1,13
SSYES 0,12 0,04 2,67 0,009 1,37
SF -0,14 0,08 -1,76 0,081 3,75
FS 0,12 0,08 1,63 0,105 6,16
CL -0,03 0,08 -0,34 0,736 5,69
LC 0,15 0,04 3,37 0,001 1,66
1D7 -068 0,23 2,97 0,004 1,07
1D32 -0,75 0,23 2,97 0,001 1,06
1D46 -0,47 0,24 -1,99 0,049 1,13
ID105 0,61 0,23 2,62 0,010 1,13
ID112 -0,75 0,23 -3,29 0,000 1,06

Biljeska: (P) cijena sobe je zavisna varijabla, Konstanta=3,91, F(17. 128)=13,84, p<0,01, R2= 0,6476, Adj. R2=0,6008

Table 7: Regression model

i‘;‘rlie;’]:l‘;gem B SE t P VIF
DNE 0.01 0.09 0.07 0.945 122
DMO 20.19 0.062 3.06 0.003 134
DOTH 2024 0.05 468 0.000 1.90
STTHREE 0.07 0.06 1.22 0225 2.08
STFOUR 0.28 0.05 521 0.000 213
STFIVE 0.64 011 5.55 0.000 130
FCYES 2003 0.05 20.57 0.569 113
SSYES 012 0.04 267 0.009 137
SF 20.14 0.08 2176 0.081 375
Fs 012 0.08 1.63 0.105 6.16
L 2003 0.08 20,34 0736 5.69
LC 0.15 0.04 337 0.001 1.66
D7 2068 0.23 297 0.004 1.07
D32 2075 0.23 297 0.001 1.06
D46 2047 0.24 71,99 0.049 113
D105 0.61 0.23 262 0.010 113
D112 2075 0.23 329 0.000 1.06

Note: P (Room rate) is the dependent variable, Constant=3.91, F(17, 128)=13.84, p<0.01, R*= 0.6476, Adj. R>=0.6008
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3.4. Regresijska dijagnostika
konac¢nog modela

U prethodnom dijelu ¢lanka opisan je po-
stupak provedbe i obrade netipi¢nih vrijed-
nosti. Stoga ovaj kona¢ni model zadovoljava
te dvije pretpostavke.

Ramseyjev RESET test za linearnost po-
kazao je empirijsku znacajnost od 0,93, Sto
znaci da je funkcionalni oblik modela pri-
kladan. Budu¢i da je empirijska p vrijednost
(0,68), a Breaush-Paganov test pokazao je
vrijednost iznad grani¢ne vrijednosti (0,05),
ne postoji dovoljno dokaza za odbijanje nulte
hipoteze homoskedasti¢nosti ili konstantne
varijance. Empirijska p vrijednost dobivena
Breusch-Godfreyjevim testom (0,66) visa je
od grani¢ne vrijednosti (0,05) pa tako nema
dovoljno dokaza za odbijanje nulte hipoteze
0 nepostojanju serijske autokorelacije. Dur-
bin-Watsonov test pokazao je da je vrijed-
nost 2,05 zadovoljena pretpostavka izostan-
ka serijske autokorelacije.

Testovi koriSteni za procjenu mogudéeg
narusavanja pretpostavke normalno distribui-
ranih reziduala pokazali su da je pretpostavka
zadovoljena. Empirijsko znacenje dobiveno te-
stom nagnutosti i spljostenosti (0,80) i empirij-
sko znacenje na osnovi Jarque-Beraovog testa
(0,75) prelaze grani¢nu vrijednost te ukazuju na
nedostatak dokaza za odbijanje nulte hipoteze
o normalno distribuiranim rezidualima.

4. RASPRAVA

Rezerviranje smjeStaja putem interne-
ta ustaljena je praksa ve¢ dugo vremena. U
istrazivanju odrednica cijena soba znanstve-
nici su usmjerili djelovanja na prikupljanje
podataka s raznih mreZnih stranica za rezer-
vacije, kao §to su Booking.com (npr. Viglia
et al.,2016), Airbnb (npr. Magno et al., 2018;
Teubner et al., 2017), te mreZne stranice koje
nude informacije o putovanjima, ukljucujuci
Tripadvisor.com (npr. Xie et al., 2016). Istra-
Zivanja o odrednicama cijena soba polucila

3.4. Regression diagnostics of the final
model

In the previous part of the text, we de-
scribed how we handled multicollinearity
and treated outliers. So, this final model met
these two assumptions.

Ramsey Reset test for linearity showed
an empirical significance of 0.93, meaning
that the model’s functional form is appro-
priate. Since the empirical p-value (0.68) for
Breaush Pagan’s test is above the threshold
value (0.05), there is not enough evidence
to reject the null hypothesis of homoscedas-
ticity or constant variance. The empirical
p-value provided by the Breusch-Godfrey
test (0.66) is higher than the threshold value
(0.05), so there is not enough evidence to re-
ject the null hypothesis that there is no serial
autocorrelation. The value calculated by the
Durbin-Watson test is 2.05, proving that the
assumption of the absence of serial autocor-
relation was met.

Tests used to assess if there was a viola-
tion of the assumption of normally distribut-
ed residuals proved that the assumption was
met. Empirical significance obtained with
the SK test (Skeness Kurtosis test) (0.80)
and empirical significance obtained with the
Jarque-Bera test (0.75) are both above the
threshold value, indicating that there is not
enough evidence to reject the null hypothesis
of normally distributed residuals.

4. DISCUSSION

Online booking has been a common
practice for accommodation booking for a
long time. While studying determinants of
room rates, scholars focused their effort on
collecting data from various online booking
sites, including Booking.com (e.g. Viglia et
al., 2016), Airbnb (e.g. Magno et al., 2018;
Teubner et al., 2017), as well as online trav-
el information websites such as Tripadvisor.
com (e.g. Xie et al., 2016). Research on the
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su proturjecne rezultate zbog mnogih, ali naj-
viSe zbog metodoloskih razloga; npr. podaci
su prikupljani na razli¢itim lokacijama, po-
daci su sakupljani u razli¢itim vremenskim
razdobljima, geografski fokus istrazivanja i
ekonometrijska specifikacija modela buduci
da je meta analiza dokazala da hedonicki
cjenovni modeli nisu otporni na spomenute
podatke (Kuminoff et al., 2010).

Prema ocekivanjima, hoteli u kategoriji
Cetiri ili pet zvjezdica odreduju viSe cijene
soba nego hoteli s manje od tri ili bez zvjez-
dica. Medutim, kategorizacija od tri zvjez-
dice ne predstavlja veliku cjenovnu razliku,
$to bi moglo biti zbog percepcije gostiju da
hoteli s tri zvjezdice ne mogu ponuditi niSta
viSe od onih s manje od tri ili bez zvjezdica
pa se stoga tri zvjezdice ne smatraju dovolj-
nim jamstvom kvalitete. Suprotno tomu, ako
ova niza percepcija gostiju ne vrijedi, taj ne-
znacajan ucinak moZe posluziti kao greska
u odredivanju od strane hotela (Adresson,
2010). Dakako, sve su to jo§ pretpostavke
koje zahtijevaju podrobnije ispitivanje.

U ovoj studiji samo jedna od Cetiri va-
rijable zadovoljstva gosta — lokacija — zna-
¢ajno utjece na cijenu sobe. Ucinak lokacije
ocekivan je buduéi da Bosna i Hercegovina
oskudijeva adekvatnom turistickom infra-
strukturom. Naime, ima loSe ceste i brojne
druge infrastrukturne probleme. Ako hotel
nije smjeSten na dobroj lokaciji (npr., nalazi
se daleko od turistickih atrakcija u tom di-
jelu zemlje), udaljenost moze predstavljati
problem za turiste koji moraju putovati oste-
¢enim cestama i probijati se kroz prometne
guzve. Varijable poput ocjena pogodnosti,
osoblja i Cistoée nisu se pokazale znacajni-
ma. Ti rezultati upuéuju na zakljucak da bo-
ravak u hotelu s boljim ocjenama u odnosu
na pogodnosti, osoblje i ¢istocu ne zahtijeva
dodatno placanje (Chen i Rothschild, 2010).

Buduéi da se hotelske usluge smatraju
iskustvenim dobrima i da se odredene zna-
¢ajke njihove kvalitete ne mogu ocijeniti pri-
je konzumacije, elektroni¢ka usmena predaja
(e-WOM) u obliku ocjene gostiju na interne-

room rate’s determinants yields conflicting
results due to many reasons, mostly method-
ological: data collected from different sites,
data collected during unequal time horizons,
the geographical focus of the research, as
well as the econometric specification of the
model since meta-analysis proved that he-
donic pricing models are not robust to these
specifications (Kuminoff et al., 2010).

As expected, hotels with four or five-star
ratings set higher room prices than hotels
with less than three or no stars. However,
having a three-star rating does not make a
significant difference. This can be due to
guests’ perceptions that hotels with three
stars can not offer anything more than those
with less than three or no stars, therefore
considering three stars as insufficient qual-
ity assurance. On the contrary, if this lower
perception on the guests’ side does not hold,
this insignificant effect might serve as a pric-
ing error on the hotels’ side (Adresson, 2010).
However, this is still a matter of speculation
and requires further research.

In our study, only one of four guest satis-
faction variables — location, significantly af-
fects the room rate. The effect regarding lo-
cation is expected. Bosnia and Herzegovina
lacks adequate tourist infrastructure; it has
poor roads and numerous other infrastruc-
tural issues. If a hotel is not in a good loca-
tion (e.g., it is far away from tourist attrac-
tions in that part of the country), the distance
can pose a problem for tourists who have to
travel on damaged roads and often encoun-
ter traffic congestion. Insignificant variables
include facilities, staff, and cleanliness rat-
ings. These findings indicate that staying in a
hotel with better facilities, staff, and cleanli-
ness ratings doesn’t require an extra payment
(Chen and Rothschild, 2010).

Since hotel services are experiential
goods and particular aspects of their qual-
ity cannot be assessed before consumption,
e-WOM in the form of online guest rating
can be helpful to reduce information asym-
metry (Manes and Tchetchik, 2018), mean-
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tu moZe pridonijeti smanjenju informacijske
asimetrije (Manes i Tchetchik, 2018). Time bi
potencijalni gosti mogli znati $to mogu oce-
kivati i mogu donijeti informiranije odluke
o kupnji. S obzirom na elektronicku usmenu
predaju (e-WOM), postoji nekoliko mogucih
objaSnjenja za nisku znacajnost u¢inka ocje-
na pogodnosti, osoblja i Cistoe na cijene.
Prvo, ¢ini se da neki aspekti kvalitete usluge
omogucavaju osnovne usluge i percipirani su
kao zadani, §to zna¢i da menadZeri i gosti
ne misle da ti aspekti obogaéuju doZivljaj i
uvecavaju vrijednost (vidi Wirtz i Lovelock,
2021). Cistoca moZe biti oekivani element
ponude, $to je u skladu s prethodnim istraZi-
vanjima (Zhang et al., 2011).

Rezultati koji se odnose na beznaajan
ucinak ocjene osoblja na cijene soba su nelo-
gicni, ali su u skladu s prethodnim studijama
(Thrane, 2007; Zhang et al., 2011). Najvece
iznenadenje je beznaCajan ucinak ocjena
pogodnosti hotela na cijene soba. Prethodna
istrazivanja pokazala su da su gosti voljni
platiti viSe cijene za bolje pogodnosti i lju-
baznije osoblje (npr. Castro i Ferreira, 2018;
Goldberg et al., 1984).

Uvjeti nepotpunih informacija o potra-
Znji ili ponudi koji su imanentni trZiStima
mogli bi objasniti razlike od prethodnih
istraZivanja. Ako se pretpostavi da je na
strani ponude uocena nepotpuna informaci-
ja, menadZerima hotela bi mogla nedostajati
mogucénost prilagodbe cijena na viSe i to bi
prouzrocilo odredivanje cijena prema ma-
nje ucinkovitim metodama od onih koje se
temelje na preferencijama potrosaca (Kotler
i Armstrong, 2010). Nasuprot tomu, postoji
moguénost da internetsko ocjenjivanje go-
stiju ne pomogne ucinkovito potencijalnim
gostima u dobivanju pouzdanih informacija
o kvaliteti hotela. Andersson (2010) tvrdi da
nepotpune informacije ne sprjecavaju provo-
denje hedoniCke regresije i oslanjanje na nje-
zine rezultate. Ipak, neznacajni koeficijenti
se onda vjerojatno interpretiraju kao greske
hotela u odredivanju cijena ili kao nereali-
sticna ocekivanja gostiju. Medutim, treba

ing that potential guests know what they can
expect and make more informed purchase
decisions. With the potential of e-WOM in
mind, there are several possible explanations
for the nonsignificant effects of staff, facili-
ties, and cleanliness ratings on prices. First,
some aspects of service quality seem to fa-
cilitate the core service and are perceived as
required, meaning that managers and guests
do not think they enhance the experience
and increase value (see Wirtz and Lovelock,
2021). Cleanliness could be an expected ele-
ment of the offer, which aligns with previous
research (Zhang et al., 2011).

Findings on the insignificant effect of
staff rating on room rates are counterintu-
itive but in correspondence to some prior
studies (Thrane, 2007; Zhang et al., 2011).
The most surprising finding is an insignifi-
cant effect of the facilities’ rating on room
rates. Previous research shows guests are
willing to pay premium prices for better fa-
cilities and friendlier staff (e.g. Castro and
Ferreira, 2018; Goldberg et al., 1984).

Imperfect information conditions on the
demand or supply side inherent to developing
markets could explain deviations from previ-
ous research. If one supposes that imperfect
information is observed on the supply side,
hotel managers might lack the opportunity
to adjust their prices upwards and end up
determining their prices using less efficient
pricing methods than the ones based on con-
sumers’ preferences (Kotler and Armstrong,
2010). Conversely, there is a possibility that
online guest ratings do not effectively aid
potential guests in acquiring reliable infor-
mation about hotel quality. As Andersson
(2010) stated, imperfect information does not
prevent us from performing hedonic regres-
sion and relying on its results. Still, insignif-
icant coefficients are then likely interpreted
as pricing errors on the part of the hotel or
unrealistic guests’ expectations. However, it
is worth noting that previous studies proved
the greatest effect of hotel ratings and reputa-
tion on prices in the case of high uncertainty
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spomenuti da su prethodne studije dokaza-
le da je najveci ucinak ocjenjivanja hotela i
reputacije na cijene postojanje velike nesi-
gurnosti i nepotpunih informacija na strani
potraznje (Manes i Tchetchik, 2018; Shapiro,
1983). Slijedom te logike, vjerojatnija je ne-
potpuna informacija u korist hotela, iako je
to joS uvijek u sferi nagadanja.

Rezultati o pozitivnom ucinku oznake odr-
Zivosti na cijene hotela u skladu su s rezultatima
iz prethodnih studija. Iako su razni znanstveni-
ci razmatrali razne vrste oznaka odrZivosti, Sto
je uglavnom bilo rezultat prikupljanja podataka
iz razliCitih internetskih izvora, zakljucili su da
posjedovanje oznaka odrZivosti pozitivno utje-
¢e na povecanje cijena placanjem dodatka na
cijenu (Bello et al., 2022). Ovaj uc¢inak moZe
biti rezultatom povec¢anog broja medunarodnih
turista koji su tijekom godina razvili ¢vrste pre-
ferencije u odnosu na okoli§ (Kuminoff et al.,
2010). Povrh toga, odrzive djelatnosti opéenito
imaju vece troSkove poslovanja i, stoga, podizu
cijene. Posljedi¢no tomu, nije iznenadujuce da
hoteli koji provode programe odrZivosti po-
stavljaju viSe cijene.

S obzirom na to da odnosi prema riziku
odreduju preferencije potrosaca (Kim et al.,
2023), Cesta je praksa u ugostiteljstvu omo-
gucavanje potencijalnim posjetiteljima otka-
zivanje rezervacije do odredenog datuma uz
potpun ili djelomican povrat novca. Rezultati
ove studije ukazuju na to da moguénost be-
splatnog otkazivanja nije znacajan ¢imbenik
u formiranju vecih cijena smjestaja, $to je u
suprotnosti s rezultatima nekih prethodnih
studija (Masiero et al., 2015; Tong i Gun-
ter, 2022). To moZe biti posljedicom nepot-
punih informacija, ali to je za sada samo
pretpostavka. Dok moguénost besplatnog
otkazivanja ne namece razliCite cijene soba
u razli¢itim hotelima, na razini pojedinih ho-
tela mogu se primijetiti neke nedosljednosti
u cijenama soba sa ili bez mogucénosti be-
splatnog otkazivanja (na primjer na stranici
Booking.com). Ova pojava svojstvena je za
odredivanje cijena za upravljanje prihodom,
tj. pristup koji koriste menadZeri hotela kako

and imperfect information on the demand
side (Manes and Tchetchik, 2018; Shapiro,
1983). Following that logic, imperfect infor-
mation on behalf of hotels is more probable,
although still a matter of speculation.

Findings on the positive effect of the sus-
tainability label on hotel prices are consistent
with the findings from previous studies. Even
though different scholars considered differ-
ent types of sustainability labels, mainly due
to data being sourced from various sites, they
have concluded that having sustainability la-
bels positively influences prices, resulting
in price premiums (Bello et al., 2022). This
effect may be due to the increasing number
of international tourists who have developed
strong environmental preferences over the
years (Kuminoff et al., 2010). In addition,
sustainable businesses generally incur higher
operating costs and, therefore, elevate their
prices. Consequently, it is unsurprising that
hotels implementing sustainability programs
command higher rates.

Given that risk attitudes determine con-
sumer preferences (Kim er al., 2023), allow-
ing potential visitors to cancel their reserva-
tions until a specific date with either a full or
partial refund is a common practice in the
hotel industry. The findings from this study
indicate that having a free cancellation pol-
icy does not significantly increase the price
of accommodations, which contrasts with
the results of some previous studies (Masie-
ro et al., 2015; Tong and Gunter, 2022). This
can be the case due to imperfect information,
too, but at this point, the reason for such a
result is a matter of speculation. While the
free cancellation policy does not impose dif-
ferences in room rates between hotels, some
inconsistencies in room prices with and
without the free cancellation policy can be
observed at the level of individual hotels (for
example, on Booking.com). This phenome-
non is inherent to revenue management pric-
ing, an approach that hotel managers utilize
to offer identical rooms at different prices
based on customers’ willingness to pay, thus
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bi ponudili istovjetne sobe po razli¢itim ci-
jenama na osnovu spremnosti potrosaca na
placanje da bi postupno s vremenom smanyjili
broj soba s popustom (Smith, 2011).

5. ZAKLJUCAK

Ovim istrazivanjem, koje je provedeno u
novom jos$ neistrazenom kontekstu, prosiruje se
literatura o utjecaju znakova kvalitete i ostalih
atributa hotela na cijene. Nema jasnih empirij-
skih dokaza za tvrdnju da su nesignifikantni
koeficijenti posljedica nepotpunih informacija
u slucajevima kad se njihov znacajan utjecaj
teoretski oc¢ekuje. Ovi bi rezultati mogli mo-
tivirati znanstvenike na daljnja istraZivanja o
¢imbenicima koji odluCuju o cijenama hotela u
zemljama u razvoju i na pronalaZenje alterna-
tivnih nacina mjerenja spremnosti potrosaca na
placanje — posebice u zemljama u razvoju gdje
postoji rizik iskrivljenih pretpostavki o potpu-
nim informacijama. U suprotnom, potrebno je
oprezno tumaciti rezultate hedonickih cjenov-
nih regresija. Vazno je spomenuti da analizi-
ranje spremnosti na placanje nikad nije lagan
zadatak jer pristupi balansiranih izrecenih
preferencija, poput metode uvjetne procjene
vrijednosti, mogu poluciti izrazitije ucinke na
ponasanje u zemljama u razvoju (Kahneman i
Knetsch, 1992; Quah et al., 2021).

Ovo istrazivanje moze koristiti menadze-
rima za prepoznavanje i uvid u moguce nedo-
statake strategija odredivanja cijena. Espinet
et al. (2003) preporucuju investitorima kori-
Stenje ovih informacija prilikom investiranja
u nove hotele. K tomu, ti rezultati mogu biti
od interesa za menadZere s obzirom na po-
boljSanja u smislu aktualne trziSne dinamike
(Thrane, 2007). Rezultati istrazivanja tako-
der mogu koristiti turistima na nacin da im
se u buduce olaksa informiranije odlucivanje
o kupnji, jer rezultati pokazuju one atribute
koji jamce vrhunske cijene te lokacije gdje se
nude popusti (Thrane, 2007).

Ovo istrazivanje ima odredena ogra-
nicenja. Glavno ogranicenje odnosi se na

gradually reducing the number of discounted
rooms over time (Smith, 2011).

5. CONCLUSION

This research, conducted in a new, un-
explored context, enriches the literature on
the impact of quality signals and other hotel
attributes on prices. There is no clear empir-
ical evidence that insignificant coefficients
are the result of imperfect information where
significant impact is theoretically expected.
These results might motivate scholars to fur-
ther investigate hotel room rate determinants
in developing countries and explore alterna-
tive ways of measuring consumer willingness
to pay, especially in developing countries
where there is a risk of distorted assump-
tions of perfect information. Otherwise, the
results of hedonic pricing regressions must
be cautiously interpreted. It is worth noting
that analyzing willingness to pay is never
an easy endeavor because even stated pref-
erence approaches, such as the contingent
valuation method, may result in even more
pronounced behavioral effects in developing
countries (Kahneman and Knetsch, 1992;
Quah et al., 2021).

This research can help managers ac-
knowledge and understand potential flaws
in their pricing strategies. Following the
recommendations of Espinet er al. (2003),
investors can use this information when in-
vesting in new hotels. Additionally, these
findings can be of interest to managers con-
sidering quality improvements with respect
to the current market dynamics (Thrane,
2007). The research findings can also ben-
efit tourists, enabling them to make more
informed purchasing decisions in the future,
as the results reveal which attributes warrant
premium prices and where discounts are of-
fered (Thrane, 2007).

This research comes with some limita-
tions. The main limitation relates to the re-
duced generalizability of the research results
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smanjenu mogucénost generalizacije rezultata
istrazivanja zbog ogranicenog geografskog
konteksta. Dakako, hedonicki modeli odre-
divanja cijena u ugostiteljstvu gotovo su uvi-
jek limitirani. Stoga se slicne studije poticu u
zemljama u razvoju kako bi se prikupilo vise
saznanja o cijenama u tim zemljama. Kako se
hedonicki cjenovni modeli odnose na podatke
prikupljene u odredenom geografskom po-
drudju, teSko je usporedivati rezultate. Primje-
rice, studija koja je provedena na uzorku smje-
Staja u Dubrovniku (Hrvatska) dokazala je da
su signifikantni prediktori cijena soba lokaci-
ja, udaljinost od plaZe, mjesto za parkiranje i
vrt/balkon (Portolan, 2012). S druge strane,
istrazivanje provedeno na uzorku smjestajnih
kapaciteta u drugom hrvatskom gradu nije po-
kazalo varijacije u cijenama hotela u odnosu
na re¢ene pogodnosti (Nikoli¢ i Cavar, 2020).
I ovo dokazuje nemogucénost poopcavanja kao
glavno ogranicenje ovih studija.

Jo§ jedno znaCajno ograniCenje ovog
istraZivanja odnosi se na potencijalne meto-
doloske nesavrSenosti. Za razliku od mnogih
studija o odrednicama cijena soba koje su
usmjerene na odredeni grad, ovo istraZiva-
nje analizira podatke u Federaciji Bosne i
Hercegovine. UkljuCivanja hotela Federacije
Bosne i Hercegovine u uzorak podrazumije-
valo je potrebu kontroliranja potencijalnih
razlika izmedu vrlo razlicitih destinacija u
regiji. Za rjeSavanje ovog problema koriStena
je sluZbena kategorizacija destinacija Fede-
ralnog zavoda za statistiku BiH. Medutim, to
ne znaci da je ova kategorizacija obavezno
obuhvatila sve faktore koji su svojstveni za
destinaciju. Nadalje, moglo se razmisljati o
drugim metodama za rjeSavanje multikoline-
arnosti, narocito analiza glavnih komponenti
ocjena zadovoljstva gostiju. Jo§ jedno poten-
cijalno metodoloSko ograni¢enje moglo bi
predstavljati na¢in na koji se mogla tretirati
sezonalnost u nasem istrazivanju. Naime, za
ocjenjivanje utjecaja elektronskom usmenom
predajom (e-WOM) (ocjenjivanja zadovolj-
stva gostiju) bilo bi dobro prikupiti longitu-
dinalne podatke zbog nekih prednosti u us-

because of the limited geographical context.
However, hedonic pricing models in the hos-
pitality industry almost always have this lim-
itation. Therefore, similar studies in develop-
ing countries are encouraged to gain more
insights into the prices in these countries.
Because hedonic pricing models rely on the
data collected for a specific geographical
region, it becomes interesting to compare
results. For example, a study conducted on
a sample of accommodations located in Du-
brovnik (Croatia) proved location, distance
from the beach, parking, and garden/balcony
as significant predictors of room rates (Por-
tolan, 2012). On the contrary, research con-
ducted on a sample of accommodations from
another Croatian city proved no varieties
in room rates depending on these facilities
(Nikoli¢ and Cavar, 2020). Once again, this
draws attention to the lack of generalizability
as the main limitation of these studies.

Another important limitation of this re-
search refers to potential methodological
imperfections. Unlike most other studies
on room rate determinants that are focused
on a specific city, this research analyses
data for the Federation of Bosnia and Her-
zegovina. The inclusion of hotels from the
Federation of Bosnia and Herzegovina in
the sample implied the need to control for
potential differences between quite diverse
destinations within the region. The official
destination categorization from the Federal
Office of Statistics was used to address this
problem. However, this does not necessari-
ly mean that the categorization captures all
destination-specific factors. Furthermore,
other methods to deal with multicollinear-
ity might have been considered, especially
the principal component analysis of guest
satisfaction ratings. Another potential meth-
odological limitation might be the way we
treated seasonality in our research. When
assessing the influence of e-WOM (guest
satisfaction ratings), it would be good to
collect longitudinal data since it has some
advantages over cross-sectional data, main-
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poredbi s prosjecnim podacima, koji su pri-
kladniji za analize slucajnih odnosa (Yang,
Park i Hu, 2018) i za rjeSavanje problema
sezonalnosti (Sanchez-Lozano et al., 2021).
Osim prelaska s prosje¢nih na longitudinalne
podatke, buduca bi istrazivanja mogla proSi-
riti veli¢inu uzorka na druge vrste smjeStaja
(npr. apartmane).

Takoder, jedno od glavnih pitanja u li-
teraturi o hedoni¢kom odredivanju cijena
odnosi se na odluc¢ivanje o varijablama koje
bi se mogle ukljuciti u model. Ova studi-
ja uglavnom se fokusirala na utjecaj ocjena
gostiju kao ¢imbenika koji ukazuju na kva-
litete usluga, na cijene hotela. Medutim, nije
bilo moguée uvrstiti neke vazne prediktore.
S obzirom na vaznost i sloZzenost teme, bilo
bi korisno istraziti ostale relevantne predik-
tore. K tomu, treba naglasiti da na hedonicke
cjenovne modele u ugostiteljstvu mogu utje-
cati vanjski ¢imbenici poput programa poti-
caja (Mitsis, 2024), Sto ukazuje na potrebu
buducdih istrazivanja kojima bi se objasnili ti
¢imbenici ili bi se pak istrazio njihov utjeca;.

Konacno ograni¢enje ovog istraZivanja
leZi u inherentnoj nemoguénosti testiranja
posebnih objasnjenja empirijskim sredstvi-
ma, koja se oslanjaju iskljucivo na raspravu
temeljenu na postojecoj literaturi. Ipak, do-
prinos istraZivanja nalazi se u mjerenju utje-
caja atributa na cijene u novom kontekstu
poklanjajuci pozornost potencijalnim izazo-
vima u primjeni modela hedonic¢kog odredi-
vanja cijena na trZiStima zemalja u razvoju
i usmjeravanju bududih istraZivanja. Budu-
¢i istraziva€i mogli bi razmotriti uporabu
pristupa usporedbi u parovima za mjerenje
spremnosti gostiju na pla¢anje buduci da je
to dokazano dalo najbolje rezultate u nekim
drugim podrucjima proucavanja u zemljama
u razvoju (Quah et al., 2006). Ovaj pristup
mogao bi pomo¢i u rjeSavanju problema pre-
ma kojem metoda hedoni¢kog odredivanja
cijena ne moZe dati procjenu spremnosti pla-
¢anja razli¢itih segmenata turista te, stoga,
nije primjenjiv nacin za odlucivanje o trzis-
noj segmentaciji.

ly being better suited for analyzing causal
relationships (Yang, Park and Hu, 2018) and
addressing the problem of seasonality (San-
chez-Lozano et al., 2021). Apart from shift-
ing from cross-sectional to longitudinal data,
future research could extend the sample size
by considering other accommodation types
(apartments, for example).

Again, one of the major issues in he-
donic pricing literature refers to deciding
on variables that could be included in the
model. This study focused mainly on the
impact of guest ratings as signaling factors
of service quality on hotel prices. However,
some important predictors might not have
been included. Considering the importance
and complexity of the topic, exploring other
relevant predictors in future research studies
could be beneficial. Additionally, it is worth
noting that hedonic pricing models in hos-
pitality might be affected by external fac-
tors such as subsidy schemes (Mitsis, 2024),
which poses a need for future research to ac-
count for such factors or even try to explore
their influence.

Finally, the limitation of this research lies
in the inherent non-testability of specific ex-
planations through empirical means, relying
solely on discussion grounded in the exist-
ing literature. Nevertheless, its contribution
lies in measuring the impact of attributes on
prices in a new context, drawing attention
to potential challenges in applying hedonic
pricing models in developing markets and
directing future research endeavors. Fu-
ture researchers could consider the use of a
paired comparison approach for measuring
willingness to pay since it proved to per-
form best in some other study areas in de-
veloping countries (Quah et al., 2006). This
approach could help address the problem of
the hedonic pricing method not being able to
estimate the willingness to pay of different
tourist segments and, therefore, not being an
applicable approach preceding decisions on
market segmentation.
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