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Abstract
With the rise in the popularity of travel artificial intelligence applications, more research is needed to acquire 
specific knowledge in the hospitality sector. This research develops a novel methodology for comprehending 
consumer perceptions of artificially intelligent travel applications, integrating the Value-based Adoption Model 
and the Artificially Intelligent Device User Acceptance framework. The proposed Artificial Intelligent Travel 
Applications Acceptance Model framework examines consumers' behavioral intentions regarding accepting 
and paying for Artificial Intelligent travel applications during their tourism activities. It delineates the per-
ceived benefits and sacrifices that elucidate how individuals receive and are inclined to remunerate for specific 
Artificially Intelligent travel applications. This study offers a building block for future work investigating 
applications’ causal relationships between the drivers of perceived value and consumer acceptance behavior.
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1. Introduction 
Mobile phone usage has become so prevalent that half of owners consider their devices indispensable, as noted 
by Perrin (2017). The emergence of Information and Communications Technology (ICT) has rendered these 
devices the most ubiquitous and frequently utilized products among consumers (Melumad & Pham, 2020). 
Artificial Intelligence (AI) applications (apps) have changed users’ modern lives, as these software programs 
illustrate the essential integration with smartphones (Venkatesh et al., 2012). AI-powered travel applications 
offer travelers access to destination data, transportation options, lodging, flights, dining, and entertainment 
(Barač-Miftarević, 2023). These apps reduce energy consumption and improve performance, making them 
a popular field to explore for improved efficiency (Wang, 2020).

Newer studies have turned to the concern of faith in numerous cultures within hospitality amenities and 
the impact of the public working together remotely or with the help of robots (Shah et al., 2023; Chi et al., 
2023; Choi et al., 2020). Other research continues to consider the dynamics within the guest-staff relation-
ship—especially in guest contentment, communication, and first impressions (Lu et al., 2020). However, 
research on traveler’s acceptance and purchase of AI travel apps and AI services for tourism and hospitality 
during vacations remains inadequate. Thus, this article aims to propose a research model to fill this gap.

This research presents questions that address the deficiencies in the current literature. We first examine the 
elements of perceived benefits (PEB) and perceived sacrifices (PES) and their influence on consumer percep-
tions regarding the use of apps, such as willingness to accept (WTA) and willingness to purchase (WTP). 
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Secondly, we focus on how PEB and PES affect perceived value (PV) through AI travel applications. Finally, 
we examine whether PV is a mediator for the relationships between PEB-WTA and PES-WTP and affects 
WTA and WTP directly through these uses. In the context of AI travel apps, looking into happiness (HAP), 
anthropomorphism (ATP), perceived immersion (PIM), effort expectancy (EFT), trust (TST), complexity 
(CMP), WTA, and WTP can help answer the questions that were raised. Against this backdrop, we developed 
the AI Travel Apps Acceptance Model (AITRAM) by combining two established theoretical frameworks: the 
well-known Value-Based Adoption Theory (VAM) (Kim et al., 2007) with the innovative Artificially Intel-
ligent Device Use Acceptance (AIDUA) framework (Gursoy et al., 2019). This article aims to position AI apps 
within the travel industry, presenting a hypothesis-driven development of key concepts through structural 
equation modelling and demonstrating quantitative data analysis results.

2.	Literature review and hypothesis analysis
2.1.	  The importance of AI app technology in the tourism industry
As online applications, AI travel apps cater to the most common needs of travelers during their vacations by 
offering immaterial services (Chakraborty et al., 2023). AI travel apps provide enhanced consumer experi-
ences with features like chat support, the option to make requests, real-time tracking, and push notifications 
(Powers, 2021). Using AI travel apps, people now have control over planning their trips. Therefore, traveler’s 
experiences are changing due to the adoption of AI apps, and AI technologies are shaping human-robot in-
teractions (Tussyadiah et al., 2018). According to Sigala (2016), social media has transformed tourists from 
mere recipients of messages to active participants in creating tourism experiences.

From an entrepreneurial perspective, the abundance of available technologies may challenge tourism companies 
in deciding which to adopt and which to reject (Tuomi et al., 2020). AI travel apps can create a competitive 
advantage by creating new opportunities and innovations, ameliorating processes, and augmenting produc-
tivity (Grundner & Neuhofer, 2021). Researchers have identified benefits and risks associated with AI travel 
apps, including the potential for fraudulent accommodations, financial deception, privacy infringements, 
and security concerns that significantly compromise their acceptance (Skandali et al., 2024). However, these 
apps have the potential to alleviate a tourist's emotional stress, thereby enhancing their destination experience 
through a sense of trust (Kim, 2021). Hence, understanding the importance of the acceptance model of AI 
travel apps may assist in the growth of a sturdy framework for online travel apps.

2.2.	  When VAM meets AIDUA 
Davis (1989) originally developed the Technology Adoption Model (TAM), upon which Kim et al. (2007) 
built the VAM model. Academics and professionals have widely embraced the VAM model in a variety of stud-
ies, including virtual reality (Vishwakarma et al., 2020), social media use (Chung & Koo, 2015), augmented 
reality (Lau et al., 2019), and mobile payments (Mallat, 2007). Scholars have frequently demonstrated that 
VAM is a robust framework for understanding the roots of consumer acceptance (Sohn & Kwon, 2020). 
However, the absence of economically crucial items related to consumer confidence and behavior appears to 
be a gap between some valuable items that contribute to technological advantages and consumer enjoyment. 

Conversely, Gursoy et al. (2019) explored the AIDUA concept, providing a precise definition of AI services 
and their increasing application. From a consumer perspective, AI must be recognized as a significant trend 
in the current market. Researchers are also using AIDUA to find out how people feel about AI-controlled 
driving (Ribeiro et al., 2021), task-oriented AI devices used by consumers (Yang et al., 2022), and AI-managed 
services in the tourism industry, improving service quality (Chi et al., 2020). While AIDUA considers de-
vice characteristics and user needs as factors influencing potential adopters' behavior, it neglects to include 
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important behavioral expectation variables such as immersion, trust, and complexity—variables that could 
significantly affect such consumers' behaviors (Lin et al., 2020).

2.3.	  The AI travel apps acceptance model framework
The AITRAM framework shows travelers the many steps to accept a value-based process. It tests how PV 
directly affects WTA and WTP and the relationships between PEB-PV, WTA, WTP, and PES-PV with WTA 
and WTP. By combining the strengths of VAM's theory with AIDUA's decision-making process theory, this 
research connects the usage of AI travel apps with factors that positively impact WTA and WTP attitudes 
through a three-step acceptance generation process. 

In this context, the VAM components of PEB and PES were identified as the primary appraisal stages of 
the AIDUA theory. The research employed recognized constructs, including happiness, anthropomorphism, 
and immersion, to assess benefits. This study posits that travelers perceive their efforts, trust, and complexity 
as sacrifices when using AI travel apps, as they may elicit negative emotions such as anger, fear, and anxiety 
(Rucker & Petty, 2004). Moreover, based on their primary appraisal, customers evaluate the costs and ben-
efits of their experience through the secondary appraisal of PV. In line with the VAM's value maximization 
perspective, the proposed model suggests that the experienced value can motivate consumers' behavioral 
intentions, mediating their impact on WTA and WTP using AI travel apps (Petri & Jacob, 2017). Lastly, 
using AI travel apps, the outcome stage determines customers’ behavior for WTA and WTP.

2.4.	Hypothesis analysis
Ødeskaug et al. (2023) describe happiness as a crucial benefit subdimension. Given the expectation that cus-
tomers' emotions will significantly influence their acceptance of AI services (Kuo & Wu, 2012), we propose 
the following hypotheses:

H1a1: Happiness has a positive impact on WTA AI travel apps.

H1a2: Happiness has a positive impact on PV.

H1a3: Happiness positively influences the WTP AI travel apps.

The conceptual framework for AI acceptance identifies anthropomorphism as a vital construct, as prior 
research indicates that human-like characteristics may influence consumers' perceptions of AI technology's 
approachability and friendliness (van Doorn et al., 2017). Consequently, we propose the hypotheses: 

H2a1: Anthropomorphism has a positive impact on WTA AI travel apps.

H2a2: Anthropomorphism has a positive impact on PV.

H2a3: Anthropomorphism positively influences the WTP AI travel apps.

Zak (2022) developed an immersion algorithm to predict actions, revealing the positive correlation between 
immersion and YouTube metrics explaining potential consumer engagement with advertisements. Immer-
sion occurs when consumers are physically or virtually encircled by the event (Sung et al., 2021). Given that 
customers' emotional states influence their intentions and behavior (Sung et al., 2021), we hypothesize:

H3a1: Immersion has a positive impact on WTA AI travel apps.

H3a2: Immersion has a positive impact on PV.

H3a3: Immersion positively influences the WTP AI travel apps.

Using AI apps requires effort, primarily based on perceived usefulness (Venkatesh et al., 2012; Lu, 2019). 
Consequently, when evaluating WTA AI travel apps and WTP using AI travel apps, customers should care 
about the skills needed before using them. Therefore, it is hypothesized that:
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H4a1: The effort has a positive impact on WTA AI travel apps.
H4a2: The effort has a positive impact on PV.
H4a3: Effort positively influences the WTP AI travel apps.

Consumers are more inclined to adhere to and trust a new technology product if they can use it without 
incident at first (Siau & Wang, 2018). Thereby, we hypothesize:

H5a1: Consumer trust has a positive impact on WTA AI travel apps.
H5a2: Consumer trust has a positive impact on PV.
H5a3: Consumer trust positively influences the WTP AI travel apps.

When it is difficult to understand and use a particular IT innovation, product complexity creates stress for 
the buyer; thus, it serves as an obstacle and has a detrimental effect on its acceptance. Wang et al. (2018) 
found a significant inverse correlation between technical complexity and value perception in the adoption of 
Global Positioning System apps. However, it is hypothesized that: 

H6a1: Complexity hurts WTA AI travel apps.
H6a2: Complexity harms PV.
H6a3: Complexity negatively influences the WTP AI travel apps.

Value also compares benefits with sacrifices, becoming an indicator of adoption and purchase intention. PV, which 
reflects a tradeoff of crucial give-and-get components, has emerged as one of the most significant indicators of 
virtual reality adoption (Vishwakarma et al., 2020). Several studies have established that PV significantly influ-
ences usage acceptance and purchase intention, positioning it as a desirable customer behavior (Rust et al., 2012). 
Prior studies examining the VAM have determined that perceived value (PV) is a significant predictor of new 
ICT acceptance behavior (Sohn & Kwon, 2020; Agarwal et al., 2023), resulting in the subsequent hypotheses:

H7a: 	Perceived value mediates the relationship between happiness and WTA AI travel apps.
H7b:	Perceived value mediates the relationship between anthropomorphism and WTA AI 

travel apps.
H7c: 	Perceived value mediates the relationship between immersion and WTA AI travel apps.
H7d: 	Perceived value mediates the relationship between effort and WTA AI travel apps.
H7e: 	Perceived value mediates the relationship between trust and WTA AI travel apps.
H7f: 	Perceived value mediates the relationship between complexity and WTA AI travel apps.
H8a: 	Perceived value mediates the relationship between happiness and WTP AI travel apps.
H8b: 	Perceived value mediates the relationship between anthropomorphism and WTP AI 

travel apps.
H8c: 	Perceived value mediates the relationship between immersion and WTP AI travel apps.
H8d:	Perceived value mediates the relationship between effort and WTP AI travel apps.
H8e:	 Perceived value mediates the relationship between trust and WTP AI travel apps.
H8f: Perceived value mediates the relationship between complexity and WTP AI travel apps.

Willingness to accept the use of AI apps refers to customers’ inner incentives to use AI apps in the future (Hu 
et al., 2021). Previous positive experiences may influence consumption-related behaviors (Watson & Spence, 
2007). Accordingly, the following hypothesis suggests:

H7: Perceived value has a positive impact on WTA AI travel apps.
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Individuals' readiness to invest in AI travel apps is essential for comprehending purchasing intentions. Miller's 
(2019) study emphasizes the necessity of transparency between consumers and AI system providers, as it can 
advantage consumers by bridging this information gap. Notably, there is a deficiency of research specifically 
investigating consumer WTP for AI apps. Drawing from these insights, we anticipate that consumers will 
exhibit interest in procuring AI apps, prompting us to propose the hypothesis:

H8: Perceived value has a positive impact on WTP AI travel apps.

3.	Methodology
3.1.	  Sampling
To reach an extensive number of tourists, we used a form of internet sampling, as recommended by Faisal (2017), 
and compensated participants using the Prolific platform. We received 498 responses, but only 373 underwent 
data analysis due to incomplete answers in the remaining responses. We collected these 373 responses from 
various locations across Europe, resulting in a response rate of 74.6 per cent. In these results, we used reflective 
latent measures (Mikulić & Ryan, 2018), demonstrating respondents' consensus on a five-point Likert scale.

The demographic findings show that educated, working-age individuals prefer AI travel apps, particularly 
those in Western and Northern Europe. The sample predominantly comprises females (56.5%), with most 
users aged between 31 and 40 (41.3%). Most users hold a bachelor's degree, with many also possessing a 
master's degree. All study participants employed AI travel apps, most allocating three hours or more to their 
usage. These insights can be pivotal for travel companies and app developers in understanding their target 
audience and tailoring their services accordingly.

3.2.	  Measurement instrument
The questionnaire derived items from previously validated studies to ensure reliability and validity. We redesigned 
all the items to align with the AI travel apps' settings. Specifically, we employed the scales from Van Boven and 
Gilovich (2003) to assess happiness, Lu et al.’s scales (2019) for anthropomorphism and effort expectancy, and 
Jennett et al.’s scale (2008) for perceived immersion. The trust scale developed by Gefen et al. (2003) was utilized, 
while the complexity scales from Davis (1989) and Li and Buhalis (2006) were employed. We assessed perceived 
value using the scales developed by Sirdeshmukh et al. (2002). We employed scales developed by Venkatesh et 
al. (2012), Lu et al. (2019), and Venkatesh et al. (2003) to assess the willingness to accept the utilization of AI 
travel applications. The Laroche et al. (2003) scale determined the desire to pay for AI travel applications. Before 
conducting the poll, we administered it to 44 users of travel AI apps using an online survey tool, Qualtrics. We 
asked four screening questions to determine whether the respondents used AI travel apps on their most recent 
trip. The researchers assured respondents that the questionnaire had no right or wrong answers and maintained 
strict adherence to confidentiality. After collecting data on demographics, education, location, and occupation, we 
concluded the final segment. This pilot study finalized the questionnaire structure for the primary data collection.

4.	Results 
4.1.	  Standard method bias and measurement model
We used SPSS Statistics 28.0 for this study's standard bias and demographic analysis method. Using IBM 
AMOS software version 28.0, we evaluated our measurement and structural model. We conducted Harman's 
single factor test to eliminate common method bias. The explanatory factor analysis revealed that no single 
factor explained most covariance between measures, indicating no standard method bias (Podsakoff et al., 
2003). A single factor could explain only 32.862% of the variance, less than 50%.
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The study's model indices have a good fit, as shown in Figure 1. We assessed the scales for reliability, con-
vergent validity (CV), and discriminant validity (DV) (Henseler et al., 2015) to ensure validity. We checked 
factor loadings, Cronbach's alpha, and composite reliability and extracted an average variance more significant 
than 0.5. The research met the standard criteria, which included ensuring DV and item reliability (Table 1). 

Figure 1
Measurement model of the AITRAM

Fit indexes
X2 = 511.048

DF = 459
X2/DF = 1.113

RMSEA = 0.017
SRMR = 0.0297

NFI = 0.927
IFI = 0.992

TLI = 0.991
CFI = 0.992
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Table 1
Alpha, composite reliability, and average variance values

Constructs Items Loadings Alpha CR AVE
Happiness HAP_1 0.753*** 0.828 0.827 0.615

HAP_2 0.790***
HAP_3 0.809***

Anthropomorphism ATP_1 0.764*** 0.875 0.875 0.637
ATP_2 0.781***
ATP_3 0.818***
ATP_4 0.828***

Perceived immersion PIM_1 0.754*** 0.859 0.859 0.604
PIM_2 0.772***
PIM_3 0.800***
PIM_4 0.783***

Effort expectancy EFT_1 0.784*** 0.832 0.832 0.623
EFT_2 0.835***
EFT_3 0.747***

Trust TST_1 0.823*** 0.898 0.898 0.638
TST_2 0.781***
TST_3 0.808***
TST_4 0.807***
TST_5 0.774***

Complexity CMP_1 0.718*** 0.789 0.790 0.557
CMP_2 0.795***
CMP_3 0.722***

Perceived value PV_1 0.810*** 0.830 0.831 0.621
PV_2 0.804***
PV_3 0.748***

Willingness to accept WTA_1 0.803*** 0.912 0.912 0.633
WTA_2 0.799***
WTA_3 0.808***
WTA_4 0.780***
WTA_5 0.792***
WTA_6 0.791***

Willingness to pay WTP_1 0.843*** 0.792 0.795 0.66
WTP_2 0.781***

*Indicates significant paths: *p<0.05, **p<0.01, ***p<0.001, NS = not significant

Our research confirms DV when the square root of each latent variable's AVE surpasses the correlation coefficient 
(Table 2). We also examined the Variance Inflation Factor (VIF) to detect multicollinearity in the regression 
analysis. Because the data were below the 5-point cutoff, multicollinearity was considered acceptable for the study.

Table 2
Discriminant validity analysis

Constructs 1 2 3 4 5 6 7 8 9
Happiness 0.784
Anthropomorphism 0.498 0.798
Immersion 0.488 0.489 0.777
Effort 0.489 0.523 0.448 0.789
Trust 0.451 0.484 0.463 0.506 0.799
Complexity -0.018 -0.018 -0.029 0.029 -0.019 0.746
Perceived value 0.510 0.479 0.524 0.473 0.475 0.009 0.788
Willingness to accept 0.475 0.486 0.47 0.468 0.459 -0.004 0.500 0.796
Willingness to pay 0.496 0.495 0.49 0.491 0.483 -0.047 0.570 0.501 0.813



333
Dimitra Skandali / Georgios Tsourvakas
Importance of Value in Artificial Intelligent Travel Application Acceptance Model
  Vol. 73/ No. 2/ 2025/ 326 - 339An International Interdisciplinary Journal

4.2.	  Assessment of structural model
The study used path coefficients and R-squared values to examine covariance-based structural equation model 
assumptions. The results show that endogenous components PV (0.508), WTA (0.450), and WTP (0.563) 
create moderate effects in the regression model (Hair et al., 2010).

The study used a statistical bootstrapping method with a 5000-sample size to test hypotheses (Henseler et al., 
2015). The study demonstrated that the desire for happiness (H1a1–H1a3) serves as a primary motivation 
for individuals to utilize AI technology, aligning with the findings of Venkatesh et al. (2012) (Table 3). The 
findings suggest that hypotheses H3a1-H3a3 directly enhance customers' adoption of AI travel apps and 
WTP, implying that tourists are more likely to commit successfully when they experience immersion. Claims 
H4a1–H4a3 assert that the effort required to use and learn about AI apps influences WTA and WTP (Heerink 
et al., 2010). This is supported by the fact that EFT was found to be β=0.124. The results also indicated that 
trust, which supports H5a1-H5a3, positively impacts WTA, PV, and WTP. This suggests that trust, akin to 
a psychological incentive to be in a committed relationship, significantly influences adoption. Testing H6a1-
H6a3 revealed that complexity has a negative and insignificant impact on WTA, PV, and WTP, as evidenced 
by the significant negative association between adopting new apps and their complexity (Rogers, 1995). The 
results showed that hypotheses H7 and H8—examining how people felt about using AI travel apps (Gursoy 
et al., 2019) and how likely they were to buy a subscription to use AI travel apps (Lazarus, 1991)—had a 
direct effect on WTA and WTP attitudes.

Table 3
Hypotheses testing direct effects

Hypothesis
Direct Std. Std. P
Relationships Beta Error Values

H1a1 HAP → WTA 0.138 0.043 **
H1a2 HAP →PV 0.228 0.042 ***
H1a3 HAP → WTP 0.127 0.039 **
H2a1 ATP →WTA 0.148 0.042 ***
H2a2 ATP → PV 0.116 0.043 **
H2a3 ATP → WTP 0.120 0.043 **
H3a1 PIM → WTA 0.124 0.057 *
H3a2 PIM → PV 0.265 0.037 ***
H3a3 PIM → WTP 0.110 0.040 **
H4a1 EFT  → WTA 0.124 0.039 **
H4a2 EFT → PV 0.131 0.052 **
H4a3 EFT → WTP 0.136 0.039 **
H5a1 TST → WTA 0.111 0.041 **
H5a2 TST → PV 0.146 0.041 ***
H5a3 TST → WTP 0.116 0.039 **
H6a1 CMP → WTA 0.001 0.026 NS
H6a2 CMP → PV 0.024 0.027 NS
H6a3 CMP → WTP -0.051 0.031 NS
H7 PV → WTA 0.196 0.044 ***
H8 PV → WTP 0.320 0.037 ***

*Indicates significant paths: *p<0.05, **p<0.01, ***p<0.001, NS = not significant

Table 4 presents the mediation hypotheses that support the results. The results showed that perceived value 
is the link between H7a and H7e. For instance, the hypotheses H7a –H7e were all supported, while H7f 
was not supported (β=0.005). 
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Table 4
Mediation testing

Hypothesis
Direct Std. Std. P
Relationships Beta Error Values

H7a HAP → PV → WTA 0.045 0.014 ***
H7b ATP → PV → WTA 0.023 0.010 **
H7c PIM → PV → WTA 0.052 0.016 ***
H7d EFT → PV → WTA 0.026 0.012 **
H7e TST → PV → WTA 0.029 0.008 ***
H7f CMP → PV → WTA 0.005 0.006 NS
H8a HAP → PV → WTP 0.073 0.017 ***
H8b ATP → PV → WTP 0.037 0.015 **
H8c PIM → PV → WTP 0.085 0.018 ***
H8d EFT → PV → WTP 0.042 0.017 **
H8e TST → PV → WTP 0.047 0.013 ***
H8f CMP → PV → WTP 0.008 0.011 NS

*Indicates significant paths: *p<0.05, **p<0.01, ***p<0.001, NS = not significant

These findings are reasonable because when consumers perceive value, they are more satisfied and willing to 
adopt and pay for those tested AI travel apps (Doss, 2015). The results also support hypotheses H8a-H8e, 
as PV mediates their relationship. The hypothesis that is not supported is H8f (β = 0.008). We can consider 
the perceived complexity of AI travel apps as a barrier to their value evaluation, which clarifies these nonsig-
nificant relationships. Figure 2 illustrates the structural model.

Figure 2
Graphical representation of AITRAM structural model
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5. Discussion  
The research investigated how beneficial and sacrificial factors in consumers' attitudes affect tourists' 
acceptance and purchase behavior for AI travel apps while on vacation. Using the proposed AITRAM 
conceptual model, we analyze traveler’s attitudes toward AI travel apps. We have identified PIM, HAP, 
and TST as the key factors influencing the acceptance of AI travel apps. These findings suggest that 
consumers only appreciate the value proposition of AI travel apps once they have experienced positive 
emotional experiences, like exhilaration and eagerness. The primary data analysis of the decision-making 
process revealed that beneficial human-technology interactions are crucial for successfully adopting AI 
travel apps.

Furthermore, the sacrifice and encounter components are relevant for the initial adoption and continued use 
of AI travel apps because they nurture confidence within users by interacting with the app. Complexity can 
inhibit users from developing the readiness to accept and adopt similar AI apps, as Jang et al.’s (2018) work 
has also demonstrated. The secondary data analysis shows that these apps' benefit and sacrifice aspects align 
with a value maximization view. Value mediation can change people's buying habits, affecting how well AI 
travel apps work.

The results demonstrate that travelers rely on AI travel applications to experience heightened sensations of 
happiness, adventure, and contentment while gaining various emotional and sensory benefits. The fact that 
feelings of dependability and immersion also serve as vital factors that 'push' visitors to use and purchase AI 
travel apps highlights the significance of collecting favorable sensations as a crucial component of the tourist 
experience. Additionally, empirical evidence of the acceptance of AI apps demonstrates the mediating role of 
perceived value, potentially boosting sales and contributing to business success.

6. Conclusion
By combining the strengths of VAM and AIDUA theory, the study reveals an innovative technique for under-
standing consumers' acceptance of AI apps. While AI travel app involvement and knowledge may not directly 
contribute to engagement, these attributes can still influence motivation, mediating customer satisfaction. 
The findings offer critical proof that AI travel apps significantly influence consumer preferences, increase 
consumption of tourist goods, and advance our understanding of tourist motivations.

6.1.	  Managerial implications
Practitioners in the tourism industry should be aware of the mediating role of perceived value orientation 
on tourism apps, emphasizing the significance of customer acceptance in implementing Technologies’ 4.0 
innovations. As a result, travel apps seeking to improve their customers' acceptance must carefully adopt an 
orientation to ensure that they create feelings of happiness, trust, and perceived immersion in their users. 
Therefore, we suggest that apps with human-like characteristics could reduce the effort required during 
use. Thus, hospitality services rely on interpersonal encounters to generate customer value and enhancing 
the client experience will necessitate the integration of technology inspiration into various service elements 
(Lu, 2019).

The research results also support studies that emphasize the importance of implementing AI in tourism 
marketing. This involves understanding customer emotions, defining manufacturing opportunities for AI, 
explaining and fulfilling consumer needs, fostering electronic word-of-mouth awareness, enhancing mer-
chandise achievements, utilizing AI in strategic marketing, monitoring and improving consumer loyalty and 
reliance, integrating AI into services, and transforming the consumer's entire experience, thereby advancing 
the field of marketing (Mustak et al., 2021).



336
Dimitra Skandali / Georgios Tsourvakas
Importance of Value in Artificial Intelligent Travel Application Acceptance Model
  Vol. 73/ No. 2/ 2025/ 326 - 339An International Interdisciplinary Journal

6.2.	  Limitations and directions for research
The existing research is subject to various restrictions. First, we evaluated the participation of foreign tourists 
using a standardized questionnaire. Future research may employ a mixed-methods strategy to avoid limiting 
tourists' freedom of expression. Second, we concentrated on all AI travel app users. Future research could 
focus on specific types of AI tourism apps. Thirdly, this study examined how happiness, anthropomorphism, 
immersion, effort, trust, complexity, and perceived value influence users' willingness to accept and pay for 
these apps. However, since the rise in popularity of AI travel apps increasingly offers opportunities for more 
research, the relationships investigated are by no means exhaustive. More research could provide specific 
knowledge on how traveler’s intentional behavior affects the resonance of digital marketing in hospitality and 
tourism companies and how to increase repurchase intentions and benefit from manifestations of personal-
ized AI app acceptance behavior. Further studies should assess this orientation and other essential marketing 
constructs, such as customer feedback, pleading, customer-to-customer suggestion, and permissiveness in 
non-pleasant experiences.
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